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ȺɡɢŬɟɘůŰɑŮɠ 

ũɟɎűɞɜŰŬɠ ŬɡŰɏɠ Űɘɠ ŰŮɚŮɡŰŬɑŮɠ ɔɟŬɛɛɏɠ Űɖɠ ŮɟɔŬůɑŬɠ ŬɡŰɐɠ ɜɘɩɗɤ Űɖɜ ŬɜɎɔəɖ ŬɟɢɘəɎ ɜŬ 

ŮɡɢŬɟɘůŰɐůɤ Űɞ ȹɟ. ɄɞɚɘŰɘəɧ ɀɖɢŬɜɘəɧ ȷɜŭɟɏŬ ȺɡůŰɟŬŰɘɎŭɖ, ɛɏɚɞɠ ȺȹȽɄ Űɖɠ ůɢɞɚɐɠ 

ɄɞɚɘŰɘəɩɜ ɀɖɢŬɜɘəɩɜ Ⱥ.ɀ.Ʉ. ɔɘŬ Űɖɜ ŮɛˊɘůŰɞůɨɜɖ ˊɞɡ ɛɞɡ ɏŭŮɘɝŮ ŬɜŬɗɏŰɞɜŰɎɠ ɛɞɡ ɏɜŬ 

ɘŭɘŬɑŰŮɟŬ ŮɜŭɘŬűɏɟɞɜ əŬɘ ůɡɜɎɛŬ ŬˊŬɘŰɖŰɘəɧ ɗɏɛŬ. ɉɤɟɑɠ Űɖɜ ˊɞɚɨŰɘɛɖ ɓɞɐɗŮɘŬ Űɞɡ əŬɘ Űɖ 

ůɡɜŮɢɐ Űɞɡ əŬɗɞŭɐɔɖůɖ ɖ ŮɟɔŬůɑŬ ŬɡŰɐ ŭŮɜ ɗŬ ɐŰŬɜ ɑŭɘŬ. Ɂɘɩɗɤ ɘŭɘŬɑŰŮɟŬ Ůɡɔɜɩɛɤɜ ůŰɞ űɑɚɞ 

ˊɚɏɞɜ ȷɜŭɟɏŬ ˊɞɡ ɛɞɡ ɢɎɟɘůŮ ŬˊɚɧɢŮɟŬ ɧɚɖ Űɖ ɔɜɩůɖ Űɞɡ ůŰɞ ɔɜɤůŰɘəɧ ŬɜŰɘəŮɑɛŮɜɞ Űɖɠ 

ɡŭɟɞɚɞɔɑŬɠ əŬɘ Űɤɜ ˊɚɖɛɛɡɟɩɜ ůŰŬ ɛɘəɟɎ ŮɜŰŬŰɘəɎ ɛŬɗɐɛŬŰŬ ˊɞɡ ɛɞɡ ˊɟɧůűŮɟŮ ůŰɞ ɔɟŬűŮɑɞ 

208. ɉɎɟɖ ůŰɖɜ ŬɜŮɝɎɜŰɚɖŰɖ ɡˊɞɛɞɜɐ Űɞɡ əŬɘ Űɖ ŭɘŬɟəɐ Űɞɡ ˊŬɟŬəɑɜɖůɖ ŬɜŰɘɛŮŰɩˊɘɕŬ Űɘɠ 

ɛɘəɟɏɠ ŬˊɞɔɞɖŰŮɨůŮɘɠ əŬɘ ŭɡůəɞɚɑŮɠ ůŰɖɜ ˊɞɟŮɑŬ ɛɞɡ ˊɟɞɠ Űɖɜ ɞɚɞəɚɐɟɤůɖ Űɖɠ ŮɟɔŬůɑŬɠ.  

ŪŬ ɐɗŮɚŬ ɜŬ ŮəűɟɎůɤ Űɖɜ Ůɡɔɜɤɛɞůɨɜɖ ɛɞɡ ůŰɞɜ ə. ȷ. Ⱦɞɡəɞɓɑɜɞ ȷɔɟɞɜɧɛɞ əŬɘ ɇɞˊɞɔɟɎűɞ 

ɀɖɢŬɜɘəɧ, ɔɘŬ Űɖ ůŰɐɟɘɝɖ əŬɘ Űɘɠ əŬɑɟɘŮɠ ůɡɛɓɞɡɚɏɠ Űɞɡ, ˊɞɡ ŬˊɞŭŮɑɢŰɖəŬɜ ɘŭɘŬɑŰŮɟŬ ɢɟɐůɘɛŮɠ 

ůŰɖ ˊɞɟŮɑŬ Űɖɠ ŮɟɔŬůɑŬɠ, əŬɗɩɠ əŬɘ ůŰɘɠ Ⱥ. ɆŬɓɓɑŭɞɡ, Ⱥ. ɀɘɢŬɖɚɑŭɖ əŬɘ Űɖɠ Ɇ. ȷɜŰɤɜɘɎŭɖ ˊɞɡ 

ůɡɜɏɓŬɚŬɜ ůŮ ɛŮɔɎɚɞ ɓŬɗɛɧ ɛŮ Űɘɠ ŮˊɘůŰɖɛɞɜɘəɏɠ Űɞɡɠ ŮɟɔŬůɑŮɠ  əŬɘ Űɖ ɓɞɐɗŮɘɎ Űɞɡɠ ůŰɖɜ 

ŮˊɘŰɡɢɐ ɞɚɞəɚɐɟɤůɖɠ ŬɡŰɐɠ Űɖɠ ŮɟɔŬůɑŬɠ.  

ȺɡɢŬɟɘůŰɩ ɘŭɘŬɑŰŮɟŬ Űɞɜ ȷɜŬˊɚɖŰɤŰɐ ȾŬɗɖɔɖŰɐ Ɂ. ɀŬɛɎůɖ Űɖɠ Ɇɢɞɚɐɠ ɄɞɚɘŰɘəɩɜ 

ɀɖɢŬɜɘəɩɜ Ⱥ.ɀ.Ʉ. əŬɘ Űɖɜ Ⱥˊɑəɞɡɟɖ ȾŬɗɖɔɐŰɟɘŬ ə. ȷɘəŬŰŮɟɑɜɖ ɁɎɜɞɡ, ɛɏɚɖ Űɖɠ ŰɟɘɛŮɚɞɨɠ 

ŮˊɘŰɟɞˊɐɠ ɔɘŬ Űɖɜ Űɘɠ ˊɞɚɨŰɘɛŮɠ ůɡɛɓɞɡɚɏɠ Űɞɡɠ. 

ɇɏɚɞɠ, ɗŬ ɐɗŮɚŬ ɜŬ ŮɡɢŬɟɘůŰɐůɤ Űɖɜ ɞɘəɞɔɏɜŮɘŬ ɛɞɡ ɔɘŬ Űɖɜ ŮɛˊɘůŰɞůɨɜɖ əŬɘ Űɖ ŭɘŬɟəɐ Űɞɡɠ 

əŬɗɞŭɐɔɖůɖ ɔɘŬ Űɖɜ ɞɚɞəɚɐɟɤůɖ Űɤɜ ɛŮŰŬˊŰɡɢɘŬəɩɜ ɛɞɡ ůˊɞɡŭɩɜ. ȽŭɘŬɑŰŮɟŬ ŮɡɢŬɟɘůŰɩ Űɞɜ 

ŬŭŮɚűɧ ɛɞɡ, ˊɞɡ Ŭɜ əŬɘ 2000 ɢɘɚɘɧɛŮŰɟŬ ɛŬəɟɘɎ , ɐŰŬɜ ˊɎɜŰŬ Űɞ ůŰɐɟɘɔɛɎ ɛɞɡ ůŰɘɠ ŭɨůəɞɚŮɠ 

ůŰɘɔɛɏɠ. ȰɜŬ ŮɡɢŬɟɘůŰɩ ɞűŮɑɚɤ ůŰɞɡɠ űɑɚɞɡɠ ɛɞɡ ɔɘŬ Űɖ ŭɨɜŬɛɖ ˊɞɡ ɛɞɡ ɏŭɘɜŬɜ əɎɗŮ űɞɟɎ 

ˊɞɡ ŬˊɞɔɞɖŰŮɡɧɛɞɡɜ. ɇɏɚɞɠ, ŭŮɜ ɗŬ ɛˊɞɟɞɨůŬ ɜŬ ˊŬɟŬɚŮɑɣɤ ɜŬ ŮɡɢŬɟɘůŰɐůɤ Űɞɜ ɡˊɞɣɐűɘɞ 

ŭɘŭɎəŰɞɟŬ ȹɘɞɜɨůɖ Ɂɘəɞɚɧˊɞɡɚɞ ɢɤɟɑɠ Űɞɜ ɞˊɞɑɞ ɖ ɞɚɞəɚɐɟɤůɖ Űɖɠ ŮɟɔŬůɑŬɠ ŬɡŰɐɠ ŭŮɜ ɗŬ 

ɐŰŬɜ ŮűɘəŰɐ. ȼ ŬˊŮɟɘɧɟɘůŰɖ ɓɞɐɗŮɘŬ əŬɘ ɡˊɞůŰɐɟɘɝɖ ́ ɞɡ ɛɞɡ ɏŭɘɜŮ ůŮ əɎɗŮ ɓɐɛŬ ŮɑɜŬɘ ŬŭɨɜŬŰɞ 

ɜŬ ˊŮɟɘɔɟɎűɞɡɜ ůŮ ɚɑɔŮɠ ɔɟŬɛɛɏɠ. 

 

 

  
ȾɤɜůŰŬɜŰɑɜŬ ɅɑůɓŬ, 

Ɂɞɏɛɓɟɘɞɠ 2018 
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Abstract 

The aim of this study is the development of an event-based distributed hydrological model, 

incorporating novel methodologies for estimating the effective rainfall and representing the 

routing processes. First, we distinguish the effective from the gross rainfall, at a cell basis, thus 

extracting the spatial distribution of surface runoff during the simulation period. The underlying 

model is based on an improved NRCS-CN scheme, which uses a spatially-varying CN (different 

for each cell) and two lumped dimensionless parameters, i.e. one for representing the antecedent 

soil moisture conditions (AMC) of the basin at the beginning of the storm event, and one for 

estimating the initial rainfall abstraction. Key modelling novelty is the adjustment of the so-

called reference CN value (i.e. the value that refers to average soil moisture conditions and 20% 

abstraction ratio) against the two aforementioned lumped parameters. For the propagation of 

runoff to the basin outlet two flow types are considered, i.e. an overland flow across the 

catchmentôs terrain, and a channel flow along the river network. These are synthesized by 

employing a velocity-based approach, to determine the flood hydrograph. This approach 

implements an original methodology for assigning realistic velocity values along the river 

network. These use macroscopic hydraulic information as well as the time of concentration of 

the basin, which is considered function of runoff intensity. The proposed approach takes 

advantage of regional relationships and literature values for assigning appropriate values to all 

model attributes, except for the two lumped parameters of the rainfall-runoff transformation, 

which are either manually assigned or inferred through calibration. In the last case, it is essential 

to extract the sub-surface flow component (interflow) from the total hydrograph, which may be 

done through several approaches of varying complexity. Here we propose an empirical method, 

requiring the fitting of a lumped hydrological model the observed hydrograph, which explicitly 

accounts for the contribution of interflow to total runoff. An alternative, more integrated 

approach, aims at running the distributed model with additional functionalities, in order to 

obtain the full hydrograph at the basin outlet. In this context, we have also developed a more 

generic version of the modeling framework, in which the NRCS-CN procedure is combined 

with a continuous soil moisture accounting scheme, thus generating both the surface (overland) 

runoff as well as the interflow through the unsaturated zone. Apparently, this augmented 

version requires few additional parameters, since more processes are accounted for within the 

simulation procedure. For the schematization of the model domain, the user needs to formulate 

two spatial layers, i.e. a grid-based partition of the basin to equally-dimensioned (squared) cells, 

and a graph- based configuration of the hydrographic network, comprising junctions and 

interconnected river segments. In the context of model development, we used the high-level 

programming language, Python, to build a GUI interface, for data management and 

visualization, and to run simulations and optimizations. The two modeling versions and the 

software are successfully tested in the representation of two flood events across Nedontas river 

basin. 

Keywords: rainfall-runoff modelling, Python & hydrology, improved NRCS-CN method, 

runoff intensity-dependent channel velocities, distributed event-based model 
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ȺəŰŮɜɐɠ ˊŮɟɑɚɖɣɖ 

ȷɜɎˊŰɡɝɖ əŬŰŬɜŮɛɖɛɏɜɞɡ ɡŭɟɞɚɞɔɘəɞɨ ɚɞɔɘůɛɘəɞɨ ɛŮ ŮűŬɟɛɞɔɐ əŬɘɜɞŰɧɛɤɜ 

əɘɜɖɛŬŰɘəɩɜ ŰŮɢɜɘəɩɜ 

ȺɘůŬɔɤɔɐ 

ɇŬ ɛɞɜŰɏɚŬ ɓɟɞɢɐɠ ï Ŭˊɞɟɟɞɐɠ, ˊɟɞůˊŬɗɞɨɜ ɜŬ ˊɟɞůɞɛɞɘɩůɞɡɜ ɛɑŬ Ŭˊɧ Űɘɠ ˊɘɞ ˊŮɟɑˊɚɞəŮɠ 

űɡůɘəɏɠ ŭɘŮɟɔŬůɑŮɠ, ŬɡŰɐ Űɖɠ ɛŮŰŬŰɟɞˊɐɠ Űɖɠ ŮˊɘűŬɜŮɘŬəɐɠ ɓɟɞɢɐɠ ůŮ ɡŭɟɞɔɟɎűɖɛŬ 

Ŭˊɞɟɟɞɐɠ. ȳˊɤɠ ɧɚŬ ŰŬ ɛɞɜŰɏɚŬ, ŬˊɞŰŮɚɞɨɜ ɛɑŬ Ŭˊɚɞˊɞɘɖɛɏɜɖ ŬɜŬˊŬɟɎůŰŬůɖ Űɖɠ 

ˊɟŬɔɛŬŰɘəɧŰɖŰŬɠ. ɆŰɖ ɓɘɓɚɘɞɔɟŬűɑŬ ůɡɜŬɜŰɩɜŰŬɘ ˊɞɘəɑɚŬ ɛɞɜŰɏɚŬ, ŰŬ ɞˊɞɑŬ ɛˊɞɟɞɨɜ 

ůɡɜɞˊŰɘəɎ ɜŬ əŬŰɖɔɞɟɘɞˊɞɘɖɗɞɨɜ ŬɜɎɛŮůŬ ůŮ: 

Á ȷŭɘŬɛɏɟɘůŰŬ əŬɘ əŬŰŬɜŮɛɖɛɏɜŬ: ɇŬ ŬŭɘŬɛɏɟɘůŰŬ ŬɜŰɘɛŮŰɤˊɑɕɞɡɜ ɧɚɖ Űɖ ɚŮəɎɜɖ ůŬɜ 

ɛɑŬ ŮɜɧŰɖŰŬ ɛŮ əɞɘɜɏɠ űɞɟŰɑůŮɘɠ əŬɘ əɞɘɜɏɠ ˊŬɟŬɛɏŰɟɞɡɠ ɔɘŬ ɧɚɖ Űɖɜ ɏəŰŬůɖ Ůɜɩ ŰŬ 

əŬŰŬɜŮɛɖɛɏɜŬ ŮˊɘɢŮɘɟɞɨɜ Űɖ əŬŰɎŰɛɖůɖ ůŮ ˊɞɚɚɏɠ ɛɘəɟɧŰŮɟŮɠ ɢɤɟɘəɏɠ ŮɜɧŰɖŰŮɠ ɛŮ 

ŭɘŬűɞɟŮŰɘəɐ ůɡɛˊŮɟɘűɞɟɎ. 

Á Event-based (Ⱥɜɧɠ ŮˊŮɘůɞŭɑɞɡ) əŬɘ ůɡɜŮɢɧɛŮɜŬ ɛɞɜŰɏɚŬ: ɇŬ ˊɟɩŰŬ Ŭűɞɟɞɨɜ ɛɑŬ 

ůɡɔəŮəɟɘɛɏɜɖ ɢɟɞɜɘəɐ ˊŮɟɑɞŭɞ, ˊɟɞəŮɘɛɏɜɞɡ ɜŬ ˊŬɟɞɡůɘŬůŰŮɑ ɖ Ŭˊɧəɟɘůɖ Űɖɠ ɚŮəɎɜɖɠ 

Ŭˊɞɟɟɞɐɠ ůŰɞ ůɡɔəŮəɟɘɛɏɜɞ ɔŮɔɞɜɧɠ ɓɟɞɢɐɠ. ȷɜŰɘɗɏŰɤɠ, ŰŬ ůɡɜŮɢɧɛŮɜŬ ɛɞɜŰɏɚŬ 

ˊɟɞůɞɛɞɘɩɜɞɡɜ ɛŮɔɎɚŮɠ ɢɟɞɜɘəɏɠ ˊŮɟɘɧŭɞɡɠ, ˊɞɡ ˊŮɟɘɚŬɛɓɎɜɞɡɜ ɔŮɔɞɜɧŰŬ 

ɓɟɞɢɧˊŰɤůɖɠ əŬɘ ɛɖ, əŬɗɩɠ əŬɘ ɛŮŰŬɓŬɚɚɧɛŮɜŮɠ ůɡɜɗɐəŮɠ əŬŰɎ Űɖ ŭɘɎɟəŮɘŬ Űɖɠ 

ˊɟɞůɞɛɞɑɤůɖɠ. Ɇɡɜɐɗɤɠ, ŰŬ event-based ɛɞɜŰɏɚŬ ˊŬɟɞɡůɘɎɕɞɡɜ ŮɡŬɘůɗɖůɑŬ ɤɠ ˊɟɞɠ 

Űɘɠ Ŭɟɢɘəɏɠ ůɡɜɗɐəŮɠ, ɔŮɔɞɜɧɠ ˊɞɡ ŬˊŬɘŰŮɑ ɘŭɘŬɑŰŮɟɖ ˊɟɞůɞɢɐ Ŭˊɧ Űɞ ɢɟɐůŰɖ əŬŰɎ Űɞɜ 

əŬɗɞɟɘůɛɧ Űɞɡɠ. 

Á ɀɞɜŰɏɚŬ űɡůɘəɐɠ ɓɎůɖɠ (Ɏůˊɟɞɡ əɞɡŰɘɞɨ - white-box), ŮɛˊŮɘɟɘəɎ (ɛŬɨɟɞɡ əɞɡŰɘɞɨ - 

black-box) and ŮɜɜɞɘɞɚɞɔɘəɎ ɛɞɜŰɏɚŬ.  ɇŬ ˊɟɩŰŬ ɓŬůɑɕɞɜŰŬɘ ůŰɖ ɢɤɟɘəɐ əŬŰŬɜɞɛɐ Űɤɜ 

ˊŬɟŬɛɏŰɟɤɜ əŬɘ ˊŮɟɘɔɟɎűɞɡɜ ŰŬ űɡůɘəɎ ɢŬɟŬəŰɖɟɘůŰɘəɎ. ɋůŰɧůɞ, ůɡɜɐɗɤɠ ˊɟɧəŮɘŰŬɘ 

ɔɘŬ ˊŮɟɑˊɚɞəŬ ɛɞɜŰɏɚŬ. ȳůɞɜ ŬűɞɟɎ ŰŬ ŮɛˊŮɘɟɘəɎ ɛɞɜŰɏɚŬ, ŬɡŰɎ ɛˊɞɟɞɨɜ ɜŬ 

ˊɟɞɓɚɏˊɞɡɜ ɛŮ ŬəɟɑɓŮɘŬ, ɧɛɤɠ ŭŮɜ ɛˊɞɟɞɨɜ ɜŬ ŮűŬɟɛɞůŰɞɨɜ ůŮ ŭɘŬűɞɟŮŰɘəɐ ɚŮəɎɜɖ. 

ɇɏɚɞɠ ŰŬ ŮɜɜɞɘɞɚɞɔɘəɎ ɛɞɜŰɏɚŬ ŮɑɜŬɘ ˊŬɟŬɛŮŰɟɘəɎ, ɓŬůɑɕɞɜŰŬɘ ůŮ ɖɛɘ ï ŮɛˊŮɘɟɘəɏɠ 

ůɢɏůŮɘɠ. 

Á  ɁŰŮŰŮɟɛɘɜɘůŰɘəɎ əŬɘ ůŰɞɢŬůŰɘəɎ ɛɞɜŰɏɚŬ: ɇŬ ɜŰŮŰŮɟɛɘɜɘůŰɘəɎ ɛɞɜŰɏɚŬ ŭɖɛɘɞɡɟɔɞɨɜ 

Űɞ ɑŭɘɞ ŬˊɞŰɏɚŮůɛŬ ůŮ əɎɗŮ Űɟɏɝɘɛɞ Űɞɡ ɛɞɜŰɏɚɞɡ ɔɘŬ ŭŮŭɞɛɏɜŮɠ Űɘɛɏɠ ˊŬɟŬɛɏŰɟɤɜ. 

ȷɜŰɘɗɏŰɤɠ, ŰŬ ůŰɞɢŬůŰɘəɎ, ŬɝɘɞˊɞɘɩɜŰŬɠ ˊɘɗŬɜɞŰɘəɏɠ əŬŰŬɜɞɛɏɠ, ˊŬɟɏɢɞɡɜ 

ŭɘŬűɞɟŮŰɘəɎ ŬˊɞŰŮɚɏůɛŬŰŬ ŬɜɎɚɞɔŬ ɛŮ Űɘɠ ˊŬɟŬɛɏŰɟɞɡɠ ˊɞɡ ɏɢɞɡɜ ɢɟɖůɘɛɞˊɞɘɖɗŮɑ. 

ɀŮɗɞŭɞɚɞɔɘəɐ ˊɟɞůɏɔɔɘůɖ 

ɆŰɖɜ ˊŬɟɞɨůŬ ŮɟɔŬůɑŬ ŬɜŬˊŰɨůůŮŰŬɘ ɏɜŬ ɛɞɜŰɏɚɞ ɓɟɞɢɐɠ ï Ŭˊɞɟɟɞɐɠ ˊɟɞůɞɛɞɑɤůɖɠ Ůɜɧɠ 

ɛŮɛɞɜɤɛɏɜɞɡ ŮˊŮɘůɞŭɑɞɡ (event-based), ɢɟɖůɘɛɞˊɞɘɩɜŰŬɠ əɡɟɑɤɠ ɛɑŬ əŬŰŬɜŮɛɖɛɏɜɖ 

(distributed) ˊɟɞůɏɔɔɔɘůɖ ŬɝɘɞˊɞɘɩɜŰŬɠ ˊŬɟɎɚɚɖɚŬ əŬɘ ŬŭɘŬɛɏɟɘůŰŮɠ  ˊŬɟŬɛɏŰɟɞɡɠ ɔɘŬ 

əɎˊɞɘŮɠ ŭɘŬŭɘəŬůɑŮɠ, əŬɗɩɠ əŬɘ ŭɘɎűɞɟŮɠ ŰŮɢɜɘəɏɠ ɔɘŬ Űɖɜ ŬɜŬˊŬɟɎůŰŬůɖ Űɤɜ ŭɘŮɟɔŬůɘɩɜ, 

Űɧůɞ Ůɜɜɞɘɞɚɞɔɘəɏɠ ɧůɞ əŬɘ űɡůɘəɐɠ ɓɎůɖɠ. 

ɋɠ ˊɟɤŰŬɟɢɘəɧ ůŰɎŭɘɞ, ɔɑɜŮŰŬɘ ŭɘŬɢɤɟɘůɛɧɠ Űɖɠ ŮɜŮɟɔɞɨ ɓɟɞɢɧˊŰɤůɖɠ, ůŮ ŮˊɑˊŮŭɞɡ əŮɚɘɞɨ, 

ŮɝɎɔɞɜŰŬɠ əŬŰɎ ŬɡŰɧɜ Űɞɜ Űɟɧˊɞ Űɖ ɢɤɟɘəɐ əŬŰŬɜɞɛɐ Űɖɠ ŮˊɘűŬɜŮɘŬəɐɠ Ŭˊɞɟɟɞɐɠ ůŰɖɜ 

ŮɝŮŰŬɕɧɛŮɜɖ ˊŮɟɑɞŭɞ ˊɟɞůɞɛɞɑɤůɖɠ. ɇɞ ˊɟɞŰŮɘɜɧɛŮɜɞ ɛɞɜŰɏɚɞ ɓŬůɑɕŮŰŬɘ ůŮ ɛɑŬ ɓŮɚŰɘɤɛɏɜɖ 

Ůəŭɞɢɐ Űɖɠ NRCS-CN ɛŮɗɧŭɞɡ, ɢɟɖůɘɛɞˊɞɘɩɜŰŬɠ ɛɑŬ Űɘɛɐ ŬɜŬűɞɟɎɠ CN ɖ ɞˊɞɑŬ ŮɑɜŬɘ 

ŭɘŬűɞɟŮŰɘəɐ ɔɘŬ əɎɗŮ əŮɚɑ əŬɘ ŭɨɞ ŬŭɘɎůŰŬŰŮɠ ˊŬɟŬɛɏŰɟɞɡɠ, əɞɘɜɏɠ ɔɘŬ ɞɚɧəɚɖɟɖ Űɖ ɚŮəɎɜɖ. 



iv 

Ʉɘɞ ůɡɔəŮəɟɘɛɏɜŬ, ɖ ɛɑŬ ŬɜŰɘˊɟɞůɤˊŮɨŮɘ Űɘɠ ůɡɜɗɐəŮɠ ɡɔɟŬůɑŬɠ Űɞɡ ŮŭɎűɞɡɠ əŬŰɎ Űɖɜ ɏɜŬɟɝɖ 

Űɞɡ ɔŮɔɞɜɧŰɞɠ əŬɘ ɖ ŭŮɨŰŮɟɖ Űɖɜ Ŭɟɢɘəɐ əŬŰŬəɟɎŰɖůɖ Űɞɡ ŮŭɎűɞɡɠ. ȼ ˊɟɞŰŮɘɜɧɛŮɜɖ 

ɛŮɗɞŭɞɚɞɔɑŬ ɏɢŮɘ ˊɞɚɚɏɠ əŬɘɜɞŰɞɛɑŮɠ ůɢŮŰɘəɎ ɛŮ Űɖɜ ŮəŰɑɛɖůɖ Űɖɠ Űɘɛɐ ŬɜŬűɞɟɎɠ CN Ŭˊɧ 

ɔŮɤɢɤɟɘəɎ ŭŮŭɞɛɏɜŬ əŬɘ Űɖɜ ŬɜŬ́ɟɞůŬɟɛɞɔɐ Űɖɠ ɛɏɔɘůŰɖɠ ŭɡɜɖŰɘəɐɠ əŬŰŬəɟɎŰɖůɖɠ ůŮ ůɢɏůɖ 

ɛŮ Űɘɠ ŭɨɞ ˊŬɟŬɛɏŰɟɞɡɠ Űɞɡ ɛɞɜŰɏɚɞɡ. 

ɄɟɞəŮɘɛɏɜɞɡ ɜŬ ŮəŰɘɛɖɗŮɑ ɖ Ŭˊɞɟɟɞɐ ůŰɖɜ ɏɝɞŭɞ Űɖɠ ɚŮəɎɜɖɠ Ŭˊɞɟɟɞɐɠ ŭɘŬɢɤɟɑɕɞɜŰŬɘ ŭɨɞ 

ɓŬůɘəɞɑ Űɨˊɞɘ ɟɞɐɠ: ɖ ŮˊɘűŬɜŮɘŬəɐ ůŰɖɜ ŮˊɘűɎɜŮɘŬ Űɖɠ ɚŮəɎɜɖɠ əŬɘ ɖ ɟɞɐ ůŰɞ ɡŭɟɞɔɟŬűɘəɧ 

ŭɑəŰɡɞ. ȷɝɘɞˊɞɘɩɜŰŬɠ ɛɑŬ ɜɏŬ ˊɟɞůɏɔɔɘůɖ ɓŬůɘɕɧɛŮɜɖ ůŰɖɜ ŮəŰɑɛɖůɖ Űɤɜ ŰŬɢɡŰɐŰɤɜ ůŮ əɎɗŮ 

əŮɚɑ (velocity-based approach) əŬɘ ůɡɜŭɡɎɕɞɜŰŬɠ Űɞɡɠ ŭɨɞ Űɨˊɞɡɠ ɟɞɐɠ ůɡɜɗɏŰŮŰŬɘ Űɞ 

ˊɚɖɛɛɡɟɞɔɟɎűɖɛŬ ůŰɖɜ ɏɝɞŭɞ Űɖɠ ɚŮəɎɜɖɠ. ɆŰɖɜ ˊŬɟɞɨůŬ ́ ɟɞůɏɔɔɘůɖ ůŰŬ əŮɚɘɎ ˊɞɡ Ŭɜɐəɞɡɜ 

ůŰɞ ɡŭɟɞɚɞɔɘəɧ ŭɑəŰɡɞ Űɖɠ ˊŮɟɘɞɢɐɠ ɔɑɜŮŰŬɘ ɛɑŬ ɣŮɡŭɞ-ɡŭɟŬɡɚɘəɐ ŮəŰɑɛɖůɖ ɖ ɞˊɞɑŬ ůŮ 

ŬɜŰɑɗŮůɖ ɛŮ Űɘɠ ɏɤɠ ŰɩɟŬ ˊɟɞůŮɔɔɑůŮɘɠ, ŭɘɞɟɗɩɜŮɘ Űɖɜ ŮəŰɘɛɩɛŮɜɖ ŰŬɢɨŰɖŰŬ ˊɞɡ ˊɟɞəɨˊŰŮɘ 

Ŭˊɧ Űɞ ɢɟɧɜɞ ůɡɔəɏɜŰɟɤůɖɠ Űɖɠ ɚŮəɎɜɖɠ ůŮ əɎɗŮ əɚɎŭɞ Űɞɡ ŭɘəŰɨɞɡ, ŬɜɎɚɞɔŬ ŰŬ űɡůɘəɎ 

ɢŬɟŬəŰɖɟɘůŰɘəɎ Űɞɡ əɚɎŭɞɡ (əɚɑůɖ, ŰɟŬɢɨŰɖŰŬ). ɀŮ ŬɡŰɧ Űɞɜ Űɟɧˊɞ ŭɑɜɞɜŰŬɘ ɟŮŬɚɘůŰɘəɏɠ Űɘɛɏɠ 

ŰŬɢɨŰɖŰŬɠ ůŰŬ ŰɛɐɛŬŰŬ Űɞɡ ɡŭɟɞɔɟŬűɘəɞɨ ŭɘəŰɨɞɡ ˊɞɡ ŭɘŬűɏɟɞɡɜ ɢɤɟɘəɎ. ȷəɧɛɖ, ɔɑɜŮŰŬɘ  

ŭɘɧɟɗɤůɖ Űɖɠ ŰŬɢɨŰɖŰŬɠ ɚɧɔɤ ɢɟɞɜɘəɐɠ ɛŮŰŬɓɚɖŰɧŰɖŰŬɠ ɛŮ ɓɎůɖ Űɖɜ ɏɜŰŬůɖ Ŭˊɞɟɟɞɐɠ Űɞɡ 

ŮˊŮɘůɞŭɑɞɡ, Ŭűɞɨ ɚŬɛɓɎɜŮŰŬɘ ŮˊɘˊɟɧůɗŮŰŬ ɡˊɧɣɖ ɖ ůɨɔɢɟɞɜɖ ɓɘɓɚɘɞɔɟŬűɑŬ ˊɞɡ ɡˊɞŭŮɘəɜɨŮɘ 

ɧŰɘ ɞ ɢɟɧɜɞɠ ůɡɔəɏɜŰɟɤůɖɠ ɛɑŬɠ ɚŮəɎɜɖɠ Ŭˊɞɟɟɞɐɠ ŭŮɜ ŮɑɜŬɘ ɏɜŬ ůŰŬɗŮɟɧ ɛɏɔŮɗɞɠ, ŬɚɚɎ 

ɛŮŰŬɓŬɚɚɧɛŮɜɞ ŬɜɎɚɞɔŬ ɛŮ Űɖɜ ɏɜŰŬůɖ Űɖɠ Ŭˊɞɟɟɞɐɠ əŬɘ ŭɑɜɞɜŰŬɘ ˊɟɞůŮɔɔɘůŰɘəɏɠ ůɢɏůŮɘɠ. 

ȼ ˊɟɞŰŮɘɜɧɛŮɜɖ ɛŮɗɞŭɞɚɞɔɑŬ, ŬɝɘɞˊɞɘɩɜŰŬɠ Űɘɠ ɢɤɟɘəɏɠ ůɢɏůŮɘɠ əŬɗɩɠ əŬɘ Űɘɠ ɓɘɓɚɘɞɔɟŬűɘəɏɠ 

Űɘɛɏɠ ɗɏŰŮɘ əŬŰɎɚɚɖɚŮɠ Űɘɛɏɠ ůŮ ɧɚŬ ŰŬ ɢŬɟŬəŰɖɟɘůŰɘəɎ ɛŮɔɏɗɖ Űɞɡ ɛɞɜŰɏɚɞɡ, ŮəŰɧɠ Ŭˊɧ Űɘɠ 

ŭɨɞ əɞɘɜɏɠ ˊŬɟŬɛɏŰɟɞɡɠ ˊɞɡ Ŭűɞɟɞɨɜ ɧɚɖ Űɖ ɚŮəɎɜɖ. Ƀɘ ŰŮɚŮɡŰŬɑŮɠ, ŮɑŰŮ ɞɟɑɕɞɜŰŬɘ ɛŮ 

ŮəŰɑɛɖůɖ Űɞɡ ɛŮɚŮŰɖŰɐ, ŮɑŰŮ ˊɟɞəɨˊŰɞɡɜ ɛɏůɤ ɓŬɗɛɞɜɧɛɖůɖɠ ŭŮŭɞɛɏɜɞɡ ɧŰɘ ɡˊɎɟɢɞɡɜ 

ŭɘŬɗɏůɘɛŬ ŭŮŭɞɛɏɜŬ ˊŬɟŬŰɖɟɖɛɏɜɖɠ Ŭˊɞɟɟɞɐɠ. ɆŰɖɜ ˊŮɟɑˊŰɤůɖ ˊɞɡ ɞɘ ˊŬɟɎɛŮŰɟɞɘ 

ŮəŰɘɛɞɨɜŰŬɘ ɛɏůɤ ɓŬɗɛɞɜɧɛɖůɖɠ, ŮɑɜŬɘ ŬˊŬɟŬɑŰɖŰɞɠ ɞ ŭɘŬɢɤɟɘůɛɧɠ Űɖɠ ɡˊɞŭŮɟɛɘəɐɠ ɟɞɐɠ Ŭˊɧ 

Űɞ ůɡɜɞɚɘəɧ ɡŭɟɞɔɟɎűɖɛŬ. ɆŰɖ ɓɘɓɚɘɞɔɟŬűɑŬ ůɡɜŬɜŰɩɜŰŬɘ ˊɞɘəɑɚŮɠ ŭɘŬŭɘəŬůɑŮɠ ŭɘŬɢɤɟɘůɛɞɨ 

ŭɘŬűɞɟŮŰɘəɐɠ ́ ɞɚɡˊɚɞəɧŰɖŰŬɠ. ɆŰɞ ́ ɚŬɑůɘɞ Űɖɠ ́ ŬɟɞɨůŬɠ ŮɟɔŬůɑŬɠ ́ ɟɞŰŮɑɜŮŰŬɘ ɛɑŬ ŮɛˊŮɘɟɘəɐ 

ɛɏɗɞŭɞɠ, ˊɞɡ ŬˊŬɘŰŮɑ Űɖɜ ˊɟɞůŬɟɛɞɔɐ Ůɜɧɠ ŬŭɘŬɛɏɟɘůŰɞɡ ɡŭɟɞɚɞɔɘəɞɨ ɛɞɜŰɏɚɞɡ ůŰɞ 

ˊŬɟŬŰɖɟɖɛɏɜɞ ɡŭɟɞɔɟɎűɖɛŬ, ɩůŰŮ ɜŬ ŮəŰɘɛɖɗŮɑ ɖ ůɡɛɓɞɚɐ Űɖɠ ɓŬůɘəɐɠ ɟɞɐɠ ůŰɞ ůɡɜɞɚɘəɧ 

ɡŭɟɞɔɟɎűɖɛŬ əŬɘ ɜŬ ŬűŬɘɟŮɗŮɑ.  

ȺˊɘˊɟɧůɗŮŰŬ ɧɛɤɠ, ŭɖɛɘɞɡɟɔŮɑŰŬɘ əŬɘ ɏɜŬ ŭŮɨŰŮɟɞ əŬŰŬɜŮɛɖɛɏɜɞ ɛɞɜŰɏɚɞ, Űɞ ɞˊɞɑɞ 

ˊɟɞůɞɛɞɘɩɜŮɘ əŬɘ Űɖɜ ɡˊɞŭŮɟɛɘəɐ ɟɞɐ ɛɏůɤ Ůɜɧɠ ɛɞɜŰɏɚɞɡ ɔɟŬɛɛɘəɞɨ ŰŬɛɘŮɡŰɐɟŬ ůŮ əɎɗŮ 

əŮɚɑ ɔɘŬ Űɖɜ ŮɝŬɔɤɔɐ Űɞɡ ɞɚɘəɞɨ ɡŭɟɞɔɟŬűɐɛŬŰɞɠ ůŰɖɜ ɏɝɞŭɞ Űɖɠ ɚŮəɎɜɖɠ. ȷɜŬˊŰɨɢɗɖəŮ əŬŰɎ 

ŬɡŰɧɜ Űɞɜ Űɟɧˊɞ ɛɑŬ ˊɘɞ ɔŮɜɘəŮɡɛɏɜɖ Ůəŭɞɢɐ Űɞɡ ɛɞɜŰɏɚɞɡ, ůŰɖɜ ɞˊɞɑŬ ɖ NRCS-CN 

ŭɘŬŭɘəŬůɑŬ ůɡɜŭɡɎɕŮŰŬɘ ɛŮ Űɖɜ ˊɟɞůɞɛɞɑɤůɖ Űɖɠ ɛŮŰŬɓɞɚɐɠ Űɖɠ ɡɔɟŬůɑŬ Űɞɡ ŮŭɎűɞɡɠ ůŰɞ 

ɢɟɧɜɞ, ŭɖɛɘɞɡɟɔɩɜŰŬɠ Űɖɜ ŮˊɘűŬɜŮɘŬəɐ ŬɚɚɎ əŬɘ Űɖɜ ɡˊɞŭŮɟɛɘəɐ Ŭˊɞɟɟɞɐ. ȳˊɤɠ ŮɑɜŬɘ 

ŬɜŬɛŮɜɧɛŮɜɞ ŬɡŰɧ Űɞ ˊɘɞ ɞɚɞəɚɖɟɤɛɏɜɞ ɛɞɜŰɏɚɞ (ůɡɜɞɚɘəɧ ɛɞɜŰɏɚɞ) ɏɢŮɘ ˊŮɟɘůůɧŰŮɟŮɠ 

ŬˊŬɘŰɐůŮɘɠ ˊŬɟŬɛɏŰɟɤɜ, ɚɧɔɤ Űɤɜ ˊŮɟɘůůɧŰŮɟɤɜ ŭɘŮɟɔŬůɘɩɜ. 

ɄɟɞəŮɘɛɏɜɞɡ ɜŬ ůɢɖɛŬŰɞˊɞɘɖɗŮɑ Űɞ ɛɞɜŰɏɚɞ, ŬˊŬɘŰɞɨɜŰŬɘ ŬɟɢɘəɎ ɖ ɚŮəɎɜɖ Ŭˊɞɟɟɞɐɠ əŬɘ Űɞ 

ɡŭɟɞɔɟŬűɘəɧ ŭɑəŰɡɞ ůŮ ŮˊɑˊŮŭɞ əŮɚɘɞɨ. ɇŬ ŭɨɞ ŬɡŰɎ ŮˊɑˊŮŭŬ ɛˊɞɟɞɨɜ ɜŬ ŮɝŬɢɗɞɨɜ ɛŮ ɓɎůɖ 

Űɞ ɊɖűɘŬəɧ ɀɞɜŰɏɚɞ ȺŭɎűɞɡɠ (Digital Elevation Model ï DEM) Űɖɠ ɚŮəɎɜɖɠ, 

ɢɟɖůɘɛɞˊɞɘɩɜŰŬɠ ŰŬ ŭɘŬɗɏůɘɛŬ ŮɟɔŬɚŮɑŬ ůŮ ˊŮɟɘɓɎɚɚɞɜ ũŮɤɔɟŬűɘəɩɜ ɆɡůŰɖɛɎŰɤɜ 

Ʉɚɖɟɞűɞɟɘɩɜ (Geographical Information System ï GIS). ũɘŬ Űɖɜ ŮəŰɑɛɖůɖ Űɤɜ ɢɤɟɘəɩɜ 

ˊŬɟŬɛɏŰɟɤɜ Űɞɡ ɛɞɜŰɏɚɞɡ, ŮɑɜŬɘ ŬˊŬɟŬɑŰɖŰŬ ŰŬ Ůɝɐɠ ɔŮɤɔɟŬűɘəɎ ŭŮŭɞɛɏɜŬ: 

¶ ũŮɤɚɞɔɘəɞɑ ɢɎɟŰŮɠ 

¶ ɉɎɟŰŮɠ ɡŭɟɞˊŮɟŬŰɧŰɖŰŬɠ 

¶ ɉɎɟŰŮɠ ɢɟɐůŮɤɜ/əɎɚɡɣɖɠ ɔɖɠ 

¶ ɉɎɟŰŮɠ əɚɑůŮɤɜ 



v 

¶ ɇɛɐɛŬŰŬ Űɞɡ ɡŭɟɞɔɟŬűɘəɞɨ ŭɘəŰɨɞɡ əŬɘ ɔŮɤɛŮŰɟɘəɎ ɢŬɟŬəŰɖɟɘůŰɘəɎ Űɞɡɠ  

ȷəɧɛɖ, ɞ ɢɎɟŰɖɠ ɢɤɟɘəɐɠ əŬŰŬɜɞɛɐɠ Űɖɠ ɓɟɞɢɧˊŰɤůɖɠ ɔɘŬ ɛɑŬ ŭŮŭɞɛɏɜɖ ɢɟɞɜɘəɐ ˊŮɟɑɞŭɞ ŮɑɜŬɘ 

ŬˊŬɟŬɑŰɖŰɞ ůŰɞɘɢŮɑɞ Ůɘůɧŭɞɡ Űɞɡ ɛɞɜŰɏɚɞɡ. ɆŰɖɜ ˊŮɟɑˊŰɤůɖ Űɖɠ ɓŬɗɛɞɜɧɛɖůɖɠ, ŮɑŰŮ Űɞ 

ˊɚɖɛɛɡɟɞɔɟɎűɖɛŬ (ɔɘŬ Űɞ ŮˊɘűŬɜŮɘŬəɧ ɛɞɜŰɏɚɞ) ŮɑŰŮ Űɞ ůɡɜɞɚɘəɧ ɡŭɟɞɔɟɎűɖɛŬ (ɔɘŬ Űɞ 

ůɡɜɞɚɘəɧ ɛɞɜŰɏɚɞ) ɗŮɤɟɞɨɜŰŬɘ ŬɜŬɔəŬɑŬ. 

ȾŬŰɎůŰɟɤůɖ ŮɝɘůɩůŮɤɜ ɛɞɜŰɏɚɤɜ 

ȷɝɘɞˊɞɘɩɜŰŬɠ Űɖɜ ˊŬɟŬəɎŰɤ ŮɛˊŮɘɟɘəɐ ůɢɏůɖ ɡˊɞɚɞɔɑɕŮŰŬɘ Űɞ ŮɜŮɟɔɧ ɨɣɞɠ ɓɟɞɢɐɠ. ɇŬ ɛŮɔɏɗɖ 

ˊɞɡ ŬɜŬűɏɟɞɜŰŬɘ ŮɑɜŬɘ ŬɗɟɞɘůŰɘəɎ. 

Ὤ

π           Ὤ Ὤ  

Ὤ Ὤ

Ὤ Ὤ Ὓ
  Ὤ Ὤ  

 

Ⱥɝ.1 

Ὤ ‗Ὓ Ⱥɝ. 2 

ȳˊɞɡ  Ὓ: ɖ ɛɏɔɘůŰɖ ŭɡɜɖŰɘəɐ əŬŰŬəɟɎŰɖůɖ əŬɘ  ‗ ŬŭɘɎůŰŬŰɖ ˊŬɟɎɛŮŰɟɞɠ ˊɞɡ ŮəűɟɎɕŮɘ 
ˊɞůɞůŰɧ. 

ɆɨɛűɤɜŬ ɛŮ Űɖɜ əɚŬůɘəɐ ˊɟɞůɏɔɔɘůɖ əŬŰɎ Űɖɜ SCS, ɖ ɛɏɔɘůŰɖ ŭɡɜɖŰɘəɐ əŬŰŬəɟɎŰɖůɖ ŭɑɜŮŰŬɘ 

Ŭˊɧ Űɖ ůɢɏůɖ: 

Ὓ ςυτ
ρππ

ὅὔ
ρ 

Ⱥɝ. 3 

ȾŬŰɎ ŰŬ ˊɟɧŰɡˊŬ Űɖɠ SCS ɖ ˊɞůɧŰɖŰŬ CN ŮɝŬɟŰɎŰŬɘ Ŭˊɧ ŰŬ ɢŬɟŬəŰɖɟɘůŰɘəɎ Űɞɡ ŮŭɎűɞɡɠ 

əŬɗɩɠ əŬɘ Ŭˊɧ Űɖɜ ŮŭŬűɘəɐ ɡɔɟŬůɑŬ əŬŰɎ Űɖɜ ɏɜŬɟɝɖ Űɞɡ ɔŮɔɞɜɧŰɞɠ. ȹɘŬɢɤɟɑɕɞɜŰŬɘ ŰɟŮɘɠ 

əŬŰŬůŰɎůŮɘɠ ŮŭŬűɘəɐɠ ɡɔɟŬůɑŬɠ (ɇɨˊɞɡ I: ɂɖɟɐ, ɇɨˊɞɡ II: ɀɏůɖ, ɇɨˊɞɡ III: Ɉɔɟɐ). ȼ 

Ⱥɝɑůɤůɖ 3 ŬɜŬűɏɟŮŰŬɘ ůŮ ɛɏůɖ ŮŭŬűɘəɐ ɡɔɟŬůɑŬ. ũɘŬ ɚɧɔɞɡɠ ŮɡəɞɚɑŬɠ ɞɘ Űɘɛɏɠ Űɞɡ CN ˊɞɡ 

ůɡɜŬɜŰɩɜŰŬɘ ůŰɖ ɓɘɓɚɘɞɔɟŬűɑŬ ŬɜŬűɏɟɞɜŰŬɘ ůŮ ɛɏůŮɠ ůɡɜɗɐəŮɠ ɡɔɟŬůɑŬɠ. ũɘŬ Űɞɡɠ Ɏɚɚɞɡɠ 

ŭɨɞ Űɨˊɞɡɠ ɡɔɟŬůɑŬɠ ɢɟɖůɘɛɞˊɞɘɞɨɜŰŬɘ ɞɘ ˊŬɟŬəɎŰɤ ŮɝɘůɩůŮɘɠ: 

ὅὔ
τȢςὅὔ

ρπ πȢπυψὅὔ
 

Ⱥɝ. 4 

ὅὔ
ςσὅὔ

ρπ πȢρσὅὔ
 

Ⱥɝ. 5 

ɋůŰɧůɞ, ůŰɞ ˊɚŬɑůɘɞ Űɖɠ ˊŬɟɞɨůŬɠ ŮɟɔŬůɑŬɠ Űɞ CN ɔɘŬ Űɘɠ ɛɏůŮɠ ůɡɜɗɐəŮɠ ɡɔɟŬůɑŬɠ 

ɡˊɞɚɞɔɑɕŮŰŬɘ ɔɘŬ əɎɗŮ əŮɚɑ ůŮ ˊŮɟɘɓɎɚɚɞɜ GIS Ŭˊɧ Űɖɜ ˊŬɟŬəɎŰɤ ůɢɏůɖ: 

ὅὔ ρπ ω Ὥ φ Ὥ σ Ὥ  Ⱥɝ. 6 

ȳˊɞɡ iPERM, iVEG  əŬɘ iSLOPE ɞɘ ŰɟŮɘɠ əɚɎůŮɘɠ ŮŭɎűɞɡɠ, ˊŮɟŬŰɧŰɖŰŬ, ɢɟɐůŮɘɠ ɔɖɠ əŬɘ ŭɡɜŬŰɧŰɖŰŬ 

ŬˊɞůŰɟɎɔɔɘůɖɠ, ˊɞɡ ˊɟɞəɨˊŰɞɡɜ Ŭˊɧ ˊɑɜŬəŮɠ əŬɘ əɡɛŬɑɜɞɜŰŬɘ Ŭˊɧ 1 ɏɤɠ 5. 

ȾɟɑɜŮŰŬɘ ŬɜŬɔəŬɑɞ ɞɘ Űɘɛɏɠ ˊɞɡ ˊɟɞəɨˊŰɞɡɜ ɔɘŬ Űɞ CN ɜŬ ŭɘɞɟɗɩɜɞɜŰŬɘ ɩůŰŮ ɜŬ ɚŬɛɓɎɜŮŰŬɘ 

ɡˊɧɣɖ ɖ əŬŰɎůŰŬůɖ ɡɔɟŬůɑŬɠ əŬɘ ˊɟɘɜ Űɞ ɔŮɔɞɜɧɠ ɓɟɞɢɐɠ. ȾŬŰɎ ŬɡŰɧ Űɞɜ Űɟɧˊɞ ɔɘŬ 

ɞˊɞɘŮůŭɐˊɞŰŮ ůɡɜɗɐəŮɠ ɡɔɟŬůɑŬɠ ˊɞɡ ŮəűɟɎɕɞɜŰŬɘ ɛŮ ˊɞůɞůŰɧ (0 ï 1) ŬɝɘɞˊɞɘŮɑŰŬɘ ɞ 

ˊŬɟŬəɎŰɤ Űɨˊɞɠ: 
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Ⱥɝ. 7 

ȷˊɧ Űɘɠ ŮəŰɘɛɖɛɏɜŮɠ Űɘɛɏɠ Űɞɡ CN ɡˊɞɚɞɔɑɕŮŰŬɘ ɖ ɛɏɔɘůŰɖ ŭɡɜɖŰɘəɐ əŬŰŬəɟɎŰɖůɖ ɔɘŬ 

ůɡɜŰŮɚŮůŰɐ ŬˊɤɚŮɘɩɜ 20% ɛŮ ɓɎůɖ Űɖɜ ˊŬɟŬəɎŰɤ Ůɝɑůɤůɖ: 

Ὓ ςυτρππὅὔ ρ  Ⱥɝ. 7 

ȹŮŭɞɛɏɜɞɡ ɧŰɘ ɞ ůɡɜŰŮɚŮůŰɐɠ ŬˊɤɚŮɘɩɜ ŮɑɜŬɘ ˊɞɚɨ ɛɘəɟɧŰŮɟɞɠ Ŭˊɧ 20% ůŰɞɜ ŮɚɚŬŭɘəɧ ɢɩɟɞ 

ůɨɛűɤɜŬ ɛŮ ɛŮɚɏŰŮɠ ˊɞɡ ɏɢɞɡɜ ˊɟŬɔɛŬŰɞˊɞɘɖɗŮɑ, ŮɑɜŬɘ ŬˊŬɟŬɑŰɖŰɖ ɖ ŭɘɧɟɗɤůɖ Űɞɡ 

ůɡɜŰŮɚŮůŰɐ S ůɨɛűɤɜŬ ɛŮ Űɖɜ ˊŬɟŬəɎŰɤ ůɢɏůɖ ɩůŰŮ ɜŬ ŬɜŰŬˊɞəɟɑɜŮŰŬɘ ůŮ ůɡɔəŮəɟɘɛɏɜɞ 

ůɡɜŰŮɚŮůŰɐ ŬˊɤɚŮɘɩɜ: 

Ὓ
ς‗Ὤ ρ ‗Ὤ  Ὤ Ὤ ρ ‗ τ‗Ὤ

ς‗
 

Ⱥɝ. 8 

ɆŰɖɜ ůɡɜɏɢŮɘŬ, ɡˊɞɚɞɔɑɕɞɜŰŬɘ Ůə ɜɏɞɡ ɞɘ Ŭɟɢɘəɏɠ ŬˊɩɚŮɘŮɠ, ɖ ŮɜŮɟɔɧɠ ɓɟɞɢɧˊŰɤůɖ əŬɗɩɠ əŬɘ 

ɖ ŰŮɚɘəɐ ŭɘɞɟɗɤɛɏɜɖ Űɘɛɐ Űɞɡ CN: 

ὅὔ ςυτππȾὛ ςυτ  Ⱥɝ. 9 

ȿŬɛɓɎɜɞɜŰŬɠ ɡˊɧɣɖ Űɞ ɣɖűɘŬəɧ ɛɞɜŰɏɚɞ ŮŭɎűɞɡɠ ɡˊɞɚɞɔɑɕɞɜŰŬɘ ŬɟɢɘəɎ ɞɘ ŮˊɘűŬɜŮɘŬəɏɠ 

ŰŬɢɨŰɖŰŮɠ ɛŮ ɓɎůɖ Űɖɜ əɚɑůɖ Űɞɡ ŮŭɎűɞɡɠ J əŬɘ Űɖɜ ˊŬɟɎɛŮŰɟɞ k , ůɡɜŰŮɚŮůŰɐɠ ŰɟŬɢɨŰɖŰŬɠ 

ˊɞɡ ˊɟɞəɨˊŰŮɘ Ŭˊɧ ˊɑɜŬəŮɠ ůɨɛűɤɜŬ ɛŮ Űɘɠ ɢɟɐůŮɘɠ ɔɖɠ əŬŰɎ Űɞɜ MacCuen. 

ὠ Ὧ ὐϳ   Ⱥɝ. 10 

ɆɖɛŮɘɩɜŮŰŬɘ ɧŰɘ Ŭɜ ɖ əɚɑůɖ ŮɑɜŬɘ ɛŮɔŬɚɨŰŮɟɖ Ŭˊɧ 4%, ɔɘŬ ɜŬ ŬˊɞűŮɡɢɗŮɑ ɡˊŮɟŮəŰɑɛɖůɖ Űɖɠ 

ŰŬɢɨŰɖŰŬɠ ɔɑɜŮŰŬɘ ɖ ˊŬɟŬəɎŰɤ ŭɘɧɟɗɤůɖ: 

Jȭ= 0.05247 + 0.06363S ï 0.182 eï 62.38J Ⱥɝ. 11 

ȷɜŬűɞɟɘəɎ ɛŮ Űɘɠ ŰŬɢɨŰɖŰŮɠ ůŰŬ ŭɘɎűɞɟŬ ŰɛɐɛŬŰŬ Űɞɡ ɡŭɟɞɔɟŬűɘəɞɨ ŭɘəŰɨɞɡ ŬɡŰɏɠ 

ɡˊɞɚɞɔɑɕɞɜŰŬɘ ɛŮ ɓɎůɖ Űɖɜ ůɢɏůɖ: 

ὠ ‍ ὐȾ   Ⱥɝ. 12 

ȳˊɞɡ ɖ ˊŬɟɎɛŮŰɟɞɠ ɓ ɗŮɤɟŮɑŰŬɘ ůŰŬɗŮɟɎ ůŰɞ əɎɗŮ ŰɛɐɛŬ əŬɘ ŮɝŬɟŰɎŰŬɘ Ŭˊɧ ŰŬ ŰɞˊɘəɎ 

ɢŬɟŬəŰɖɟɘůŰɘəɎ Űɞɡ (ŰɟŬɢɨŰɖŰŬ, ɔŮɤɛŮŰɟɑŬ). 

‍ ὧȾὲ  Ⱥɝ. 13 

Ƀ ˊŬɟɎɔɞɜŰŬɠ ŰŬɢɨŰɖŰŬɠ c ŮɝŬɟŰɎŰŬɘ Ŭˊɧ Űɞ ɢɟɧɜɞ ůɡɔəɏɜŰɟɤůɖɠ Űɖɠ ɚŮəɎɜɖɠ  ὸ əŬɘ ɎɟŬ Ŭˊɧ 

Űɞ ɛɐəɞɠ Űɖɠ ɛɏɔɘůŰɖɠ ŭɘŬŭɟɞɛɐɠ Űɞɡ ɡŭŬŰɞɟŮɨɛŬŰɞɠ. 



vii  

ὧ

ở

Ở
ờὒ

ὐ
ὲ

ὒ

ὐ
ὲ

Ễ
ὒ

ὐ
ὲ Ợ

ỡ
Ỡ
ὸ 

Ⱥɝ. 14 

ȳˊɞɡ  tr : ɞ ɢɟɧɜɞɠ ŭɘŬŭɟɞɛɐɠ ɛɏůɤ Űɤɜ ŰɛɖɛɎŰɤɜ Űɞɡ ɡŭŬŰɞɟŮɨɛŬŰɞɠ, ɡˊɞɚɞɔɘɕɧɛŮɜɞɠ ɛɏůɤ 

Űɖɠ ůɢɏůɖɠ  

ὧ ὸ ὸ ὸ  Ⱥɝ. 15 

ɧˊɞɡ ὸ ɞ ɢɟɧɜɞɠ ůɡɔəɏɜŰɟɤůɖɠ Űɖɠ ɡˊɞɚŮəɎɜɖɠ ŬɜɎɜŰɖ Űɖɠ əɨɟɘŬɠ ŭɘŬŭɟɞɛɐɠ Űɞɡ 

ɡŭŬŰɞɟŮɨɛŬŰɞɠ ɧˊɞɡ ůɡɜŰŮɚŮɑŰŬɘ ɛɧɜɞ ŮˊɑɔŮɘŬ ɟɞɐ. 

ɆŰɞ ˊɚŬɑůɘɞ Űɖɠ ˊŬɟɞɨůŬɠ ŮɟɔŬůɑŬɠ ɞ ɢɟɧɜɞɠ ůɡɔəɏɜŰɟɤůɖɠ ŮɑɜŬɘ ɎɛŮůŬ ŮɝŬɟŰɖɛɏɜɞɠ Ŭˊɧ Űɞ 

ŮˊŮɘůɧŭɘɞ ɓɟɞɢɐɠ. ɆɡɜŮˊɩɠ, ɖ Ŭəɧɚɞɡɗɖ ůɢɏůɖ ŮűŬɟɛɧɕŮŰŬɘ ɔɘŬ Űɞɜ ɡˊɞɚɞɔɘůɛɧ Űɞɡ ɢɟɧɜɞɡ 

ůɡɔəɏɜŰɟɤůɖɠ: 

ὸ ὸ Ὥ   Ⱥɝ. 16 

ȺɘŭɘəɎ ɔɘŬ Űɞ ɛɞɜŰɏɚɞ ˊɟɞůɞɛɞɑɤůɖɠ Űɞɡ ɞɚɘəɞɨ ɡŭɟɞɔɟŬűɐɛŬŰɞɠ ɘůɢɨɞɡɜ ŰŬ əɎŰɤɗɘ: 

ȿɧɔɤ Űɞɡ ɛɘəɟɞɨ ɢɟɞɜɘəɞɨ ɞɟɑɕɞɜŰŬ ɖ ŮɝŬŰɛɘůɞŭɘŬˊɜɞɐ ˊŬɟŬɚŮɑˊŮŰŬɘ Ŭˊɧ Űɞ ɘůɞɕɨɔɘɞ ɜŮɟɞɨ 

ůŮ əɎɗŮ əŮɚɑ. ȼ ɛɏɔɘůŰɖ ŭɡɜɖŰɘəɐ əŬŰŬəɟɎŰɖůɖ ɛŮŰŬɓɎɚɚŮŰŬɘ ɢɟɞɜɘəɎ əŬɘ ůɡɛɓɞɚɑɕŮŰŬɘ ɤɠ St, 

əŬɘ ɡˊɞŭŮɘəɜɨŮɘ ŰɖɜɢɤɟɖŰɘəɧŰɖŰŬ ɛɑŬɠ ɡˊɞɗŮŰɘəɐɠ ŭŮɝŬɛŮɜɐɠ ɞɚɘəɐɠ ɢɤɟɖŰɘəɧŰɖŰŬɠ K ɔɘŬ 

ŮŭŬűɘəɐ ɡɔɟŬůɑŬ. ȼ ŭŮɝŬɛŮɜɐ ˊɟɞůɞɛɞɘɩɜŮɘ Űɖɜ ŬəɧɟŮůŰɖ ɕɩɜɖ Ŭˊɧ Űɖɜ ɞˊɞɑŬ ɖ ɓɟɞɢɧˊŰɤůɖ 

ˊɞɡ ŭɘŮɘůŭɨŮɘ ɛŮŰŬŰɟɏˊŮŰŬɘ ůŮ ɡˊɞŭŮɟɛɘəɐ ɟɞɐ ɐ əŬŰŮɑůŭɡůɖ ůŮ ɓŬɗɨŰŮɟŮɠ ɕɩɜŮɠ. ȼ Ůɝɑůɤůɖ 

Űɞɡ ɡŭŬŰɘəɞɨ ɘůɞɕɡɔɑɞɡ ŭɘŬɛɞɟűɩɜŮŰŬɘ ɤɠ: 

ὡ ὡ Ὅ ὣ Ὃ Ⱥɝ. 17 

ɧˊɞɡ Wt ɖ ŮŭŬűɘəɐɠ ɡɔɟŬůɑŬ ůŰɞ ɓɐɛŬ t, It ɖ ɓɟɞɢɐ ˊɞɡ ŭɘŮɘůŭɨŮɘ, Yt ɖ ɡˊɞŭŮɟɛɘəɐ ɟɞɐ əŬɘ Gt 

ɖ əŬŰŮɑůŭɡůɖ. ȷˊŬɟŬɑŰɖŰɖ ˊŬɟɎɛŮŰɟɞɠ ŮɑɜŬɘ ɖ Ŭɟɢɘəɐ ŮŭŬűɘəɐ ɡɔɟŬůɑŬ W0. ɀŮ Űɖɜ ɔɜɩůɖ Űɖɠ 

ɛɏɔɘůŰɖɠ ŭɡɜɖŰɘəɐɠ əŬŰŬəɟɎŰɖůɖɠ ůŰɖɜ Ŭɟɢɐ Űɞɡ ŮˊŮɘůɞŭɑɞɡ ɚɧɔɤ Űɤɜ ˊɟɞɔŮɜɏůŰŮɟɤɜ 

ůɡɜɗɖəɩɜ ɡɔɟŬůɑŬɠ, ɖ ɢɤɟɖŰɘəɧŰɖŰŬ Ὼ ɡˊɞɚɞɔɑɕŮŰŬɘ ɤɠ: 

ὑ ὡ Ὓ Ⱥɝ. 18 

ɆɡɜŮˊɩɠ ůŮ əɎɗŮ ɢɟɞɜɘəɧ ɓɐɛŬ ɛŮ Űɖɜ Ůˊɑɚɡůɖ Űɞɡ ɘůɞɕɡɔɑɞɡ ɖ ɜɏŬ ɛɏɔɘůŰɖ ŭɡɜɖŰɘəɐ 

əŬŰŬəɟɎŰɖůɖ ɓɟɑůəŮŰŬɘ Ŭˊɧ Űɖɜ ůɢɏůɖ  19: 

Ὓ ὑ ὡ  Ⱥɝ. 19 

ȼ ˊŬɟŬˊɎɜɤ Ůɝɑůɤůɖ ůɡɜɘůŰɎ ɛɑŬ ůɖɛŬɜŰɘəɐ ŭɘŬűɞɟɞˊɞɑɖůɖ Ŭˊɧ Űɖɜ əɚŬůůɘəɐ ˊɟɞůɏɔɔɘůɖ 

SCS-CN ˊɞɡ ɗŮɤɟŮɑ Űɞ ɛɏɔŮɗɞɠ Ὓ ůŰŬɗŮɟɧ ůŰɞ ɢɟɧɜɞ. ɆŰɖɜ ˊŬɟɞɨůŬ ˊɟɞůɏɔɔɘůɖ, Űɞ Ὓ 
ɛŮɘɩɜŮŰŬɘ ɧůɞ ɔŮɛɑɕŮɘ ɖ ŭŮɝŬɛŮɜɐ ŮŭŬűɘəɐɠ ɡɔɟŬůɑŬɠ, ŭɖɚŬŭɐ ɖ ŭɘɐɗɖůɖ ɓɟɞɢɐɠ ŮɑɜŬɘ 

ɛŮɔŬɚɨŰŮɟɖ Ŭˊɧ Űɖɜ əŬŰŮɑůŭɡůɖ əŬɘ Űɖ ŭɖɛɘɞɡɟɔɑŬ ɡˊɞŭŮɟɛɘəɐɠ ɟɞɐɠ. ȷɜŰɑɗŮŰŬ, ɧŰŬɜ 

ůŰŬɛŬŰɐůŮɘ ɖ ɓɟɞɢɧˊŰɤůɖ Űɞ Ὓ ůŰŬŭɘŬəɎ ŬɡɝɎɜŮŰŬɘ. ȼ ˊɟɞůɏɔɔɘůɖ ŬɡŰɐ ŮˊɘŰɟɏˊŮɘ ɛŮɔŬɚɨŰŮɟɖ 
ɘəŬɜɧŰɖŰŬ ŬɜŬˊŬɟɎůŰŬůɖɠ ɛɖ-ɔɟŬɛɛɘəɩɜ ůɡɛˊŮɟɘűɞɟɩɜ Űɖɠ ŭɘŬŭɘəŬůɑŬɠ ɛŮŰŬŰɟɞˊɐɠ Űɖɠ 

ɓɟɞɢɐɠ ůŮ Ŭˊɞɟɟɞɐ əŬɘ əŬɚɨŰŮɟɖ ŬɜŬˊŬɟɎůŰŬůɖ Űɤɜ ˊŰɤŰɘəɩɜ əɚɎŭɤɜ Űɤɜ 

ɡŭɟɞɔɟŬűɖɛɎŰɤɜ. 
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Ƀɘ ŭɘŮɟɔŬůɑŮɠ ɡˊɞŭŮɟɛɘəɐɠ ɟɞɐɠ əŬɘ əŬŰŮɑůŭɡůɖɠ ˊŮɟɘɔɟɎűɞɜŰŬɘ ɤɠ əɚɎůɛŬŰŬ Űɖɠ ŮŭŬűɘəɐɠ 

ɡɔɟŬůɑŬɠ ůɨɛűɤɜŬ ɛŮ Űɘɠ ůɢɏůŮɘɠ: 

ὣ ‖ ὡ  Ⱥɝ. 20 

Ὃ ‘ ὡ Ⱥɝ. 21 

ɧˊɞɡ ‖ əŬɘ ɛ ˊŬɟɎɛŮŰɟɞɘ ˊɞůɞůŰɞɨ. 

ȾŬɘ ɔɘŬ ŰŬ ŭɨɞ ɛɞɜŰɏɚŬ, ɔɘŬ Űɖ ŭɘɧŭŮɡůɖ Űɖɠ ˊɚɖɛɛɨɟŬɠ ůŰɖɜ ɏɝɞŭɞ Űɖɠ ɚŮəɎɜɖɠ Ŭˊɞɟɟɞɐɠ 

ɢɟɖůɘɛɞˊɞɘŮɑŰŬɘ ɖ Ůɡɟɏɤɠ ŭɘŬŭŮŭɞɛɏɜɖ ɛɏɗɞŭɞɠ Űɤɜ ɘůɞɢɟɧɜɤɜ əŬɛˊɡɚɩɜ, Ŭűɞɨ ˊɟɩŰŬ 

ŮəŰɘɛɖɗŮɑ ɞ ɢɟɧɜɞɠ ŭɘŬŭɟɞɛɐɠ əɎɗŮ űŬŰɜɑɞɡ ˊɟɞɠ Űɖɜ ɏɝɞŭɞ Űɖɠ ɚŮəɎɜɖɠ, ɛŮ ɓɎůɖɠ Űɘɠ 

ŰŬɢɨŰɖŰŮɠ Űɤɜ űŬŰɜɑɤɜ ˊɞɡ ůɡɜŬɜŰɎ ůŰɖ ŭɘŬŭɟɞɛɐ (Űɨˊɞɡ ŮˊɑɔŮɘŬɠ ŰŬɢɨŰɖŰŬɠ ɐ Űɖɜ ŰŬɢɨŰɖŰŬ 

ŰɛɐɛŬŰɞɠ ɡŭɟɞɔɟŬűɘəɞɨ ŭɘəŰɨɞɡ). ȺɘŭɘəɎ ɔɘŬ Űɖ ˊŮɟɑˊŰɤůɖ Űɞɡ ɛɞɜŰɏɚɞɡ ɞɚɘəɞɨ 

ɡŭɟɞɔɟŬűɐɛŬŰɞɠ ŮɘůɎɔŮŰŬɘ ɛɑŬ ˊɟɧůɗŮŰɖ ˊŬɟɎɛŮŰɟɞɠ  

ɄŮɟɘɞɢɐ ɛŮɚɏŰɖɠ 

Ƀ ˊɞŰŬɛɧɠ ɁɏŭɞɜŰŬɠ ŬɜɐəŮɘ ůŰɞ ɈŭŬŰɘəɧ ȹɘŬɛɏɟɘůɛŬ ȹɡŰɘəɐɠ ɄŮɚɞˊɞɜɜɐůɞɡ (GR01), əŬɘ 

ŭɘɏɟɢŮŰŬɘ Ŭˊɧ Űɖɜ ȾŬɚŬɛɎŰŬ, ˊɟɤŰŮɨɞɡůŬɠ Űɞɡ Ɂɞɛɞɨ ɀŮůůɖɜɑŬɠ. ɄɖɔɎɕŮɘ Ŭˊɧ Űɘɠ ŭɡŰɘəɏɠ 

əɚɘŰɨŮɠ Űɞɡ ɇŬɒɔŮŰɞɡ əŬɘ ŮəɓɎɚɚŮɘ ůŰɞɜ ɀŮůůɖɜɘŬəɧ Ⱦɧɚˊɞ, ŭɡŰɘəɎ Űɞɡ ɚɘɛŬɜɘɞɨ Űɖɠ 

ȾŬɚŬɛɎŰŬɠ, ɛŮ ůɡɜɞɚɘəɧ ɛɐəɞɠ 26 km. ɆŰɖ ɚŮəɎɜɖ ŬɡŰɐ ŭŮɜ ŮɜŰɞˊɑɕɞɜŰŬɘ ɏɟɔŬ ˊɞɡ ɗŬ 

ɛˊɞɟɞɨůŬɜ ɜŬ ɛŮŰŬɓɎɚɚɞɡɜ Űɖɜ ɡŭɟɞɚɞɔɘəɐ Űɖɠ ŭɑŬɘŰŬ (ˊ.ɢ. űɟɎɔɛŬŰŬ, ŮəŰɟɞˊɏɠ, 

ɚɘɛɜɞŭŮɝŬɛŮɜɏɠ). ɇŬ ɛŮŰŮɤɟɞɚɞɔɘəɎ ůŰɞɘɢŮɑŬ ˊɞɡ ůɡɚɚɏɔɞɜŰŬɘ Ŭˊɧ ůŰŬɗɛɧ Űɞɡ ŬŮɟɞŭɟɞɛɑɞɡ 

ůŰŬ 6 km ŭɡŰɘəɎ Űɖɠ ȾŬɚŬɛɎŰŬɠ ˊŬɟɏɢɞɡɜ ˊɚɖɟɞűɞɟɑŬ ɔɘŬ Űɞ ɡŭŬŰɘəɧ ŭɡɜŬɛɘəɧ Űɖɠ ˊŮɟɘɞɢɐɠ, 

Űɞ ɞˊɞɑɞ ɢŬɟŬəŰɖɟɑɕŮŰŬɘ Ŭˊɧ ɓɟɞɢɞˊŰɩůŮɘɠ 600 mm ůŰŬ ɜɧŰɘŬ Űɞɡ Ɂɞɛɞɨ ɀŮůůɖɜɑŬɠ 

(ūɞɘɜɘəɞɨɜŰŬ ï ɀŮɗɩɜɖ), 1500 mm ůŰŬ ɞɟŮɘɜɎ əŬɘ 800-1200 mm ůŰɘɠ əŮɜŰɟɘəɏɠ, ɓɧɟŮɘŮɠ 

ˊŮŭɘɜɏɠ əŬɘ ɖɛɘɞɟŮɘɜɏɠ ˊŮɟɘɞɢɏɠ. ɇŬ ŭɘŬɗɏůɘɛŬ ɢɤɟɘəɎ ŭŮŭɞɛɏɜŬ, ŰŬ ɞˊɞɑŬ ɢɟɖůɘɛɞˊɞɘɐɗɖəŬɜ 

ɔɘŬ Űɖɜ ɚŮəɎɜɖ Ŭˊɞɟɟɞɐɠ, ŬűɞɟɞɨůŬɜ Űɖɜ ɡɣɞɛŮŰɟɘəɐ ˊɚɖɟɞűɞɟɑŬ, ŭɞɛɖɛɏɜɖ ůŮ ɏɜŬ ŭɑəŰɡɞ 

ŰŮŰɟŬɔɤɜɘəɞɨ ˊɚɏɔɛŬŰɞɠ ŬɜɎɚɡůɖɠ 25 m, Űɘɠ ɢɟɐůŮɘɠ ɔɖɠ (Corine 2000), Űɞ ɔŮɤɚɞɔɘəɧ 

ɡˊɧɓŬɗɟɞ əŬɘ Űɘɠ ɗɏůŮɘɠ ɢɤɟɞɗɏŰɖůɖɠ Űɤɜ ɛŮŰɟɖŰɘəɩɜ ůŰŬɗɛɩɜ. ɆŰɞ ɆɢɐɛŬ ˊɞɡ ŬəɞɚɞɡɗŮɑ 

ˊŬɟɞɡůɘɎɕŮŰŬɘ ɖ ŮɝŮŰŬɕɧɛŮɜɖ ɚŮəɎɜɖ əŬɗɩɠ əŬɘ Űɞ ɡŭɟɞɔɟŬűɘəɧ Űɖɠ ŭɑəŰɡɞ. 

ȷɝɘɞˊɞɘɐɗɖəŬɜ ŭɨɞ əŬŰŬɔŮɔɟŬɛɛɏɜŬ ŮˊŮɘůɧŭɘŬ ɛŮ ˊŬɟŬŰɖɟɐůŮɘɠ ɓɟɞɢɐɠ ůŮ ŭɘɎűɞɟɞɡɠ 

ůŰŬɗɛɞɨɠ Űɖɠ ˊŮɟɘɞɢɐɠ əŬɘ ˊŬɟŬŰɖɟɖɛɏɜɞ ɡŭɟɞɔɟɎűɖɛŬ ůŰɖɜ ɗɏůɖ ɚŬŰɞɛŮɑɞ ɀˊɎəŬ. 
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ɆɢɐɛŬ 1: ȿŮəɎɜɖ Ŭˊɞɟɟɞɐɠ ɁɏŭɞɜŰŬ əŬɘ ɡŭɟɞɔɟŬűɘəɧ ŭɑəŰɡɞ. 

ȷɜɎˊŰɡɝɖ ɚɞɔɘůɛɘəɞɨ 

ũɘŬ Űɖɜ ŮűŬɟɛɞɔɐ Űɤɜ ˊŬɟŬˊɎɜɤ ɛŮɗɞŭɞɚɞɔɘɩɜ ŮˊɘɚɏɢɗɖəŮ ɖ ɢɟɐůɖ Űɖɠ ɔɚɩůůŬɠ Python, 

ɏɜŬɜŰɘ Ɏɚɚɤɜ, əɡɟɑɤɠ ɚɧɔɤ Űɤɜ ˊɞɚɚŬˊɚɩɜ ˊɚŮɞɜŮəŰɖɛɎŰɤɜ Űɖɠ ɧˊɤɠ ɔɘŬ ˊŬɟɎŭŮɘɔɛŬ Űɞ 

ˊɚɐɗɞɠ ˊŬəɏŰɤɜ ˊɞɡ ˊŬɟɏɢŮɘ. ɆŰɖɜ ˊŬɟɞɨůŬ ŮɟɔŬůɑŬ, ˊɏɟŬɜ Űɤɜ ŭɨɞ ɛɞɜŰɏɚɤɜ ˊɞɡ ɔɟɎűŰɖəŬɜ 

ůŰɖ ůɡɔəŮəɟɘɛɏɜɖ ɔɚɩůůŬ, ŭɖɛɘɞɡɟɔɐɗɖəŮ əŬɘ  ɏɜŬ ɚɞɔɘůɛɘəɧ ɔɘŬ Űɖɜ əŬɚɨŰŮɟɖ ŭɘŬɢŮɑɟɘůɖ 

Űɤɜ ŭŮŭɞɛɏɜɤɜ Ůɘůɧŭɞɡ, Űɖɠ ŬɡŰɞɛŬŰɞˊɞɑɖůɖɠ Űɤɜ ŭɘŬŭɘəŬůɘɩɜ ˊɟɞůɞɛɞɑɤůɖɠ əŬɘ 

ɓŮɚŰɘůŰɞˊɞɑɖůɖɠ, əŬɗɩɠ əŬɘ Űɖɠ ɞˊŰɘəɞˊɞɑɖůɖɠ Űɤɜ ŮɝŬɔɧɛŮɜɤɜ ŬˊɞŰŮɚŮůɛɎŰɤɜ. ɆŰŬ 

ɆɢɐɛŬŰŬ ˊɞɡ Ŭəɞɚɞɡɗɞɨɜ ˊŬɟɞɡůɘɎɕŮŰŬɘ ɖ ɛɞɟűɐ Űɞɡ ɔŮɜɘəɞɨ ˊŬɟŬɗɨɟɞɡ əŬɘ ŭɘɎűɞɟɤɜ 

ɚŮɘŰɞɡɟɔɘɩɜ. 

ɆŰɞ ŬɟɘůŰŮɟɧ ŰɛɐɛŬ Űɞɡ ˊŬɟŬɗɨɟɞɡ ɞ ɢɟɐůŰɖɠ ŮɘůɎɔŮɘ ɧɚŬ ŰŬ ŬˊŬɟŬɑŰɖŰŬ ŭŮŭɞɛɏɜŬ. ȷɡŰɎ 

ŮɑɜŬɘ: 

¶ ɊɖűɘŬəɧ ɀɞɜŰɏɚɞ ȺŭɎűɞɡɠ - DEM (.tiff ) 

¶ ȾɎɜɜŬɓɞɠ ŭɘŮɨɗɡɜůɖɠ ɟɞɐɠ - Flow Direction (.tiff)  

¶ ȹŮŭɞɛɏɜŬ ɓɟɞɢɧˊŰɤůɖɠ (.xlsx) 

¶ ȸɟɞɢɞɛŮŰɟɘəɞɑ ůŰŬɗɛɞɑ (.shp) 

¶ ȾɎɜɜŬɓɞɠ CN - Curve Number (.tiff) 

¶ ȾɎɜɜŬɓɞɠ ɢɟɐůŮɤɜ ɔɖɠ (.tiff)  

¶ Ƀɘ Űɘɛɏɠ k ɛŮ ɓɎůŮɘ Űɘɠ ɢɟɐůŮɘɠ ɔɖɠ (.xlsx) 

¶ ɀɐəɞɠ ŰɛɖɛɎŰɤɜ ɡŭŬŰɞɟŮɨɛŬŰɞɠ əŬɘ Űɘɛɏɠ Manning (.shp) 

¶ ȾɎɜɜŬɓɞɠ ɡŭŬŰɞɟŮɨɛŬŰɞɠ (.tiff)  

¶ ɄŬɟŬŰɖɟɖɛɏɜɖ Ŭˊɞɟɟɞɐ ůŰɖɜ ɏɝɞŭɞ Űɖɠ ɚŮəɎɜɖɠ  (.xlsx) 
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ɆɢɐɛŬ 2:  ɄŬɟɎɗɡɟɞ Űɖɠ ŮűŬɟɛɞɔɐɠ Űɞɡ ɚɞɔɘůɛɘəɞɨ, ŮɘůŬɔɤɔɐ əŬɘ ŬˊŮɘəɧɜɘůɖ DEM. 
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ɆɢɐɛŬ 3: ɄŬɟɎŭŮɘɔɛŬ ŭɘŮɝŬɔɤɔɐɠ ˊɟɞůɞɛɞɑɤůɖɠ ɛŮ ˊŬɟŬɛɏŰɟɞɡɠ ɞɟɘůɛɏɜŮɠ Ŭˊɧ Űɞ ɢɟɐůŰɖ. 

ȷˊɞŰŮɚɏůɛŬŰŬ ŮűŬɟɛɞɔɐɠ ɛɞɜŰɏɚɤɜ  

ɆŰŬ ůɢɐɛŬŰŬ 4 əŬɘ 5 ˊŬɟɞɡůɘɎɕɞɜŰŬɘ ŭɨɞ ˊŬɟŬŭŮɑɔɛŬŰŬ Ŭˊɧ Űɖɜ ŮˊɘŰɡɢɐ ŮűŬɟɛɞɔɐ Űɤɜ ŭɨɞ 

əŬŰŬɜŮɛɖɛɏɜɤɜ ɛɞɜŰɏɚɤɜ ˊɞɡ ŬɜŬˊŰɨɢɗɖəŬɜ ůŰɖɜ ˊŬɟɞɨůŬ ŮɟɔŬůɑŬ (ůɡɜŰŮɚŮůŰɏɠ Nash-

Sutcliffe Efficiency 0.95 əŬɘ 0.90 ŬɜŰɑůŰɞɘɢŬ) ɆɡɜɞɚɘəɎ, ŮɝŮŰɎůŰɖəŬɜ ŭɨɞ ŭɘŬűɞɟŮŰɘəɎ 

ŮˊŮɘůɧŭɘŬ ɓɟɞɢɧˊŰɤůɖɠ, əŬɘ ɞɘ ůɡɜŰŮɚŮůŰɏɠ Ŭˊɧŭɞůɖɠ Nash-Sutcliffe əŬɘ Űɤɜ ŭɨɞ ɛɞɜŰɏɚɤɜ 

ɐŰŬɜ ɘŭɘŬɑŰŮɟŬ əŬɚɞɑ, Ůɜɩ əŬɘ ɖ ŬɜŬˊŬɟŬɔɤɔɐ Űɤɜ Ŭɘɢɛɩɜ əŬɘ Űɤɜ ɢɟɧɜɤɜ ŮɛűɎɜɘůɖɠ Űɞɡɠ 

ɢŬɟŬəŰɖɟɑɕɞɜŰŬɘ Ŭˊɧ ŬɝɘɞˊɘůŰɑŬ. ɆŰɞ ɆɢɐɛŬ 6 ŬˊŮɘəɞɜɑɕŮŰŬɘ ɤɠ ˊŬɟɎŭŮɘɔɛŬ ɖ ɢɤɟɘəɐ 

əŬŰŬɜɞɛɐ Űɖɠ ŮˊɘűŬɜŮɘŬəɐɠ ŰŬɢɨŰɖŰŬɠ Űɞɡ ɜŮɟɞɨ əŬɗɩɠ əŬɘ ɖ ɢɤɟɘəɐ əŬŰŬɜɞɛɐ Űɖɠ ŰŬɢɨŰɖŰŬɠ 

ůŰɞ ɡŭɟɞɔɟŬűɘəɧ ŭɑəŰɡɞ ɔɘŬ ɏɜŬ Ŭˊɧ ŰŬ ŮˊŮɘůɧŭɘŬ. 
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ɆɢɐɛŬ 4: Ɇɨɔəɟɘůɖ ɛɞɜŰɏɚɞɡ ůɡɜɞɚɘəɞɨ ɡŭɟɞɔɟŬűɐɛŬŰɞɠ ɛŮ ˊŬɟŬŰɖɟɖɛɏɜɞ ɡŭɟɞɔɟɎűɖɛŬ. 

 

 

ɆɢɐɛŬ 5: Ɇɨɔəɟɘůɖ ɛɞɜŰɏɚɞɡ ŮˊɘűŬɜŮɘŬəɐɠ Ŭˊɞɟɟɞɐɠ ɛŮ ˊŬɟŬŰɖɟɖɛɏɜɞ ɡŭɟɞɔɟɎűɖɛŬ ɧˊɞɡ ɏɢŮɘ 

ŬűŬɘɟŮɗŮɑ ɖ ɡˊɞŭŮɟɛɘəɐ ɟɞɐ. 
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ɆɢɐɛŬ 6: ɇŬɢɨŰɖŰŮɠ əŮɚɘɩɜ Űɞɡ əŬŰŬɜŮɛɖɛɏɜɞɡ ɛɞɜŰɏɚɞɡ (ŭɨɞ Űɨˊɞɘ, ŮˊɘűŬɜŮɘŬəɐ ŰŬɢɨŰɖŰŬ əŬɘ 
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ŮɟŮɡɜɖŰɘəɧ Űɖɠ ůəɞˊɧ, əŬŰŬůŰɟɩɗɖəŬɜ ŭɨɞ əŬŰŬɜŮɛɖɛɏɜŬ ɛɞɜŰɏɚŬ ŰŬ ɞˊɞɑŬ ɢŬɟŬəŰɖɟɑɕɞɜŰŬɘ 

Ŭˊɧ ˊɞɚɨ əŬɚɏɠ ŮˊɘŭɧůŮɘɠ ůŰɖɜ ŮűŬɟɛɞɔɐ Űɞɡɠ ůŰɖɜ ŭŮŭɞɛɏɜɖ ˊŮɟɘɞɢɐ ɛŮɚɏŰɖɠ. ɆŰɖ 

ɛŮɗɞŭɞɚɞɔɑŬ ˊɞɡ ŬɜŬˊŰɨɢɗɖəŮ ůɡɛɓɎɚɞɡɜ ɞɘ ˊŬɟŬəɎŰɤ əŬɘɜɞŰɞɛɑŮɠ: 

¶ ȺɜůɤɛŬŰɩɜŮŰŬɘ ɛɑŬ ůɨɔɢɟɞɜɖ ɛɏɗɞŭɞɠ GIS ɔɘŬ Űɖɜ ŮəŰɑɛɖůɖ Űɞɡ ŭŮɑəŰɖ CN Ŭˊɧ 

ɔŮɤɢɤɟɘəɐ ˊɚɖɟɞűɞɟɑŬ. 

¶ ȷɝɘɞˊɞɘŮɑŰŬɘ ɛɑŬ ŮɛˊŮɘɟɘəɐ ůɢɏůɖ ɔɘŬ Űɖɜ ŬɜŬɔɤɔɐ Űɞɡ CN ůŮ ɞˊɞɘŬůŭɐˊɞŰŮ ůɡɜɗɐəŮɠ 
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ůɨɔɢɟɞɜɞ ɡŭɟɞɚɧɔɞ-ɛɖɢŬɜɘəɧ, ɔɘŬ ˊɞɘəɑɚŮɠ ɢɟɐůŮɘɠ: ɔŮɤɢɤɟɘəɐ ŬɜɎɚɡůɖ, ůŰŬŰɘůŰɘəɐ, 
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ɡˊɞɚɞɔɘůŰɘəɎ ˊŬəɏŰŬ, Ŭɚɔɧɟɘɗɛɞɘ ɓŮɚŰɘůŰɞˊɞɑɖůɖɠ, ŭɘŬɢŮɑɟɘůɖ ŭŮŭɞɛɏɜɤɜ, ɞˊŰɘəɞˊɞɑɖůɖ 

ŬˊɞŰŮɚŮůɛɎŰɤɜ ə.Ŭ., ŰŬ ɞˊɞɑŬ ŭɘŬůɡɜŭɏɞɜŰŬɘ ɛɏůɤ Űɖɠ əŬŰŬɝɘɤɛɏɜɖɠ ůŰɞɜ ŮˊɘůŰɖɛɞɜɘəɧ 
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ŭɘŬŭɘəŬůɘɩɜ. 

ȿɏɝŮɘɠ ï ȾɚŮɘŭɘɎ: ɛɞɜŰɏɚŬ ɓɟɞɢɐɠ-Ŭˊɞɟɟɞɐɠ, Python & ɡŭɟɞɚɞɔɑŬ, ɓŮɚŰɘɤɛɏɜɖ NRCS-CN 
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1 Introduction 

1.1 General context 

The scope of this study is the development of an event based distributed hydrological model 

dealing with rainfall-runoff simulation. In contrast with most contemporary hydrological 

models (some of them discussed in Chapter 2), we seek for a parsimonious approach in data 

requirements and parameters needed. Also, this study aims to incorporate many novel and 

recent methodologies/techniques that fuse geospatial operations with rainfall ï runoff modeling 

and attempt to solve a common problem with most rainfall-runoff models that are not coupled 

with hydraulic models: that of the oversimplified assumption of a spatiotemporally constant 

value of channel network velocity. 

Also, there is a second, but equally important HydroInformatics ï related objective of this 

thesis: the integration of various tools that help the modern hydrologist perform data analysis, 

geospatial operations, simulation/optimization, numerical analysis and visualization in a single 

platform. For automation of data handling, simulation and optimization procedures and 

visualization, a GUI software is implemented, written in the high-level programming language 

Python. Also, novel programming paradigms (in the sense of the usual ñengineeringò approach 

to programming) such as parallel programming and Just-In-Time (JIT) compilation are 

implemented, so as to reduce the typically expensive computation cost (in terms of execution 

time) associated with distributed models that operate in fine time and spatial scales (usually 

time step smaller than one hour, and grid size smaller than 100 m) These fine scales 

exponentially increase computations needed and such models are of particular interest for code 

optimization. 

1.2 Structure of the thesis 

This thesis comprises ten chapters: 

In the second Chapter a literature review is conducted in order to document and analyze the 

theoretical background regarding the rainfall ï runoff models. Also, some of the most known 

distributed models are described.  

The third Chapter is a review of GIS programming tools, presented in order to illustrate the 

most common available tools in hydrological studies and to stimulate the reader about modern 

practices. 

The fourth  Chapter consists of an overview of the chosen programming language, Python, 

and its advantages over others. In addition, the packages and libraries employed in this thesis 

are introduced. 

In Chapter five the applied methodology of this study is thoroughly described. All the 

procedures used in the implementation of the two models and the novelties of this work are 

listed in this chapter. 

Chapter six provides the necessary information regarding the calibration procedure. 

Chapter seven is the model implementation in Python, in which the procedure followed for the 

creation of the two models is described in detail. Also, in the same chapter is described the 

software application which is developed, with all its capabilities. 
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In Chapter 8, Nedontas stream basin, which is the study case of this thesis is presented and the 

relevant data. 

Next, Chapter 9 contains the results, the parameters as well as the performance metrics of the 

two models implemented. 

Chapter 10 discusses the conclusions of this study. This chapter consists of a summary of the 

topics treated in this thesis, the novelties of the work, final remarks regarding the conclusions 

made from all analyses and, finally, suggestions for further research. 
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2 Review of distributed hydrological models 

As the scope of this work is the development of an event-based distributed hydrological model, 

this chapter acts as a brief introduction to rainfall-runoff modelling and a short review of some 

widespread distributed models that are extensively referred in the literature. 

2.1 Classification of rainfall -runoff models  

Rainfall ï runoff models are no different than other general computational models in the sense 

that they are simplified representations of real-world systems. In fact, hydrological models deal 

with the complex nature of rainfall-runoff processes, which is determined by a number of highly 

interconnected water, energy and vegetation processes at various and mixed spatial scales, most 

of them not well understood or easy to represent with equations and/or models. All these 

processes exhibit large uncertainty, thus making essential to employ several modeling 

assumptions. Hydrologists rely on their self- understanding of the system gained through 

interaction with it, observation and experiments, in what is known as perceptual modeling 

(Beven, 2001). 

There are many classifications of rainfall-runoff models found in the literature. The most 

common distinctions are between (Sorooshian et al., 2008): 

¶ Deterministic and stochastic models: Deterministic models generate the same output for 

every model run, for given parameters, whereas stochastic models use probabilistic 

inputs, thus providing different outputs for given parameters. 

¶ Event-based and continuous: Event-based models run for a specific time period, to 

represent the response of the basin against a given rainfall event, whereas continuous 

models simulate arbitrary long periods of time, comprising both rainfall and non-rainfall 

events and generally changing conditions throughout simulation. Typically, event-based 

models are quite sensitive against the initial conditions, which should be carefully 

determined by the user. 

¶ Physically-based (white-box), empirical (black-box) and conceptual (grey-box) models: 

The differences of these three approaches are summarized in Table 2.1. 

 

Table 2.1: Summary of empirical, conceptual and physically-based models (adapted from Gayathri et al., 

2015). 

Empirical  Conceptual  Physically -based 

¶ Data-driven or metric or 

black box  

¶ Involve mathematical 

equations, derive value 

from available time  series 

¶ Little consideration  of 

features and processes of 

the system 

¶ Parametric or grey box  

¶ Based on modeling of 

reservoirs and include 

semi-empirical equations 

with macroscopic 

physical basis 

¶ Parameters are derived 

from calibration  

¶ Mechanistic or white box  

¶ Based on spatial distribution, 

evaluation of parameters 

describing physical 

characteristics 

¶ Require data about initial 

state of model and 

morphology of the 

catchment  
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¶ High predictive power, low 

explanatory depth  

¶ Cannot be transferred to 

other catchments  

¶ Examples: ANN, unit 

hydrograph  

¶ Valid within the boundary 

of given domain  

¶ Simple and easily 

implemented i n 

computer code  

¶ Require large 

hydrological and  

meteorological data  

¶ Examples: HBV model, 

TOPMODEL 

¶ Calibration involves curve 

fitting make difficult 

physical interpretation  

¶ Complex model , requir ing 

human expertise and 

computational capability  

¶ Suffer from scale -related 

problems  

¶ Examples: SHE/MIKESHE 

model, SWAT 

¶ Valid for w ide range of 

situations 

 

¶ Lumped and distributed models:  

The latter is essentially the most distinctive model classification. In lumped models, the spatial 

variability is discarded from the model, as the whole basin is a unit generating runoff. Thus, the 

input data (mainly the precipitation) is forced to relate with the output data (streamflow) without 

considering spatial processes, patterns and characteristics. The lumped hydrologic models 

impose many assumptions, especially in large watersheds, as variables and parameters are 

representative average values (lumped) for a river basin with semi ï empirical equations 

describing the physics (Refsgaard, 1996). Lumped models were first conceived nearly 170 years 

ago, to address the limitation of data and computational power. The first widely used rainfall ï

runoff model is attributed to Mulvaney (1851), and it is widely known as the rational method.  

On the other hand, a distributed model accounts for spatial variations of processes and 

properties, thereby explicit characterization of the processes and patterns is made (Beven, 1985; 

Refsgaard, 1996; Smith et al., 2004). Probably, the first distributed model was introduced by 

Ross (1921), who attempted to divide zones in the catchment area on the bases of travel time 

to outlet and used routing techniques. The modern availability of high spatial resolution data 

such as DEM, precipitation, vegetation, soil and other atmospheric variables has led to a recent 

surge in developing many sophisticated distributed hydrologic models. In a distributed 

physically ïbased model the water and energy fluxes are usually computed from the prevailing 

partial differential equations (e.g., Saint Venantôs equations for overland and channel flow, 

Richardôs equation for unsaturated flow and Boussinesqôs equation for groundwater flow) 

(Refsgaard, 1996). Distributed models have advantages, in terms of considering spatially 

variable inputs and outputs, assessment of pollutants and sediment transport, and also analyzing 

the hydrological responses at ungauged basins (Smith et al., 2004). Due to the fact that 

distributed models make distributed predictions, there is a lot of potential for evaluating not 

only the predictions of discharge at a catchment outlet, but also the internal state variables, such 

as water table levels, soil moisture levels, and channel flows at different points on the network. 

In the last two decades, few attempts were made to validate the predictions. This is clearly 

partly due to the difficulty of collecting measurements (Beven, 2012). It is worth noting that all 

distributed models require effective parameter values to be specified at the scale of the 

calculation elements that may be different from values measured in the field. Distributed 

predictions indicate that distributed data can be used in model calibration but evaluation of this 

type of model may be difficult due to differences in scale of predictions and measurements, and 



5 

the fact that the initial and boundary conditions for the model cannot be specified with sufficient 

accuracy. 

2.2 Physical processes modeled within rainfall-runoff models 

Beven (2012) argues that our understanding on the physical processes is still evolving and there 

is a debate among many hydrologists about the most important processes in rainfall-runoff 

modelling and generally, different processes may be dominant in different environments. 

Conceptually, most hydrological models incorporate variations of the processes represented in 

Figure 2.1. These are mostly attributed to mechanisms from the seminal works of Horton 

(1933), Cappus (1960), Hewlett (1961), Hursch (1936), Betson (1964), Dunne (1970), and 

Weyman (1970), as depicted in Figure 2.2 (Beven, 2012). 

 

Figure 2.1: Hydrological processes incorporated in most rainfall -runoff models (Beven, 1991). 
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Figure 2.2: Mechanisms represented in seminal works in hydrology (Beven, 2012). 
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In their simpler form, hydrological models require two essential components: one to determine 

how much of a rainfall event becomes part of the storm hydrograph (the runoff generation 

component, related to volume), the other to take account of the distribution of that runoff in 

time to form the shape of the storm hydrograph (the runoff routing component, related to 

temporal distribution). These two components may appear in many different guises and degrees 

of complexity in different models, but they are always there in any rainfallïrunoff model, 

together with the difficulty of clearly separating one component from the other. In general, it is 

accepted that the runoff generation problem is the more difficult (Beven, 2012). Practical 

experience suggests that the complexities and nonlinearities of the flow generation processes 

are much greater than for the routing processes, and that relatively simple routing models may 

suffice. One of the most common routing processes in the literature is the Muskingum method. 

2.3 Brief review of common distributed hydrological models 

Some hydrological models based on a grid to grid approach are listed below. Firstly, the fully 

3-D models of Binley et al. (1989a, 1989b) and Paniconi and Wood (1993) use a grid-based 

spatial discretization. The ANSWERS model (Beasley et al., 1980; Silburn and Connolly, 1995; 

Connolly et al., 1997), which has its origins in one of the very first fully distributed grid-based 

models of Huggins and Monke (1968), essentially considers only an infiltration excess runoff 

generation mechanism, using the GreenïAmpt infiltration equation to predict excess rainfall on 

each grid element. The runoff generated is then routed towards the stream channel in the 

direction of steepest descent from each grid element. The CASC2D model of Doe et al. (1996) 

and Downer et al. (2002) is similar in that it also uses a GreenïAmpt infiltration equation, but 

it uses a 2-D diffusion wave approximation to model overland flow on the hillslopes and a 1-D 

diffusion wave model for the channel reaches. CASC2D was later extended to include more 

subsurface flow processes as the Gridded Surface/Subsurface Hydrologic Analysis (GSSHA) 

model (Downer and Ogden, 2004; Downer et al., 2005). Moreover, the 3-D version of 

HILLFLOW of Bronstert and Plate (1997) is a grid ï based model, with the interesting option 

of modelling the Richards equation using the fuzzy logic methodology of Bardossy et al. (1995). 

HILLFLOW also has a 2-D option for modelling individual hillslope elements. 

2.3.1 SHE Model 

A widely known hydrological model based on grid elements is the Syst¯me Hydrologique 

Europ®en (SHE) model, which was introduced in 1977, as collaboration between the UK 

Institute of Hydrology, the Danish Hydraulics Institute (DHI) and SOGREAH of Grenoble in 

France. Beven et al. (1980) have published an early description of the model. Later, an 

explanation of the modelling philosophy was provided by Abbott et al. (1986a, 1986b), and 

finally, the first full application, to the Institute of Hydrology River Wye experimental 

catchments at Plynlimon, Wales (10 km2) was published in a series of articles by Bathurst 

(1986a, b). 

SHE, which is a grid ï based model, divides the catchment into a number of square or 

rectangular grid elements, linked to channel reaches that run along the boundaries of the 

hillslope grid. The grid size in case studies that employ SHE ranges from 50 m up to 2 km in a 

recent case study for the Kolar and Narmada catchments in India, which is a very wide range. 

However, it is obvious that in the latter case the grid size is so large that the model cannot be 

considered to be representing flow on the hillslopes or in the smaller channels of the catchment 

in any meaningful way. 

Each hillslope grid element has a specified surface elevation and model components for 

interception, evapotranspiration, snowmelt and one-dimensional vertical unsaturated zone flow 

where appropriate. A two-dimensional surface runoff and groundwater components links the 
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grid elements. Internal boundary conditions allow the coupling of surface flow and infiltration 

into the unsaturated zone, the unsaturated and saturated zones at the local water table, and 

groundwater and channel flows. The model is able to predict a variety of runoff generation 

processes on each grid element, including both infiltration excess and saturation excess runoff, 

and the groundwater flow component can be used to simulate subsurface contributions to the 

hydrograph under suitable conditions.  

The main disadvantage of this model is the large number of parameters. The parameter values 

required are effective values at the grid element scale, which may not be the same as values that 

might be measured locally. Nevertheless, the model also offers the potential to specify fully 

distributed precipitation and meteorological data across the model grid elements, if the data are 

available. The predictions are, however, dependent on the grid scale used. 

2.3.2 SHE evolution 

A UK version of SHE is SHETRAN, which is based within the Water Resource Systems 

Research Unit at the University of Newcastle. SHETRAN has added contaminant and sediment 

transport components (Bathurst et al., 1995, 2004; Ewen et al. 2000). The DHI version, MIKE 

SHE, has also added a contaminant transport component (Refsgaard and Storm, 1995). In both 

cases, the predictions of contaminant transport are based on the advectionïdispersion equation. 

Both DHI and the University of Newcastle now have versions of SHE which make fully 3 ïD 

solutions for the unsaturated ï saturated flow domain. MIKE SHE has also added options to 

use a simple groundwater store where a fully subsurface solution is not justified and to predict 

a preferential recharge to the saturated zone as a simple proportion of the infiltration rate 

(Refsgaard and Storm, 1995). Such modifications undermine the way in which models purport 

to be ñphysically-basedò. 

2.3.3 G2G model 

In the Probability Distributed Moisture PDM model, which is described in Figure 2.3, the 

multiple storage elements are allowed to fill and drain during rainstorm and interstorm periods 

respectively. If any storage component is full then any additional rainfall is assumed to reach 

the channel quickly as storm runoff. A slow drainage component is allowed to deplete the 

storages between storms, contributing to the recession discharge in the channel and setting up 

the initial storages prior to the next storm. Evapotranspiration is also taken from each store 

element during the interstorm periods. 

The advantages of the PDM model are its analytical and computational simplicity. It has been 

shown to provide good simulations of observed discharges in many applications so that the 

distribution of conceptual storages can be interpreted as a realistic representation of the 

functioning of the catchment in terms of runoff generation. However, no further interpretation 

in terms of the pattern of responses is possible, since there is no way of assigning particular 

locations to the storage elements. In this sense, the PDM model remains a lumped representation 

at the catchment scale. 
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Figure 2.3: Structure of the PDM model (K.J. Beven, 2012). 

The Figure 2.4 illustrates a PDM model, used as a semi-distributed model, where PDM 

elements represent grid squares feeding a grid-to-grid routing method. 

 

Figure 2.4: Integration of the PDM grid elements inti the G2G model (after Moore et al. 2006). 
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This Grid to Grid (G2G) model is directly descended from the distributed forms of PDM model 

noted above and makes use of the same way of relating the maximum storage in the runoff 

generation function to the local mean slope for each grid. 

The G2G model is the first example of a hydrological model for the whole of the UK. It makes 

use of calibration, wherever gauging station data are available, but can also provide predictions 

for ungauged subcatchments and catchments, if  data are not available. Any grid element in the 

country can be interpreted (or color coded in a visualization) for the current state of the flow in 

either absolute terms or as a frequency of occurrence. This makes the model a useful tool for 

forecasting purposes.  

G2G has now operational use in the UK (Met Office Global and Regional Ensemble Prediction 

System - MOGREPS), since it provides predictions of potential flooding with long lead times. 

This model runs on a 1 km grid for the whole of the UK up to five days ahead, enabling a 

probabilistic evaluation of the potential for flooding across the country. 

2.3.4 TOPMODEL  

A simple approach to predicting spatial patterns of the responses in a catchment is represented 

by TOPMODEL (Beven et al. 1995; Beven 1997). This aims to develop a pragmatic and 

practical forecasting and continuous simulation model and a theoretical framework within 

which perceived hydrological processes and model procedures may be researched. 

The parameters of the model are physically interpretable and few in number, so as to ensure 

that values determined by a calibration exercise should be more easily identifiable. This model 

represents an attempt to combine the computational and parametric efficiency of a distribution 

function approach, with the link to physical theory and possibilities for more rigorous 

evaluation of spatial patterns of predictions offered by a fully distributed model. 

 

Figure 2.5: Definition of the upslope area and draining through a point within a catchment (K. J. Beven, 

2006).  

TOPMODEL is considered as an improved approximation of the kinematic wave description 

of the subsurface flow system. This link was explicitly made by Kirkby (1997) and Wigmosta 

and Lettenmaier (1999). It is premised upon two basic assumptions: that the dynamics of the 

saturated zone can be approximated by successive steady state representations of the saturated 

zone on an area a draining to a point on a hillslope (Figure 2.3) and that the hydraulic gradient 
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of the saturated zone can be approximated by the local surface topographic slope, tan ɓ. These 

assumptions lead to simple relationships between catchment storage (or storage deficit below 

saturation), in which the main factor is the Kirkby topographic index (a/ tan ɓ) (Kirkby, 1975), 

which represents the propensity of any location to reach saturated conditions. 

TOPMODEL was initially developed for simulating small catchments in the UK. The results 

indicate that reasonable results are possible using the minimum parameters for calibration. It is 

worth mentioning that catchments with deeper groundwater systems or locally perched 

saturated zones are more difficult to model. These tend to go through a wetting up sequence at 

the end of the summer period in which the controls on recharge to any saturated zones and the 

connectivity of local saturated zones may change with time. Durand et al. (1992) have shown 

that this model can successfully simulate discharges in catchments with fast responses. 

Regarding the software involved with TOPMODEL, there are two programs associated. The 

first one, for initial analysis of a catchment DTM (DTMAnalysis) and the second one 

TOPMODEL99 to simulate hydrographs and contributing areas, but also to carry out model 

sensitivity analysis. 

Overall, this rainfall ï runoff model, by employing an index of hydrological similarity using 

topography and soil information, can map the predictions. The calculations are based on the 

distribution of the index, which greatly reduces the required computer resources. The 

TOPMODEL concepts are not, however, applicable everywhere, particularly in catchments 

subject to strong seasonal drying when the basic assumptions underlying the index break down. 

It is important to mention that the simplicity of the TOPMODEL calculations have allowed the 

interaction between grid resolution of the topographic analysis and calibrated parameter values 

to be studied in a number of applications. A similar interaction between scale of discretization 

and effective parameter values should hold for more complex models, including physically 

based fully distributed models, but may not be so readily apparent. 

2.3.5 SWAT model (Soil and Water Assessment Tool) 

The development of SWAT is an ongoing procedure and it is the successor of ñthe Simulator 

for Water Resources in Rural Basinsò model (SWRRB). SWAT model is a complex physically 

ï based model and was designed to test and forecast the water and sediment circulation and 

agriculture production with chemicals in ungauged basins. It is efficient in performing long-

term simulations. The model delineates the entire catchment into sub-catchments, which are 

further divided into hydrologic response units (HRU), on the basis of land use, vegetation and 

soil characteristics. Model inputs are daily rainfall data, maximum and minimum air 

temperature, solar radiation, relative air humidity and wind speed, while its outputs are water 

and sediment fluxes, vegetation growth and nutrients concentrations. Snowfall is estimated on 

the basis of precipitation and mean daily air temperature, while the methods of Penman-

Monteith, Priestly-Taylor and Hargreaves are used for the estimation of potential 

evapotranspiration. In order to obtain accurate forecasting of water, nutrient and sediment 

fluxes, it is necessary to simulate the full hydrologic cycle of the catchment, by employing the 

water balance equation: 

Ὓὡ Ὓὡ Ὑ ὗ ὡ ὉὝ ὗ  
(2.1) 

where SWt is the humidity of soil, SW0 is base humidity, Rv is rainfall volume in mm water, Qs 

is the surface runoff, Ws is seepage of water from soil to underlying layers, ET is 

evapotranspiration, Qgs is ground water runoff and t is time, in days. 
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3 Computational tools for GIS programming 

Considering the spatial character of parameters and inputs controlling the hydrological 

processes across a river basin, it is not surprising that Geographic Information Systems 

(GIS) have become an integral part of hydrological studies. This chapter provides an 

overview of open source GIS software used in hydrological and geospatial analysis, used 

in the course of this work and providing insight on useful functionality. As a remark, in 

the early stages of the thesis, the proposed model in chapter 7 was developed as a 

QGIS/Grass plugin, before implementing it as a standalone application. 

3.1 QGIS 

3.1.1 General 

QGIS is an Open Source Geographic Information System (GIS) that was established in 

2002, by G. Sherman. The project was incubated with the Open Source Geospatial 

Foundation (OSGeo) in 2007. Initially, it aimed to provide a GIS data viewer for common 

geospatial formats, however functionality over time increased exponentially due to a large 

community of users and developers. It has reached a point in its evolution where it is being 

used for daily GIS data analysis in many fields replacing paid professional GIS services. 

This Open Source GIS could be installed on Windows, Mac OS X, Unix, Linux, and 

Android operating systems, making it a very flexible software package, which any scientist 

could use and develop. 

3.1.2 Overview of QGIS  

This section provides an overview of the basic functionalities of the program, and its use 

in the domain of hydrology, hydraulics and water resources management. 

QGIS is composed of two programs, QGIS Desktop and QGIS Browser. Desktop is used 

for managing, displaying, analyzing, and styling data, while the Browser is used to manage 

and preview data. One of the main strengths of this program is its ability to load a large 

number of data types. The user is able to load vector files, with the opportunity to choose 

the source type and source of the dataset. The commonly used flat file types are ESRI 

shapefile (.shp), AutoCAD DXF (.dxf), Comma separated values (.csv), GPS eXchange 

Format (.gpx), Keyhole Markup Language (.kml), SQLite/SpatiaLite (.sqlite/.db). QGIS 

Directory can load data stored on disk that is encased in a directory. The commonly used 

directory types are U.S.   Foundation. As a library, it presents a single raster abstract 

data model and single vector abstract data model to the calling application for all supported 

formats. It also comes with a variety of useful command line utilities for data translation 

and processing. QGIS, as well as many other programs, use GDAL to handle many 

geospatial data processing tasks. QGIS supports PostGIS, SpatiaLite, MSSQL, and Oracle 

databases. 

Also, QGIS supports the loading of OGC-compliant web services, such as WMS/WMTS, 

WCS, and WFS. Loading a web service is similar to loading a database service. In general, 

it is necessary to create a new server connection, connect to the server to list the available 

services, and add the service to the QGIS project. 

With QGIS, the composition of maps is swift and the program is capable of printing or 

exporting to image and graphic files. The Print Composer presents a blank sheet of paper 

for the map crafting. Apart from the map body, the user could add images, text, legend, a 

scale bar, graphic shapes, arrows, attribute tables, and HTML frames. Map elements 
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become graphics on the composition canvas. The user could customize the properties of 

the map, the size of the paper etc. The Atlas generation tab allows the generation of a map 

book. For example, a municipality could generate an atlas by using a map sheet GIS layer 

and specifying which attribute column contains the map sheet number for each polygon. 

The Items tab allows toggling individual map elements on and off. 

 

Figure 3.1: Composing maps in QGIS environment (QGIS manual). 

3.1.3 Adding functionality with plugins  

Even though the existence of potential workflows, analysis settings, and datasets within the 

broad field of GIS are numerous, no out-of-the-box software could contain the tools for every 

scenario. Fortunately, QGIS has been developed with plugin architecture from ground up. 

Plugins are add-ons to QGIS that provide additional functionality. Some are written by the core 

QGIS development team and others are written by the QGIS community. Some useful and well 

known plugins are being presented below. 

OpenLayers Plugin 

This plugin allows the user to insert an OpenStreetMap, Google, Bing map as a layer. Using 

the panel, the map type can be selected. The raster image that is been loaded could be used as 

a backdrop to help find out the location on the map. Figure 3.2 illustrates the application of this 

plugin. This plugin can be very useful in a hydrologic study as it allows the user to assess the 

real world terrain characteristics from real and recent satellite images. 

 

Figure 3.2: OpenLayers Plugin interface (OpenLayers manual). 
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 Floodrisk plugin 

This open source and free analysis toolbox, part of the open-source geographic information 

system Quantum GIS, was developed for estimating flood impacts due to flooding and, hence, 

to help authorities understand better and manage flood risk. These tools are not intended to be 

business-ready software applications; however, it is usable by third parties for evaluation and 

demonstration purposes. 

The tool performs simple risk assessments, considering fixed event scenarios, estimates the 

probability of each scenario separate and calculates the consequences deterministically. In order 

to perform these tasks, the hazard, receptor and vulnerability are required. 

In order to quantify the flood hazard, the maximum depth values and the maximum velocity 

values maps. In general, the inundation map is essential. Since timely flood warnings can save 

lives, warning time is a crucial data to assess the consequences for people. Therefore, the tool 

needs as input the information of the zones with different warning time (denoted as warning 

time map). The warning time indicates the amount of time between the reception of a warning 

and the instant in which the population of each structure could be affected by the flood event, 

i.e. the amount of time in which the population of each structure can mobilize or adopt 

mitigation measurements. 

Receptors are considered the exposure, referring to peopleôs assets and activities, threatened or 

potentially threatened by a hazard. The exposure data of the study area is stored in a geo ï 

database. The dataset must consist of the following maps: 

Á the polygon boundary of the study area 

Á census map of population 

Á buildings and/or land use map 

Á lines maps of infrastructures (e.g. roads, railways etc.) 

Receptors are defined in this case as characteristics of a system that describe its vulnerability. 

Catastrophic floods, such as those by dam-break or levee failure, can cause fatalities. In this 

case, the parameter "fatality rate" (or more presicely the percentage of the population at risk of 

death) is generally adopted to quantify vulnerability. Fatality rates are based on flood severity, 

warning time and warning quality. 

There are empirical methodologies of literature calibrated on historical cases that provide values 

of fatality rates as a function of the parameters mentioned above. FloodRisk tool contains some 

of these tables of values. A flood can cause, also, many types of economic damages that can be 

classified in a variety of ways. The tool is able to calculate the tangible direct physical damages, 

i.e. the damages resulting from floodwaters on property and structures. Tangible damages are 

usually quantified and measured as monetary losses. Flood damages depend on many variables. 

These variables might include depth of water, velocity of floodwaters, duration of flood, 

sediment load, and contamination. However, flood damage to structure is strongly dependent 

on the water depth of a flood (Merz et al., 2010). 

Geographical information systems (GIS) tools are ideal to manage spatial information, 

providing adequate spatial processing and visualization of results. The tool, takes into account 

the quality and dissemination nowadays reached by Geographic Free/Open-Source Software 

(GFOSS) and has it in order to make available the results of the project. The main advantage of 

QGIS relies on the easiness and quickness in developing new plug-ins, using Python language. 

Therefore, this project was developed in QGIS platform and the interface was created in Python. 

FloodRisk toolbar is shown in the following Figure. Each button is linked to a window with 
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several options, such as menus, labels, edition windows, combo boxes, and simple buttons, that 

help the user to access input and output directories. 

Example of loss maps produced using FloodRisk engine and presenting the expected economic 

losses for a benchmarking study case, proposed by the organizer committee of the 12th ICOLD 

International Benchmark Workshop on Numerical Analysis of Dams, are presented in Figure 

3.4.  

In conclusion the tool can be used to prioritize corrective actions to achieve an informed risk 

reduction or for the identification of the "optimal" measures of risk mitigation. 

 

Figure 3.3: FloodRisk toolbar (FloodRisk manual). 

 

Figure 3.4: Example of damages map (FloodRisk manual). 

RiverGIS 

RiverGIS is a QGIS plugin for creating HEC ï RAS flow model geometry from spatial data. 

The functionality is similar to that of HEC ï GeoRAS. For data store and spatial operations it 

needs a PostGIS database. RiverGIS is free software and is released under the GNU General 

Public License. 

RiverGIS is capable of creating a HEC ï RAS model (1D and 2D). The fundamental difference 

from HEC ï GeoRAS is that the RiverGIS uses a PostgresSQL database with the PostGIS 

spatial extension for data storage. A single PostgreSQL database can be used to store many 

http://qgis.org/
http://www.hec.usace.army.mil/software/hec-georas/
http://postgis.net/
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model geometries. Each model goes to its own schema, a kind of database directory for data 

grouping. Therefore, the first step is to create a new schema for a model. HEC ï RAS 1D flow 

model geometry consists of rivers network, cross-sections and, optionally, hydraulic structures 

such as weirs, bridges or storage areas. Users have an option to import spatial data to the 

database from other data formats (i.e. ESRI Shapefiles) or create it from scratch. 

The second step is the definition of the geometry data, its creation or import. These data are 

stored in a river database table, containing river lines, cross-sections etc. If a table needs a userôs 

specified attribute, it is given in the user defined attributes column. Attribute names of the 

source data can differ from the database attribute names, but can be mapped easily to the right 

column, as shown above. If the required attributes are empty or nonexistent, users have to fill 

the database columns by hand after the import. 

After that definition of the river network, the cross sections need to be presented. The elevation 

tool generates points along the cross-sections. RiverGIS also has the possibility of representing 

hydraulic structures, e.g. bridges, culverts etc. 

 

Figure 3.5: RiverGIS interface (RiverGIS manual). 

As Figure 3.5 illustrates, the plugin can generate a model to import into HEC-RAS. RiverGIS 

builds 2D HEC ï RAS geometry using the following river database tables created by a user: 

Á FlowAreas2D: a polygon layer representing 2D Flow Areas. It has 2 user defined 

attributes the 2D Flow Area name and the mesh cell size for a flow area. 

Á BreakLines2D: a polyline layer for aligning cell faces along the breaklines with 3 

user defined attributes, the default mesh points spacing along a structure, the default 

mesh points spacing across a structure and the number of mesh rows that should be 

aligned to a breakline. 
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Á BreakPoints2D: a point layer for creating a cell face at exact locations along the 

breaklines (optional). No attributes required. 

Á DTM: a digital terrain raster layers set. 

The creation of the 1D base model with available 1D tools is considered to be the base model 

for the 2D flow areas. By defining the attributes of the FlowAreas2D and BreakLines2D, the 

2D mesh is created (Figure 3.5). 

 

Figure 3.5: 1D model in RiverGIS (RiverGIS manual). 

FreeWAT 

FreeWAT platform is a large plugin integrated into QGIS. FREEWAT includes several 

modules for dealing with water management issues, with particular attention to groundwater. 

Simulation codes (mainly from the MODFLOW USGS family) for dealing with groundwater-

related processes (e.g., groundwater flow, solute transport in aquifers, etc.) constitute the basis 

of the plugin. he complete list of modules so far integrated is provided below: 

Á Observations Analysis Tools (OAT) for time series analysis. 

Á Tools for analysis, interpretation and visualization of hydrogeological data (akvaGIS) 

Á Tools for analysis of groundwater quality datasets (akvaGIS) 

Á Groundwater flow modelling (based on MODFLOW-2005) 

Á Solute transport in the unsaturated zone (based on MT3D-USGS and the USB module) 

Á Solute transport in the saturated zone (based on MT3DMS) 

Á Density-dependent groundwater flow (based on SEAWAT) 

Á Management of water in agriculture (based on the FARM Process) 

Á Water management and planning (based on MODFLOW-OWHM) 

Á Crop yield at harvest (based on the Crop Growth Module, from the EPIC family) 

Á Sensitivity analysis and calibration (based on UCODE_2014) 

The Figure 3.6 shows how the different modules are interconnected, taking as reference a 

standard modelling procedure. 
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Figure 3.6: Flow ï chart of the different modules in FreeWAT (FreeWAT manual). 

3.2 GRASS 

3.2.1 General Information 

Geographic Resources Analysis Support System (commonly referred to as GRASS GIS), is a 

Geographic Information System (GIS) used for data management, image processing, graphics 

production, spatial modelling, and visualization of many types of data. It is an Open Source 

Software released under General Public License (GNU). GRASS GIS is an official project of 

the Open Source Geospatial Foundation. 

Originally developed by the U.S. Army Construction Engineering Research Laboratories 

(USA-CERL, 1982-1995), a branch of the US Army Corp of Engineers, as a tool for land 

management and environmental planning by the military, GRASS GIS has evolved into a 

powerful utility with a wide range of applications in many different areas of applications and 

scientific research. GRASS is currently used in academic and commercial settings around the 

world, as well as many governmental agencies including NASA, NOAA, USDA, DLR, CSIRO, 

the National Park Service, the U.S. Census Bureau, USGS, and many environmental consulting 

companies. 

In September 2006, the GRASS Project Steering Committee was formed which is responsible 

for the overall management of the project. The PSC is especially responsible for granting SVN 

write access. 

GRASS GIS contains over 350 modules to render maps and images on monitor and paper, 

manipulate raster and vector data including vector networks, multispectral image data 

processing and create, manage, and store spatial data. GRASS GIS offers both an 

intuitive graphical user interface as well as command line syntax for ease of operations. 

3.2.2 Capabilities 

These are some of main capabilities that the program has to offer: 

Á Raster analysis: Automatic rasterline and area to vector conversion, Buffering of line 

structures, Cell and profile dataquery, Colortable modifications, Conversion to vector 

and point data format, Correlation/covariance analysis, Expert system analysis, Map 
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algebra (map calculator), Interpolation for missing values, Neighborhood matrix 

analysis, Raster overlay with or without weight, Reclassification of cell labels, 

Resampling (resolution), Rescaling of cell values, Statistical cell analysis, Surface 

generation from vector lines. 

Á 3D-Raster analysis: 3D data import and export, 3D masks, 3D map algebra, 3D 

interpolation (IDW, Regularised Splines with Tension), 3D Visualization (isosurfaces), 

Interface to Paraview and POVray visualization tools. 

Á Vector analysis: Contour generation from raster surfaces (IDW, Splines algorithm), 

Conversion to raster and point data format, Digitizing (scanned raster image) with 

mouse, Reclassification of vector labels, Superpositioning of vector layers. 

Á Point data analysis: Delaunay triangulation, Surface interpolation from spot heights, 

Thiessen polygons, Topographic analysis (curvature, slope, aspect), LiDAR 

Á Image processing: Support for aerial and UAV images, satellite data (optical, radar, 

thermal), Canonical component analysis (CCA), Color composite generation, Edge 

detection, Frequency filtering (Fourier, convolution matrices), Fourier and inverse 

Fourier transformation, Histogram stretching, IHS transformation to RGB, Image 

rectification (affine and polynomial transformations on raster and vector targets), Ortho 

photo rectification, Principal component analysis (PCA), Radiometric corrections 

(Fourier), Resampling, Resolution enhancement (with RGB/IHS), RGB to IHS 

transformation, Texture oriented classification (sequential maximum a posteriori 

classification), Shape detection, Supervised classification (training areas, maximum 

likelihood classification), Unsupervised classification (minimum distance clustering, 

maximum likelihood classification). 

Á DTM -Analysis: Contour generation, Cost/path analysis, Slope/aspect analysis, Surface 

generation from spot heights or contours. 

Á Geocoding: Geocoding of raster and vector maps including (LiDAR) point clouds. 

Á Visualization: 3D surfaces with 3D query (NVIZ), Color assignments, Histogram 

presentation, Map overlay, Point data maps, Raster maps, Vector maps, Zoom/unzoom 

ï function. 

Á Map creation: Image maps, Postscript maps, HTML maps. 

Á SQL-support: Database interfaces (DBF, SQLite, PostgreSQL, mySQL, ODBC). 

Á Geostatistics: Interface to "R" (a statistical analysis environment), MATLAB, etc. 

Á Temporal framework : support for time series analysis to manage, process and analyze 

(big) spatio-temporal environmental data. It supports querying, map calculation, 

aggregation, statistics and gap filling for raster, vector and raster3D data. A temporal 

topology builder is available to build spatio-temporal topology connections between 

map objects for 1D, 3D and 4D extents. 

Á Furthermore : Erosion modelling, Landscape structure analysis, Solution transport, 

Watershed analysis. 
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Figure 3.7: Vector data analysis in GRASS GIS (GRASS GIS manual). 

 

Figure 3.8: Mars topography from Mars Global Surveyor MOLA data (GRASS GIS manual). 
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Figure 3.9: Floor bathymetry from MB ï System (GRASS GIS manual). 

As far as hydrological sciences are concerned, GRASS GIS offers a variety of possibilities for 

the hydrologists. The most significant ones are listed below: 

Á Itzµ: A dynamic, fully distributed hydrologic and hydraulic model that simulates 2D 

surface flows on a regular raster grid using simplified shallow water equations. It uses 

GRASS GIS as a back-end for reading entry data and writing results. 

Á r.topmodel: Simulates TOPMODEL which is a physically based hydrological model 

(see section 2.3.4). 

Á HydroFOSS: A distributed, physically based hydrological model. 

Á SWAT: A river basin scale model developed to quantify the impact of land management 

practices in large, complex watersheds (see section 2.3.5). 

Á r.water.fea: Interactive program that allows the user to simulate storm water runoff 

analysis using the finite element numerical technique. Infiltration is calculated using the 

Green-Ampt formula. r.water.fea computes and draws hydrographs as well as at stream 

junctions in an analysis area. It also draws animation maps at the basin level. 

Á GIPE: The GRASS Image Processing Environment (GIPE) employs USLE, energy-

balance and radiance-reflectance correction models (r.hydro.CASC2D; a physically-

based, distributed, raster hydrological model which simulates the hydrological response 

of a watershed subject to a given rainfall field. 

Á r.gwflow: Numerical calculation program for transient, confined and unconfined 

groundwater flow in two dimensions. 

Á r3.gwflow: Numerical calculation program for transient, confined groundwater flow in 

three dimensions. 

Á r.sim.sediment: Sediment transport and erosion/deposition simulation using path 

sampling method (SIMWE). 

Á r.stream.basins: Delineates basins according to the stream network. 

Á r.stream.channel: Calculates local parameters for individual streams. 

Á r.stream.distance: Calculates distance to and elevation above streams and outlet. 
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Á r.stream.order: Calculates Strahler's and more streams hierarchy. 

Á r.stream.segment: Divides network into near straight-line segments and calculate its 

order. 

Á r.stream.slope: Calculates local parameters for slope subsystem. 

Á r.stream.snap: Snap point to modelled stream network. 

Á r.stream.stats: Calculates Horton's statistics for Strahler and Horton ordered networks 

created with r.stream.order. 

Á r.stream.angle: Route azimuth, direction and relation to streams of higher order. 

Á r.stream.basins: Calculate basins according user input. 

Á r.stream.del: Calculates downslope length of first order streams and delete them if it 

length (in pixels) is lower than the threshold. 

Á r.stream.distance: Calculate distance to and elevation above streams and outlets 

according user input. It can work in stream mode where target are streams and outlets 

mode where targets are outlets. 

Á r.stream.extract: Stream network extraction. It produces a vector network with the 

direction of the vector lines corresponding to the flow direction. 

Á r.stream.order: Calculate Strahler's and Horton's stream order Hack's main streams and 

Shreeve's stream magnitude. It uses r.watershed or r.stream.extract output files: stream, 

direction and optionally accumulation. Output data can be either from r.watershed or 

r.stream.extract but not from both together. 

Á r.stream.pos: Route azimuth, direction and relation to streams of higher order. 

Á r.stream.stats: Calculate Horton's and optionally Hack's statistics according to user 

input. 

Á r.basins.fill: Generates a raster map layer showing watershed subbasins. 

Á r.water.outlet: Generates a watershed basin from a drainage direction map (from 

r.watershed) and a set of coordinates representing the outlet point of watershed. 

Á r.watershed: Watershed basin analysis program. 

Á r.lake: Fills a lake to a target water level from a given start point. 

Á r.basin: Generates the main morphometric parameters of the basin. 

Á r.threshold: Finds a first tentative value of upslope area to be used as input to extract the 

river network. 

Á r.hydrodem: Applies hydrological conditioning (sink removal) to a required input 

elevation map. 

Á r.sim.water: Overland flow hydrologic simulation using path sampling method 

(SIMWE). 

Á r.inund.fluv: Allows obtaining a fluvial potentially inundation map given a high-

resolution DTM of the area surrounding the river and a water surface profile calculated 

through a 1-D hydrodynamic model. 

Á r.hazard.flood: Is an implementation of a fast procedure to detect flood prone areas. It 

may help in the delineation of flood prone areas, especially in basins with marked 

topography. The use of the modified topographic index should not be considered as an 

alternative to standard hydrological-hydraulic simulations for flood mapping, but may 

represent a tool for a preliminary delineation of flooding areas. 
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Figure 3.10: Example of flow accumulation map (GRASS GIS manual). 

 

Figure 3.11: The GRASS 7 Architecture (GRASS GIS manual). 

The architecture of the newest GRASS 7 is presented in Figure 3.11. 

Being open ï source, it is possible to view and change all of the source code, mostly C, with 

some bash and Python, in which it is written. GRASS is well-vetted and fully-functional. Being 

open-source means that you can view and change the source. GRASS is more of a 

computational / scripting GIS and less of a point-and- click GIS than ArcGIS. It is considered 

to be an advantage, however f needed there is also available an interactive surface. 

Another major feature of GRASS is that it is a topological GIS, thus it is impossible to have 

small gaps or overlaps between vector areas. It also forces lines to meet and interact according 

to some fairly logical rules. This ensures consistency in geologic mapping and allows users to 

query vector maps based on their neighbors. 
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4 Why Python? 

Python is the main computer language used in the software application developed within this 

thesis. This chapter provides some insights in the rationale behind the aforementioned choice 

and why the Python ecosystem is a mature environment for developing modern hydrological 

applications. 

4.1 General characteristics and benefits of using Python 

The design focus of the Python language is on productivity and code readability through an 

interactive python console, the clear, readable syntax (through the whitespace indentation as 

opposed to Java, C# etc. which use complex indentation), the full modularity, which supports 

hierarchical packages, and the dynamic data types and automatic memory management. What 

distinguishes Python from most of the other programming languages is its simplicity and 

powerfulness. This programming language can join together code snippets, which were written 

originally in C, C++, Fortran etc., and merge them with native Python code without hassle, thus 

allowing scientists from many fields to easily port their existing code, models and tools. There 

is a growing user community which makes many tools easily available as Python packages. It 

is worth mentioning that the Python Package Index, which is one major host of Python code, 

has more than 15,000 packages listed, indicating its current popularity. These packages include 

visualization, numerical algebra libraries, optimization toolboxes, geospatial libraries, 

interconnection with compiled and interpreted languages, memory catching, Web services, 

mobile and desktop graphical user interface programming, and many others. 

Due to the access to a nice combination of GIS tools, mathematics, statistics etc., Python is a 

useful language for the science community. Also, it is OS-agnostic and scalable, making it 

compatible for users in every platform, from Linux supercomputers to Raspberry Pi units in 

custom remote measurement stations. In addition, its natural syntax, makes programs written 

in Python exceedingly clear and easy to read, especially for beginners, and is a great first 

programming language, especially for scientists with limited exposure to computer 

programming and students in an academic environment. 

Python is a modern, interpreted, object-oriented, open-source and free language used in all 

kinds of software engineering in the last few years. This language is considered to be a robust 

integration platform, ranging from data analysis to distributed computing, and graphical user 

interfaces to geographical information systems (GIS). Due to the interpreted nature, Python 

allows an easy development and fast prototyping. While there are many other languages that 

have similar features, Python offers interconnectedness and comprehensiveness, allowing users 

to apply innovations from other communities and disciplines. 

Every Python package is used in the same interpreted environment and also data flow does not 

have to occur through files. This makes it possible to access any variable in any tool at any 

(logical) time in the workflow. Python users have much greater ability to access innovations 

from industries outside of the Earth sciences. This latter advantage will become increasingly 

more important, as the science community enters the world of cloud computing, big data, and 

mobile computing. In the next decade, Earth sciences, like hydrology cannot afford to ignore 

these innovations. 

The unique benefits of Python have begun to be recognized in the engineering community, and 

as a result its population of users is growing. In particular, Python can help the engineers to 

improve their research, through the clear code that offers. With the access to the new 
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capabilities being generated daily from industries, more and more engineers and scientists 

become aware of Pythonôs abilities and its tools. It is considered to be the next wave in the 

computational Earth sciences. 

4.2 Possible drawbacks and remedies 

It is (generally) true that Python, as an interpreted language, is a relatively óslowô language for 

computer simulations, as opposed to compiled languages, such as C++. However, the execution 

time alone is not the major factor that contributes to the ñtime costò of a computational project. 

The costs of prototyping, development and maintenance work are also significant. However, 

these procedures are inherently done with lower time cost in Python. Nowadays, for research 

programming, it may be far more economic to accept that the code runs only at 25% of the 

expected possible speed if this saves for example a month of a researcherôs time.  

Furthermore, research code is usually not limited to one project, but has long run life 

expectancy. By using it repeatedly, the code evolves, grows, bifurcates etc. It is essential that 

the programmer invests the time to make the code fast and after works on speed optimization. 

So, the use a language that is easy to read and has a great expressive power will help in this 

direction. Additionally, a well-written Python code could be very fast if time critical parts in 

executed through compiled language or JIT-interpreters (Just In Time compilation ï see the 

section about the numba package). As long as these calculations are done efficiently, the overall 

time will be insignificant for most computational projects. 

4.3 Comparison to other languages commonly used in hydrology 

4.3.1 Python vs MATLAB  

The most common implementation of Python is in C (also known as CPython), which is mostly 

referred to as ñPythonò. Apart from the programming language and interpreter, Python also 

consists of an extensive standard library. This library is aimed at programming in general and 

contains modules for OS-specific stuff, threading, networking, databases, etc. 

On the other hand, MATLAB is a commercial numerical computing environment and 

programming language. The concept of MATLAB refers to the whole package, including the 

IDE. The standard library does not contain as much generic programming functionality but does 

include matrix algebra and an extensive library for data processing and plotting. For extra 

functionality the Mathworks provides toolkits. 

 

Figure 4.1: Matlab vs Python. 

As Python is open and free, it is very easy for other parties to design packages or other software 

tools that extend Python. It is possible to create applications using any of the mayor GUI 

libraries (e.g. Qt), use OpenGL, drive your USB port, etc. Another example is the Cython 
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package that enhances the speed of algorithms by converting Python to compiled C code, and 

cx_Freeze that creates standalone application from source code. 

Each package is being developed by a different group (though there are common overlaps), 

who are also users of the package. Many packages are available for different purposes. In this 

open source ecosystem most packages are driven by a handful of core developers, but many of 

a package users contribute to the development by reporting issues, helping with documentation, 

and making small improvements to the code, debugging, issue handling, etc. 

MATLAB has some fundamental shortcomings, most of which arise from its commercial 

nature:  

Á The algorithms are proprietary, which means the code of most of the algorithms is not 

available to the users, leaving them with the doubt that the code was not implemented 

correctly. 

Á MATLAB is quite expensive, which means that code that is written in MATLAB can 

only be used by people with sufficient funds to buy a license. 

Á Usually, Mathworks puts restrictions on code portability, the ability to run code on 

someone elseôs computer. 

Á The proprietary nature also makes it difficult almost impossible for third parties to 

extend the functionality of MATLAB. 

Furthermore, there are some other issues that stem from MATLABôs origins as a matrix 

manipulation package: 

Á The semicolon, which can be useful to show the result when you type code in the 

console, in scripts is partly redundant. 

Á Indexing is done with braces rather than brackets, making it difficult to distinguish it 

from a function call. 

However, MATLAB has major advantages, for example: 

Á It has a solid amount of functions. 

Á Simulink is a product for which there is no good alternative yet. 

Á It is easier for beginners, because the package includes everything someone would need, 

while in Python the installation of extra packages and an IDE is essential. 

Á It has a large scientific community, meaning it is used on many universities (although 

few scientists on their own invest in licenses, nor do small companies). 

Generally, Python advantages out-weight MATLABôs. Some of them are listed below: 

Á Open source program 

Á Python was created to be a generic language that is easy to read, while MATLAB started 

as a matrix manipulation package, and then followed the introduction of a high level 

programming language.  

Á Powerful, meaning it is a language well designed, with powerful datatypes such as lists, 

sets and dictionaries, helping the programmer to organize the data. 

Á MATLAB supports namespaces for the functions that the programmer writes, but the 

core of MATLAB is without namespaces. Python works with modules, which is needed 

to be imported. Using namespaces gives structure to a program. In Python everything is 

an object, so each object has a namespace itself, making this language good at 

introspection. 
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Á Introspection allowing the user to access any part of the application, including some of 

Pythonôs internals. 

Á String manipulation is deeper integrated within Python. 

Á Portability, making possible to program in most of the operating systems (Windows, 

Linux, and OS X). 

Á Functions and classes can be defined anywhere. For example, one file (whether it is a 

module or a script) could contain many functions and classes. 

Á Python allows the creation of GUI (Graphical User Interface) in order to transform a 

program to an application which is presentable and functional as well. There are major 

GUI toolkits like Wx or Qt. MATLABôs GUIDE approach is lackluster compared to 

these toolkits. 

Conclusively, Python is considered to be more appropriate for creating a standalone program 

that MATLAB. 

4.3.2 Python vs C/C++ 

The C programming language is a low-level compiled language (sometimes classified as a 3rd 

generation language) that is widely used in academia, industry and commerce. C++ provides a 

different programming paradigm than C but for the purpose of this work, C++ is more similar 

to C than it is to MATLAB or Python. The main advantage of compiled low-level languages is 

their execution speed and efficiency (for example in embedded systems). C/C++ is able to 

create more compact and faster runtime code, making it the language of choice for 95% of 

operating systemsô code. When it comes to speed, however, runtime speed is not the only aspect 

of development to consider, it is crucial to think about the development speed. While Python 

may be less efficient than C/C++ at runtime, during development it's much more efficient. 

Interpreters read each line of code, parse it, do runtime checks and call routines in order to 

execute the operations in the code. This is a lot more activity than what you get from running 

C/C++ code, where the same line of code might be compiled into just a couple of instructions. 

This can lead to slower runtime speeds and higher energy consumption with Python. 

C++, which originally designed to move C programmers to a higher level, aimed for 

functionality more than error prevention. As a program language is complicated and difficult to 

learn. One the other hand, one of the main advantages of this language is that the user can 

achieve almost everything from writing a new OS to shader applications for modern Graphics-

heavy video games. However, there are some serious problems with libraries, due to its aging 

design. Its specification and diagnostics are often baffling. Its standard library is large, but 

unfortunately not powerful. Furthermore, some of the commonly used class libraries, e.g., 

Boost, CERN ROOT, CGAL etc., are often complicated and idiosyncratic. 

Regardless the fact that C++ is complicated, there are quite few benefits. Firstly, the user is able 

to create its own data structures. Secondly, if the programmer needs high efficiency, this is the 

language of their choice. Furthermore, if someone needs assembler level coding, C++ is a better 

option than Python, but these benefits do not matter match in the context of programming for 

hydrology applications. 

Contrary to C/C++, Python is high-level language, and it is clear that for engineers, who ask 

for an easy to implement programming language to solve their problems, Python seems to be a 

better choice. 

4.3.3 Python vs Fortran 

Fortran falls into the same category with C, but while Fortran is still commonly used in 

academia it appears to be overtaken by C (and C++) in many industrial applications. 
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FORTRAN, is approximately the 1/3 size of C++ and a much simpler language. FORTRAN, 

which is still traditionally used for scientific/engineering numerical computing for reasons of 

inertia, t has a very long history of compiler optimization work. It was designed before there 

was real language/compiler science. It is a compiled imperative programming language, 

originally developed by IBM in the 1950s for scientific and engineering applications. 

FORTRAN came to dominate this area of programming early on and has been in continuous 

use for over half a century in computationally intensive areas such as numerical weather 

prediction, finite element analysis, computational fluid dynamics, computational physics, 

crystallography and computational chemistry. It is a popular language for high-performance 

computing and is used for programs that benchmark and rank the world's fastest 

supercomputers. In addition, it is a much more optimizable language than C++. 

However, due in large part to disagreements among members of the Fortran development 

groups, Fortran 77 was deficient in a number of areas. Most or all of these have since been 

addressed by Fortran 90/95, however, so they do not represent current language deficiencies. 

These limitations include: 

Á Poor string handling, including weak concatenation and length functions. 

Á Subroutines pass arguments by reference rather than by value, making data protection 

difficult. 

Á Data scoping is limited. Variables can either be local or in COMMON blocks, but no 

other scoping is allowed. As a result, it's not possible to write file-level procedures; 

shared logic must be in a separate subroutine or repeated via cloning. 

Á Loop controls are somewhat limited, requiring continued use of the GOTO statement to 

manage flow in some cases. 

4.3.4 Python for hydrologists 

As mentioned before, Python is an easy enough language for everyone to use. Most engineers 

do not have the urge to be programmers. What they try to achieve is to use tools in order to 

make their work more efficient and faster than before. Hydrologists slowly make Python the 

programming language of their choice for all the above reasons and for the numerous libraries. 

Python is especially useful as glue for existing programs, either written in C or FORTRAN. 

Some of these are listed below: 

Á GRASS GIS, which has been interfaced with Python. 

Á CFM , a library for the creation of hydrological models. 

Á MODFLOW , the groundwater model is interfaced by FloPy. 

Á OpenHydrology, a library of open source hydrological software written in Python to 

operate as packages under an umbrella interface.  

Á PyQGIS, a Python interface to QGIS. 

There are also many hydrologic applications entirely written in Python, such as: 

Á AMBHAS , a hydrological library in Python. 

Á ANUGA 2, a package for modelling dam breaks, riverine flooding, storm-surge or 

tsunamis (in Python and C). 

Á Evaplib, a Python library containing functions for calculation of evaporation rates. 

Functions include Penman open water evaporation, Makkink reference evaporation, 

Priestley-Taylor evaporation, Penman-Monteith evaporation and FAO's Penman-

Monteith ET0 reference evaporation for short, well-watered grass. In addition, there is 

a function to calculate the sensible heat flux from temperature measurements. 
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Á EcoHydrolib , which provides a series of Python scripts for performing ecohydrology 

data preparation workflows. 

As far as hydrological models are concerned, these are some of the most commonly used: 

Á EXP-HYDRO  Model, which is a catchment-scale hydrological model that operates at 

a daily time step. 

Á LHMP , a lumped hydrological model- tiny docker container with complete 

environment for predictions. 

Á PyCatch, a component based hydrological model of catchments built within the 

PCRaster Python framework.  

Á Topoflow, a Python hydrologic model by Scott Peckham. 

Á Wflow , which is a distributed hydrological model platform that currently includes two 

models: the wflow_sbm model (derived from the topog_sbm soil concept) and the 

wflow_hbv model which is a distributed version of the HBV model. This is actually part 

of a larger Deltares project called OpenStream. 

GIS capabilities are also present:  

Á pyDEM , a Python digital elevation model analysis package. PyDEM depends on 

TauDEM for certain steps (e.g., pitfilling) and it also makes extensive use of the GDAL 

library for working with geospatial rasters. 

Á PyGeoprocessing, is a Python/Cython library that provides a set of commonly used 

raster, vector, and hydrological operations for GIS processing. 

Tools for the field of Meteorology are also available in Python:  

Á Meteolib, is a Python library containing meteorological functions for calculation of 

atmospheric vapor pressures, air density, latent heat of vaporization, heat capacity at 

constant pressure, psychrometric constant, day length, extraterrestrial radiation input, 

potential temperature and wind vector. Functions to convert event-based data records to 

equidistant time-spaced records (event2time) and to convert date values to day-of-year 

values (date2doy) are now in a separate meteo_util module. 

Á MetPy, is an Open Source Python Toolkit for Meteorology. 

Á Melodist (MEteoroLOgical observation time series DISaggregation Tool), is an open  

source software package written in Python for temporally downscaling (disaggregating) 

daily meteorological time series to hourly. The model is documented by Forster et al. 

(2016).  

Visualization is served through these packages/applications: 

Á ggplot, is a plotting system for Python based on R's ggplot2 and the Grammar of 

Graphics. It is built for making professional looking, plots quickly with minimal code.  

Á VisTrails , is an open-source scientific workflow and provenance management system 

that supports data exploration and visualization. 

Á uvcmetrics metrics, are diagnostics for comparing models with observations or each 

other. This is part of the Uv-CDAT website which contains also other visualization 

tools. 

Tools for dealing with uncertainty and sensitivity analysis: 

Á Stijn Van Hoey tools 
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All above features make clear that Python is a suitable language for engineers, and specifically 

for Hydrologists, due to the numerous libraries and packages it has to offer. 

4.4 Anaconda Distribution 

Anaconda Distribution is preferred for the Python installation, as many scientific packages 

require a specific version of Python to run, making extremely difficult to keep them from 

interacting with each other, or to keep them updated. Anaconda is an open source, easy to 

install, high performance Python (and R) distribution, with the conda package/environment 

manager and a pre-installed collection of 1,000+ open source packages with free community 

support for interaction. Some of the packages are: 

Á NumPy: N-dimensional array for numerical computation (numpy.org) 

Á SciPy: Scientific computing library for Python (scipy.org) 

Á Matplotlib: 2D Plotting library for Python (matplotlib.org) 

Á Pandas: Powerful Python data structures and data analysis toolkit (pandas.pydata.org) 

Á Seaborn: Statistical graphics library for Python (seaborn.pydata.org) 

Á Bokeh: Interactive web visualization library (bokeh.pydata.org) 

Á Scikit ï Learn: Python modules for machine learning and data mining (scikit-

learn.org/stable) 

Á NLTK: Natural language toolkit (nltk.org) 

Á Jupyter Notebook: Web app that allows you to create and share documents that contain 

live code, equations, visualizations and explanatory text (jupyter.org) 

After the installation of Anaconda, the Anaconda Navigator (Figure 4.2) is available. It is one 

easy way to use Python programs without having to use command line commands, which is 

essential for engineers who are not familiar with programming. In the Anaconda Navigator, the 

Spyder IDE is available (Figure 4.3). It is an interactive programming environment with several 

similarities to MATLAB. Spyder has an editor and an interactive shell. It also has an interface 

for debugging, inspectors for objects and documentation, and variable and folder explorers. 

This resembles MATLAB in useabilit. In the context of this thesis, Spyder is the IDE used to 

program in Python 3.6. 

 

Figure 4.2: Anacoda Navigator environment. 
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Figure 4.3: Spyder IDE. 

4.5 Packages (Python 3.6) used in software development 

4.5.1 Numpy 

Numpy is the fundamental package for scientific computing with Python. It contains a powerful 

n-dimensional array object, broadcasting functions, tools for integrating C/C+ and Fortran code, 

as well as useful linear algebra, Fourier transform and random number capabilities. Numpy 

could be used as an efficient multi-dimensional container of generic data. The fact that arbitrary 

data types can be defined, allows NumPy to seamlessly and speedily integrate with a wide 

variety of databases. NumPyôs main object is the homogeneous multidimensional array. It is a 

table of elements (usually numbers), all of the same type, indexed by a tuple of positive integers. 

In NumPy dimensions are called axes. Generally, in Python Numpyôs array class, called 

ndarray, is an essential element when writing code. Creation of arrays, basic operations, 

indexing, slicing, iterating in one and two-dimensional arrays and linear algebra functions are 

some of the essential elements of this library. 

4.5.2 GDAL (Geospatial Data Abstraction Library)  

The GDAL project started by Frank Warmerdam in 1998, who worked as an independent 

professional on the GDAL/OGR library. GDAL is a translator library for raster and vector 

geospatial data formats that is released under an X/MIT style Open Source license by the Open 

Source Geospatial Foundation. It presents a single raster abstract data model and single vector 

abstract data model to the calling application for all supported formats. It also comes with a 

variety of useful command line utilities for data translation and processing. The GDAL/OGR 

tree holds source for a vector IO library inspired by OpenGIS Simple Features. Although being 

separate from GDAL, currently both applications reside in the same source tree and they are 

somewhat entangled. 

4.5.3 Geopandas 

GeoPandas is an open source project for working with geospatial data in Python. GeoPandas 

extends the datatypes used by pandas to allow spatial operations on geometric types. Geometric 
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operations are performed by shapely. Geopandas further depends on fiona for file access and 

descartes and matplotlib for plotting. 

The goal of GeoPandas is to work with geospatial data in Python easier. It combines the 

capabilities of pandas and shapely, providing geospatial operations in pandas and a high-level 

interface to multiple geometries to shapely. GeoPandas enables you to easily do operations in 

python that would otherwise require a spatial database such as PostGIS. 

GeoPandas implements two main data structures, a GeoSeries and a GeoDataFrame. These are 

subclasses of pandas Series and DataFrame, respectively. A GeoSeries is essentially a vector 

where each entry in the vector is a set of shapes corresponding to one observation. An entry 

may consist of only one shape (like a single polygon) or multiple shapes that are meant to be 

thought of as one observation. 

Geopandas has three basic classes of geometric objects, i.e. points, lines and polygons. 

GeoDataFrame is a tabular data structure that contains a GeoSeries. The most important 

property of a GeoDataFrame is that it always has one GeoSeries column that holds a special 

status. This GeoSeries is referred to as the GeoDataFrameôs ñgeometryò. When a spatial method 

is applied to a GeoDataFrame (or a spatial attribute, like area, is called), this commands will 

always act on the ñgeometryò column. GeoPandas can read almost any vector ï based spatial 

data format including ESRI shapefile, GeoJSON files etc. In conclusion, GeoPandas is able to 

handle multiple spatial datasets, performing various tasks. 

4.5.4 Matplotlib  

Matplotlib is a Python 2D plotting library originally developed by John Hunter, to produce 

publication quality figures in a variety of hardcopy formats and interactive environments across 

platforms. Matplotlib can be used in Python scripts, the Python and IPython shells, the Jupyter 

notebook, web application servers, and four graphical user interface toolkits. 

Matplotlib allows the user to generate plots, histograms, power spectra, bar charts, error charts, 

scatterplots, etc., with just a few lines of code. Figure 4.4 illustrates an example. 

For simple plotting the pyplot module provides a MATLAB-like interface, particularly when 

combined with IPython. The user has full control of line styles, font properties, axes properties, 

etc., via an object oriented interface or via a set of functions familiar to MATLAB users. 

Matplotlib ships with several add-on toolkits, including 3d plotting. 

 
  

Figure 4.4: Matplotlib l ibraryôs examples. 

4.5.5 Numba 

Numba is a compiler for Python array and numerical functions that gives you the power to 

speed up your applications with high performance functions written directly in Python. 
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Numba generates optimized machine code from pure Python code using the LLVM compiler 

infrastructure. With a few simple annotations, array-oriented and math-heavy Python code can 

be just-in-time optimized to performance similar as C, C++ and Fortran, without having to 

switch languages or Python interpreters. 

Numbaôs main features are: 

Å on-the-fly code generation (at import time or runtime, at the userôs preference) 

Å native code generation for the CPU and GPU hardware 

Å integration with the Python scientific software stack via the Numpy package 

Å multi-threading support 

4.5.6 PyQt 

PyQt is one of the most popular Python bindings for the Qt cross-platform C++ framework. 

PyQt developed by Riverbank Computing Limited. Qt itself is developed as part of the Qt 

Project. PyQt provides bindings for Qt 4 and Qt 5. This package allows the creation of rich GUI 

applications integrated with native Python code. 

4.5.7 Pytictoc 

Pytictoc contains a class TicToc that replicates the functionality of MATLABôs tic and toc for 

easily timing sections of code. Under the hood, pytictoc uses the default_timer function from 

Pythonôs timeit module. It is essential for measuring performance of time-critical code, which 

is useful because most distributed hydrological models typically have larger execution time, 

due to their complexity. 

4.5.8 Scipy library  

The SciPy library is one of the core packages that make up the SciPy stack. It provides many 

user-friendly and efficient numerical routines such as routines for numerical integration and 

optimization. The optimization algorithm employed in this thesis for the calibration of the 

model is the  
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5 Modeling framework 

5.1 Model overview  

This chapter presents in detail the proposed event-based rainfall-runoff modeling procedure, 

employed within a distributed schematization of the river basin. 

First, we distinguish the effective from the gross rainfall, at a cell basis, thus extracting the 

spatial distribution of surface runoff during the simulation period. The underlying model is 

based on an improved NRCS-CN scheme, which uses the so-called reference value of the CN 

value (different for each cell), and two lumped (i.e. common for the entire basin) dimensionless 

parameters, i.e. one for representing the antecedent soil moisture conditions (AMC) of the basin 

at the beginning of the storm event, and one for estimating the initial rainfall abstraction. The 

proposed scheme contains several novelties, regarding the estimation of the reference CN value 

(i.e. the value that refers to average soil moisture conditions and 20% abstraction ratio) and its 

adjustment against the two model parameters. 

For the propagation of runoff to the basin outlet we consider two flow types, i.e. an overland 

flow across the catchmentôs terrain, and a channel flow along the river network. These two 

types are synthesized by employing a velocity-based approach, to form the flood hydrograph. 

This approach implements an original methodology for assigning realistic velocity values along 

the river network, also accounting for the novel concept of the varying (i.e. dependent on runoff 

intensity) time of concentration. 

The proposed approach takes advantage of regional relationships and literature values for 

assigning appropriate values to all model attributes, expect for the two lumped parameters of 

the rainfall-runoff transformation, which are either manually assigned or inferred through 

calibration (provided that observed flow data are available). In the last case, it is essential to 

extract the baseflow from the total hydrograph, which may be done through several approaches 

of varying complexity. Here we propose an empirical method, requiring the fitting of a lumped 

hydrological model the observed hydrograph, which explicitly accounts for the contribution of 

baseflow to total runoff. 

An alternative, more integrated approach, aims at running the distributed model with additional 

functionalities, in order to obtain the full hydrograph at the basin outlet. In this context, we have 

also developed a more generic version of the modeling framework, in which the NRCS-CN 

procedure is combined with a continuous soil moisture accounting scheme, thus generating both 

the surface (overland) runoff as well as the interflow through the unsaturated zone. Apparently, 

the augmented version of the model requires more parameters, since more processes are 

accounted for within the simulation procedure. 

5.2 Model schematization and inputs 

For the schematization of the model domain, the user needs to formulate two spatial layers, i.e. 

a grid-based partition of the basin to equally-dimensioned (squared) cells, and a graph-based 

configuration of the hydrographic network, comprising junctions and interconnected river 

segments. Both layers can be easily extracted on the basis of a digital elevation model (DEM) 

of the basin, using typical tools that are available in any GIS environment. The level of detail 

of the two spatial analyses is determined by the user, by assigning a proper cell size and a proper 

flow accumulation threshold. 
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Apart from the DEM, other geographical layers may be necessary within the estimation of 

spatially-distributed parameters of the modeling procedure, i.e.: 

¶ Geology and/or soil permeability maps 

¶ Land use/land cover maps 

¶ Terrain slope maps (may be produced via the DEM) 

¶ River sections and associated geometrical properties 

Apparently, a mapping of rainfall data over a specific (typically short) time period is also 

essential input of the model. This map can be either directly obtained, from available distributed 

information (e.g. radar data) or, more often, extracted through interpolation of point rainfall 

observations at a number of stations in the broader area of the study basin. 

Finally, in case of calibration, either the flood or the full hydrograph is required, depending on 

the model version to be used (surface model or full-process model). 

5.3 Cell-based rainfall-runoff transformation via an improved NRCS-CN 

scheme 

5.3.1 General modeling procedure 

Within any event-based rainfall-runoff procedure of transforming a given rainfall event to flood 

runoff, it is essential to subtract the hydrological deficits, namely the part of rainfall that is 

initially intercepted in the ground and by the canopy, which next is either infiltrated or 

evaporated. The part of gross rainfall that transforms to surface runoff is known as effective 

rainfall or rainfall excess. 

In order to extract the effective from the gross rainfall, one of the most widespread techniques 

is the SCS Curve Number approach, developed by the Soil Conservation Service (1972), which 

is currently referred to as Natural Resources Conservation Service Curve Number (NRCS - 

CN). This method has been globally used to model the rainfall-runoff processes, and has been 

included in several hydrological models, e.g. HEC-HMS. 

The NRCS-CN approach is a simple empirically developed hydrological model that estimates 

the temporal evolution of surface runoff from a given rainfall event, based on the following 

assumptions (U.S. Department of the Interior, 1977; Koutsoyiannis and Xanthopoulos, 1999, 

p. 274-278): 

¶ During an initial time interval, tŬ0, the cumulative rainfall so far, ha0, is transformed to 

deficit (herein referred to as initial deficit), without producing any runoff. Therefore, 

after time tŬ0, the maximum effective rainfall depth, he, cannot exceed the potential 

quantity h ï ha0, where h is the total gross rainfall. 

¶ The additional to ha0 deficit during a very large storm event cannot exceed a maximum 

quantity S, called maximum potential retention. 

¶ At any time, t > tŬ0, the ratios of the cumulative effective rainfall, he, and the total minus 

the initial deficit, he ï ha0, to the corresponding potential quantities h ï ha0 and S, 

respectively, are equal. 

Under the above assumptions we get the empirical expression, in which all variables refer to 

cumulative quantities: 
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The above formula is applicable not only for the total rainfall depth but also for any intermediate 

value, thus allowing obtaining the temporal evolution of surface runoff, he, and associated 

hydrological deficits, h ï he, against time. 

The model uses two parameters, i.e. the maximum potential retention, S, and the initial deficit, 

ha0. Typically, SCS considers a linear relationship between the two quantities, i.e.: 

ha0 = ɚ S (5.2) 

where ɚ is a dimensionless parameter, next referred to as initial abstraction ratio. In an attempt 

to avoid the need for calibration, NRCS suggests employing a standard value of 20%, which 

has been derived on the basis of field experiments, mainly implemented in small agricultural 

catchments with mild slopes. Under this premise, the governing equation (5.1) contains only 

one unknown, i.e. the maximum potential retention, S. 

In our approach, we consider ɚ as a free parameter of the model, which is uniformly distributed 

over the basin (thus a common value is applied to all cells). On the other hand, the maximum 

potential retention, S, is handled as a distributed (i.e., cell-based) property (not parameter), 

depending on the spatially-varying physiographic characteristics of the study area. For its 

estimation we employ an original approach, which accounts for the so-called reference curve 

number value of each cell, the lumped parameter ɚ, and the antecedent soil moisture conditions 

at the beginning of the storm event, which are also expressed through a lumped dimensionless 

metric that describes the initial conditions of the model. In the following sections, we first 

describe the standard approach by NRCS for extracting S, and next explain the revised 

methodology, which is implemented in our model. 

5.3.2 Standard NRCS-CN approach for estimating maximum potential retention 

According to the classical practice by SCS, the maximum potential retention, S, is mapped into 

a dimensionless quantity, referred to as curve number, CN, via the well-known formula: 
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SCS has introduced this conceptual quantity in an attempt to capture the physiographic 

characteristics that affect runoff generation in a single value, ranging from 1 to 100 (the larger 

is this value, the larger is the runoff produced from a given rainfall event). According to SCSôs 

standards, CN depends on soil and land characteristics, as well as on the soil moisture present 

in the soil profile before the start of a rainfall event. In this respect, it considers three antecedent 

soil moisture (AMC) conditions (type I: dry, type II: moderate, type III: wet), depending on the 

cumulative 5-day antecedent rainfall and the season (dormant or growing). 

CN values for AMC II conditions and the typically-used ratio of initial abstraction losses, i.e. 

20% of maximum potential retention (henceforth referred to as reference conditions) are 

determined from detailed lookup tables by NRCS (2004), accounting for several combinations 

of land use/land cover characteristics and four hydrological soil types (A, B, C, D). The latter 

are based on infiltration and transpiration rates, and they are further classified according to their 

hydrological conditions (good, fair, poor). These reference CN values have been extracted 
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experimentally, from rainfall and runoff measurements over a wide range of geographic, soil, 

and land management conditions. 

Table 5.1: CN ranges across rural areas for AMC II conditions (adapted by Koutsoyiannis, 2011, p. 126). 

Land cover  Hydrologic soil group 

 A B C D 

Cultivated areas 62-72 71-81  78-88 81-91 

Pasture areas 30-68 58-79 71-86 78-89 

Forests 25-45 55-66 70-77 77-83  

In particular, soils falling in group A, B, C and D exhibit high, moderate, low, and very low 

rates of infiltration, respectively, thus CN increases as the soil type changes from A to D. The 

classification is made as follows: 

Å Group A: Typical soil types are sand, loamy sand or sandy loam types of soils. Such 

soils have low runoff potential and high infiltration rates even when thoroughly 

wetted. They consist chiefly of deep, well to excessively drained sands or gravels and 

have a high rate of water transmission. 

Å Group B: Typical soil types are silt loam or loam. Such soils have a moderate 

infiltration rate when thoroughly wetted and consists chiefly or moderately deep to 

deep, moderately well to well drained soils with moderately fine to moderately coarse 

textures. 

Å Group C: Typical soil type is sandy clay loam. Such soils have low infiltration rates 

when thoroughly wetted and consist chiefly of soils with a layer that impedes 

downward movement of water and soils with moderately fine to fine structure. 

Å Group D: Typical soil types are clay loam, silty clay loam, sandy clay, silty clay or 

clay. Such soils have the highest runoff potential, as they have very low infiltration 

rates when thoroughly wetted and consist chiefly of clay soils with a high swelling 

potential, soils with a permanent high water table, soils with a clay pan or clay layer 

at or near the surface and shallow soils over nearly impervious material. 

Moreover, SCS classifies three major classes of LU/LC as urban, cultivated, and woods and 

forests. These classes were further categorized into various subclasses, on the basis of land 

treatment practices such as contoured, terraced, straight row, bare, etc. (Chow et al., 1988).  

5.3.3 Shortcomings of classical CN estimations 

Recently, Savvidou et al. (2018) discussed a number of shortcomings of the standard CN 

method, taking into account literature references as well as the gained experience from the 

research project DEUCALION. The project has been elaborated the research team ITIA during 

2011-2014 and involved, among others, the analysis of numerous flood events in pilot 

catchments across Greece and Cyprus, using the NRCS-CN approach (for detailed description 

please refer to Efstratiadis et al., 2014).  

An important deficiency of the standard approach for CN extraction is the ignorance of the 

effect of slope on flood runoff generation. In fact, the reference CN values provided in the 

standard SCS tables were mainly identified from small agricultural watersheds with mild 

slopes, considering that the rainfall-runoff transformation is only affected by the soil and land 

cover characteristics. However, in the general case, the relief characteristics also affect the 

hydrological response of a watershed. In particular, steep slopes cause reduction of initial 

abstractions, decrease in infiltration, and reduction of the recession time of overland flow, 
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which in turn results in increased surface runoff (Montgomery and Dietrich, 2002). Currently 

it is generally accepted that the reference CN values are applicable for terrain slopes around 

5%, and several researchers have proposed empirical formulae for adjusting the CN-values to 

slope (Huang et al., 2006; Xu et al., 2011; Deshmukh et al., 2013; Verma et al., 2017). 

Moreover, the classification of soil types does not cover the entire range of permeability 

characteristics of the geological formations that are dominant in several areas worldwide. For 

example, a number of Mediterranean watersheds lie in highly permeable terrain (e.g., limestone, 

dolomite, karst), thus resulting in very low runoff rates (Merheb et al., 2016). Yet, according to 

the typical classification by SCS, these should be classified in group A, representing sand, 

loamy sand or sandy loam types of soils. Reported experience with the use of the NRCS 

approach for flood estimations in such basins indicates that the associated CN values were quite 

overestimated; in fact, much lower values, of about 30 to 40, should be better employed to 

represent the significant infiltration losses (Efstratiadis et al., 2014b). 

Another difficulty with CN derivation from NRCS tabular data is the subjectivity involved in 

the determination of representative parameter values, through combining land cover classes and 

hydrological soil groups across different hydrological conditions. The estimations are based on 

qualitative information rather than on numerical criteria, while for several common cases the 

recommended values range too widely (particularly for soil types of category A). Therefore, 

quite different interpretations may be given for similar land cover and soil characteristics, thus 

resulting in significant uncertainty in the determination of CN values. 

 

5.3.4 Revised method for CN assessment 

Accounting for the aforementioned rationale, Efstratiadis et al. (2014a) proposed an analytical 

method for assessing the reference CN value over an area of interest, also facilitating spatial 

calculations in GIS environments (latter formalized by Savvidou et al., 2018). In particular, the 

proposed classification is based on the categorization of three (instead of two) physiographic 

characteristics, each one comprising five classes, henceforth referred to as permeability, land 

use/cover, and drainage capacity. Indicative input geographical data for the production of the 

associated thematic layers in rural areas may include hydro-lithological or soil maps, land 

use/cover maps, terrain slope maps, and any other relevant information. In urban or suburban 

areas, information about building features may also be accommodated as any other relevant 

urban features. 

Permeability classifications in rural areas account for the mechanical properties of the soil and 

the unsaturated zone (e.g., horizontal and vertical hydraulic conductivity) that affect infiltration, 

interflow and percolation mechanisms. Based on hydro-lithological or soil maps and depending 

on the predominant soil type underlying geological formation and structures (for urban or 

suburban areas), the permeability class is first described as very high, high, moderate, low or 

very low. 

The density of structures, building features and open space development define the 

classification regarding the urban areas. A ranking from 1 to 5 is assigned, where index 1 refers 

to very high-permeability substrata (e.g., karst) and 5 to very low-permeability substrata (e.g., 

dense rocks). Residential areas range from class 3 to 5, according to their built density. 

Vegetation classes are formulated on the basis of land characteristics related to retention 

mechanisms, soil roughness and filtration capacity, e.g. due to root zone growth. The vegetation 

class of the area is described as dense, moderate, undergrowth, sparse or zero. A ranking from 

1 to 5 is assigned, where index 1 refers to dense vegetation class (e.g., evergreen forests) and 5 

to bare soil. Savvidou et al. (2018) recommend that burned areas be classified under one 
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category with respect to their original condition; for instance, a burned coniferous forest should 

be classified as moderate vegetation class, thus assigning rank 2 instead of 1. 

The geomorphological characteristics also play a key role in the drainage capacity of the area. 

These define the development of the river network and the existence of runoff regulation 

systems across the area of interest (e.g., land reclamation works, retention structures, sewer 

networks). The drainage capacity class is first described as negligible, low, moderate, high and 

very high, and then a ranking from 1 to 5 is assigned. In the absence of other information, these 

ranks may be exclusively assigned on the basis of five terrain slope categories, since this is an 

easily-retrieved property through typical DEM processing. In this respect, the first rank is 

assigned to horizontal areas, while the last rank is assigned to slopes over 30%. 

The three soil classes, i.e. permeability, land use/cover and drainage capacity, are quantified 

through the corresponding indices, iPERM, iVEG and iSLOPE, ranging from 1 to 5 (Table 1). Based 

on them, the representative value of CN is estimated through the empirical relationship: 

#. ρπ ω É φ É σ É  (5.4) 

According to the above formula, the minimum CN value is 28, while the maximum is 100. The 

former refers to the extreme case of areas with very high permeability, dense vegetation and 

negligible drainage capacity, while the latter is by definition applicable to areas that are 

permanently covered by water (rivers, lakes etc.), where all rainfall is converted to runoff. The 

three multipliers reflect the relative impacts of the corresponding physiographic characteristics 

to surface runoff generation. Considering only integer values for the three indices, the number 

of potential CN classes is 25 (given that different combinations of the three indices may result 

in the same CN value), while further classes can be identified by also allowing intermediate, 

non-integer values of the three indices. This empirical formula is actually compatible with the 

standard CN approach; for example, the smallest value by NRCS (CN = 30) is slightly smaller 

(CN = 28). 

Table 5.2: Coding of physiographic characteristics for the estimation of parameter CN for reference 

conditions (AMC type II and initial abstraction ratio 20%).  

Permeability class iPERM  Vegetation class iVEG Drainage capacity class iSLOPE  

Very high 1 Dense 1 Negligible 1 

High 2 Moderate 2 Low 2 

Moderate 3 Low 3 Moderate 3 

Low 4 Sparse 4 High 4 

Very low 5 Negligible 5 Very high 5 

The quantification of the three individual components of CN allows its direct implementation 

in a GIS environment, which is very important in hydrological studies. The detailed tabular data 

by NRCS can be used in parallel to assign proper permeability, vegetation and drainage capacity 

classes over the area of interest. 

The proposed methodology by Savvidou et al. (2018) is considered to be applicable in a grid 

cell, taking advantage GIS facilities. The input data for CN estimation are provided by means 

of raster data for the three aforementioned indices. Based on the CN values calculated for each 

cell of the reference surface, a raster map can be produced showing the spatial distribution of 

the CN parameter. Figure 1 illustrates the typical procedure for extracting a CN map in a GIS 

environment. The raster layers of permeability, vegetation density and slope indices, with 

values from 1 to 5, are overlaid, to produce a raster map of distributed values of CN for the 

reference area of interest. 
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Figure 5.1: Layers of geographic information for permeability classes (░╟╔╡╜), vegetation density classes 

(░╥╔╖) and drainage capacity classes (░╢╛╞╟╔); (b) layer overlay; (c) CN parameter map (Savvidou et al., 

2018).  

5.3.5 Adjustment to antecedent moisture conditions 

The standard approach by SCS considers three antecedent soil moisture conditions classes 

(AMC I, AMC II and AMC III), depending on the total 5-day antecedent rainfall and the season 

category (dormant or growing). The three categories refer to dry, average or wet conditions, 

which statistically correspond to 90, 50, and 10% cumulative probability of exceedance of 

runoff depth for a given rainfall, respectively. For convenience, the CN values that are given in 

the literature (as well as the guideline documents by NRCS) refer to average conditions. For 

the other two AMC types, SCS uses the following conversion formulas, which are also plotted 

in Figure 5.2:  

ὅὔ
τȢςὅὔ

ρπ πȢπυψὅὔ
 (5.5) 

ὅὔ
ςσὅὔ

ρππȢρσὅὔ
 (5.6) 

The antecedent soil moisture conditions are an important issue, which affect significantly the 

soil capacity characteristics at the beginning of the flood and, consequently, the surface runoff 

generation. In fact, the differences induced among the three typical antecedent moisture 

conditions of SCS are significant, particularly for CN values corresponding to high permeable 

or forested areas. For instance, as shown in Figure 5.2 for the reference (i.e., corresponding to 

AMC type II) value CN = 50, the adjusted values for dry and wet conditions are 30 and 70, 

respectively. In terms of potential maximum retention, the deviation is even larger, since the 

resulted values for AMC types I, II and III are 605, 254 and 110 mm, respectively. 
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Figure 5.2: Plots of adjusted CN values for AMC types I and III, against the reference value, 

corresponding to AMC type II. 

In this respect, the hypothesis of three discrete AMC types was revised, in order to better 

represent the inherent variability of the soil moisture, thus considering CN as a continuous 

variable, in order to implement a continuous instead of a discrete classification of antecedent 

moisture conditions we introduce a dimensionless parameter, symbolized AMCcoef. Assuming 

that 0.5 corresponds to Type II soil conditions, 0.1 corresponds to Type I and 0.9 corresponds 

to Type III, we can adjust the reference curve number to any AMC as follows: 

 ὅὔ
ὅὔ

ὅὔ ὅὔ

πȢτ
 πȢυ ὃὓὅ ȟὃὓὅ πȢυ

ὅὔ
ὅὔ ὅὔ

πȢτ
ὃὓὅ πȢυȟὃὓὅ πȢυ 

 (5.7) 

It is also worth mentioning that in a recent investigation, based on extended statistical analysis 

of 5-day cumulative rainfall data in 215 stations over continental Greece and Crete, it was 

shown that the exceedance probability of each AMC type exhibit significant variability across 

continental Greece, following the significant variability of the hydroclimatic regime of Greece 

(Pontikos, 2014; Efstratiadis et al., 2014a). This indicates that the percentiles of 10% and 90% 

that are assumed by SCS are not representative of the actual distribution of AMC, which is 

another shortcoming of the standard SCS approach. Nevertheless, by considering CN as 

continuous variable, it is possible to run the rainfall-runoff model for any initial soil moisture 

conditions, which makes the method much more flexible and realistic, as well. 

5.3.6 Revisiting the standards for initial abstraction ratio estimation 

As mentioned in section 5.3.1, the classical SCS approach recommends the use of a standard 

value for initial abstraction ratio, i.e. ɚ = 0.20. Actually, this assumption arises from analyses 

conducted in the late 60ôs, for establishing the curve number concept on the basis of rainfall-

runoff observations at a number of experimental catchments. Within these experiments, SCS 

has analyzed numerous flood events, to extract the two parameters of the SCS method. In 

particular, regarding the initial abstraction ratio, while there was considerable scatter in the data, 

SCS reported that 50% of the examined events lay within the limits 0.095 Ò ɚ Ò 0.38, which led 

adopting a standard value ɚ = 0.20.  
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However, several studies indicate that the actual range of variability of this parameter should 

be 0.0 Ò ɚ Ò 0.30, while other studies have demonstrated that the initial abstraction is not 

constant, but it varies from storm to storm as well as from watershed to watershed (Ponce and 

Hawkins, 1996). For instance, by using model fitting methods to determine the ratio of ha0 to S 

for hundreds of rainfall-runoff events from numerous U.S. watersheds, Hawkins et al. (2002) 

concluded that a value of 0.05 rather than the commonly used of 0.20 would seem more 

appropriate. Thus conclusion was verified by Efstratiadis et al. (2014a), who analyzed 

numerous flood events across a number of catchments in Greece and Cyprus (within the 

aforementioned project DEUCALION). In most cases, the initial abstraction ratio ɚ values were 

around 0.05 or even smaller. This evidence is also supported by other researchers working in 

Mediterranean basins (Baltas et al., 2007; Massari et al., 2014). 

5.3.7 Adjustment of maximum potential retention against initial abstraction ratio 

The necessity for employing initial abstraction ratios that differ quite significantly from the 

standard value of 0.20 (typically, a quite smaller value should be applied), makes essential to 

adjust the reference CN values and associated maximum potential retention values, which have 

been extracted by considering ɚ = 0.20. Based on experimental results, Hawkins et al. (2002) 

proposed the use of the following adjusting formula, which is applicable for ɚ = 0.05: 

S5 = 1.33 S20
1.15 (5.8) 

where S20 is the maximum potential retention estimated on the basis of reference CN, 

corresponding to ɚ = 0.20, while S5 is the adjusted value to ɚ = 0.05. This adjustment denotes a 

change of rainfall-runoff transformation dynamics, by means of a quicker response of the basin 

(due to lower initial abstraction losses) yet lower generation of effective rainfall due to 

increased infiltration losses.  

Here we propose a more generic approach, developed by Efstratiadis et al. (2014a), which is 

applicable to any value of ɚ. Key assumption is that for any value of ɚ, the effective rainfall, he, 

produced for a given gross rainfall, h, should equal the one provided by employing the reference 

curve number value, symbolized CN20, for ɚ = 20. Under this premise, the following procedure 

is applied: 

1. Estimate the maximum potential retention S20 corresponding to the reference CN, i.e.: 

2. Compute the total effective rainfall he as function of h and S20. 

3. Solve the SCS formula inversely, to determine the maximum potential retention Sɚ that 

correspond to the desirable initial abstraction ration ɚ. i.e.: 

Ὓ
ς‗Ὤ ρ ‗Ὤ  Ὤ Ὤ ρ ‗ τ‗Ὤ

ς‗
 (5.10) 

Applying the above procedure cell-by-cell, we obtain the adjusted values of maximum potential 

retention for the given ɚ (common for the entire basin) as function of the spatially-varying gross 

rainfall h and reference CN. Next, we further adjust the corrected CN value against the 

antecedent soil moisture conditions. 

Ὓ ςυτρππὅὔ ρ (5.9) 
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5.4 Modified velocity approach for runoff propagation 

5.4.1 Outline of the method 

Output of the improved SCS-CN procedure it the spatiotemporal evolution of runoff across the 

basin and during the simulation period. In particular, at each cell we get a time series of effective 

rainfall values, to be propagated to the basin outlet. 

Spatially-resolved runoff routing is typical problem of distributed hydrological models, usually 

tackled through time-area approaches, also referred to as isochronous methods, a brief overview 

of which is provided in the following section. Key requirement is the estimation of travel time, 

from each cell to the basin outlet. In general, this time comprises two components, i.e. a travel 

time over the terrain (overland flow) and a travel time along the river network (channel flow). 

For each component, different velocity models are applied that are explained I detail herein. 

After determining the travel time of all cells, the basin is divided into a number of clusters, in 

order to employ the routing procedure in discrete time intervals. For convenience, in our 

approach the temporal resolution coincides to the resolution of the overall input of the model, 

i.e. the rainfall time series. 

5.4.2 Isochronous method 

The method of isochronous curves transforms the effective rainfall into a hydrograph, by 

calculating the time it takes for the water to reach the outlet from each geographic area of the 

basin. Essentially, the hydrograph is a transformation of the plot histogram that results in the 

output per time step. Initially, this method was mainly used to understand the drainage 

mechanism, but with the introduction of GIS it proved that it can adequately describe the 

phenomenon, thus providing reasonable hydrographs. 

According to the classical configuration, the basin is divided into time zones, where the 

(effective) rainfall produced over each zone makes the same time to reach the outlet. As the 

rainfall is considered to be spatially uniform, the hydrograph at the outlet for the first time 

consists of the rainwater of the nearest zone, and then (and if the effective rain continues) more 

bands contribute to the total hydrograph. 

Figure 5.3 shows the mechanism for creating the hydrograph, considering discreteness in four 

zones of equal size, in which the rainfall has a time equal to the concentration time and constant 

intensity. In particular, the basin is divided into n zones with areas A1, A2, ..., An, each one 

drained after time t = 1, 2, ..., n, respectively (Figure 5.4). If the total rainfall is equal to the 

accumulation time, with individual rainfall intensities i1, i2, ..., in, then the outlet runoff at each 

step is: 

Qn = in A1 + in ï 1 A2 + é + i1 An (5.11) 
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Figure 5.3: Example of the mechanism of hydrograph creation using the isochrones method, in a 

hypothetical basin of four zones of equal area with equal effective rainfall intensity. 

 

 

Figure 5.4: Expansion of the isochrones method to basins with zones of different area and rainfall 

intensity. 

5.4.3 GIS implementation 

With the introduction of GIS, the basin terrain is represented using the digital terrain model 

(DEM), that is a grid of the desired dimension is formed, separating the basin from tiles of 

known altitude. In the literature many techniques have been developed to calculate the runoff 

time of each cell up to the outlet of the basin. This time depends on: (a) the length of the path 

that follows the water incident on each cell to the outlet, and (b) the velocities of the water in 

each cell from those that it encounters until reaching the outlet. 

The velocity on each cell depends on the following geographical factors: 

Á whether the cell is a land surface or belongs to the hydrographic network; 

Á the slope of the ground (or river); 
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Á land characteristics and other factors that affect roughness. 

Generally, the flow velocity is significantly increased across the hydrographic network, with 

the exception of very steep slopes and some land use categories. For this reason, in most 

applications, the hydrographic network is first identified and then the velocities, on the 

terrestrial surface (terrestrial flow) and the hydrographic network, are separately assessed. In 

this way, each cell corresponds to a path to the ground surface until it encounters the 

hydrographic network, which then follows until it reaches the outlet. Usually, land-flow 

velocities are calculated as a function of slope and roughness (land-use parameter), while the 

velocities across the hydrographic network are determined empirically or analytically 

calculated, based on hydraulic simulation models. 

5.4.4 Estimation of overland velocities 

Due to the extended use of Geographic Information Systems (GIS) in hydrological studies 

analysis tools are focused in representing the processed DEM in a slope-grid cell spatial scale. 

In this context, the total basin concentration time is the sum of the individual times of all the 

cells that form the maximum water path in the basin. 

According to the American TR-55 specifications by NRCS (1986), a digital model of the basin 

is formulated, based on which the path of the water is drawn. Each cell along the path is 

identified either as a hillslope or as a channel. The velocity in the slope-type cells, i.e. the 

overland velocity is estimated by:  

ὠ Ὧ ὐϳ  (5.12) 

where J is the slope of the cell calculated by typical GIS functions and k is a roughness 

coefficient. Haan et al. (1994) and little later MacCuen (1998) proposed k values for various 

land cover types, which are given in the Table 5.3. Note that the values are in the metric system 

(ft/s) and are converted to SI (m/s) by multiplying by 0.3048. 

Table 5.3: Categories of land cover and proposed k values in ft/s (adapted from McCuen, 1998) 

Land cover type k (ft/s) k (m/s) 

Dense underbrush 0.7 0.2 

Light underbrush 1.4 0.4 

Heavy ground litter 2.5 0.8 

Bermuda grass 1.0 0.3 

Dense grass 1.5 0.5 

Short grass 2.1 0.6 

Short grass pasture 7.0 2.1 

Conventional tillage with residue 1.2 0.4 

Conventional tillage no residue 2.2 0.7 

Agricultural, cultivated, straight row  9.1 2.8 

Agricultural, cultivated, contour or strip cropped 4.6 1.4 

Agricultural, trash fallow 4.5 1.4 

Rangeland 1.3 0.4 

Alluvial fans 10.3 3.1 

Grassed waterway 15.7 4.8 

Small upland gullies  23.5 7.2 

Paved area  20.8 6.3 
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Paved gutter 46.3 14.1 

Literature references (e.g., Grimaldi et al., 2012) suggest that if the slope of a cell is greater 

than 4%, the following correction formula of slope ὐ should be applied, in order to avoid 

overestimations of velocity: 

Jȭ= 0.05247 + 0.06363S ï 0.182 eï 62.38J (5.13) 

This approach is based on a much complete theoretical context compared to empirical formulas. 

However, it depends on the accuracy of the digital model, but also on multiple uncertainties 

and errors of the automatic hydrographic networking procedures. For instance, it is well-known 

that the travel time value increases, as the analysis of the digital model improves (e.g., Pavlovic 

and Moglen, 2008). 

5.4.5 Estimation of channel velocities 

As mentioned, the channel velocity is typically much larger than the overland one. By 

definition, this is essentially a hydraulic quantity, depending on the channel geometry, its 

hydraulic characteristics as well as the discharge. In this respect, the velocity values across a 

river network are spatially varying, and they are also temporally varying, since discharge is also 

a varying quantity. However, most of known literature approaches ignore the physical 

interpretation of velocity, thus employing the oversimplified assumption of a spatiotemporally 

constant value, typically equal to 2 m/s. Surprisingly, even recent, state-of-the-art advances, 

still accept this hypothesis (e.g., Petroselli and Grimaldi, 2018). 

In our approach, the velocity in ñconductorò cells belonging to the hydrological network is 

estimated by a pseudo-hydraulic approach, in the sense that it accounts, even at an abstract 

manner, for both the variability of the river network characteristics (slope, roughness) as well 

as the variability of discharge, by means of the recently developed concept of the varying time 

of concentration (Michailidi et al., 2018). In this respect, the input data for our methodology 

are: 

¶ a graph-type schematization of the river network, as a set of interconnected channel 

segments and associated junctions; 

¶ the longitudinal slope of each channel segment, computed by dividing the elevation 

difference of the upstream and downstream junctions to the channel length; 

¶ the representative Manningôs roughness coefficient of each segment; 

¶ the representative time of concentration of the specific flood event. 

The first step in this estimation is the definition of cells belonging to the network. In this manner 

a certain threshold value of the number of cells that ultimately flow through these remaining 

conductor cells is defined. The procedure is simple, as reclassifying the flow accumulation of 

cells with regard to the threshold, defines the hydrological network and the cells where overland 

flow prevails. 

For steady uniform flow across each channel segment i, the velocity ὠ is given by the well-

known Manningôs formula: 

ὠ
ρ

ὲ
Ὑ
Ⱦ 
 ὐ
Ⱦ

 (5.14) 

where ὐ is the average bed slope of the segment, ὲ is the roughness coefficient and Ὑ is the 

hydraulic radius, which is function of the geometrical characteristics of the channel section and 

the water depth, which is in turn function of discharge. 
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In our context, we substitute the hydraulic radius term by a constant, i.e. 

Ὑ
Ⱦ

ὧ (5.15) 

where c is considered as a lumped parameter of the river network, which is associated with the 

average runoff intensity of the flood event to be simulated. The estimation of c is made as 

follows: 

Let ὸ be the time of concentration of the entire basin and ὸ be the time of concentration of its 

most upstream sub-basin (hereafter referred to as entrance time). According to its common 

definition, ὸ represents the travel time across the longest flow path of the basin, i.e. from the 

hydraulically most remote point to its outlet. This comprises two components and associated 

flow types: 

¶ shallow overland flow across the most upstream sub-basin, and 

¶ channel flow across the main watercourse of the river network.  

In complex networks, the determination of the longest river course upstream of the outlet 

junction is done by adding the individual lengths across all alternative courses. Moreover, in 

the case of multiple sub-basins drained to the upstream junction, we selected the one exhibiting 

with the longest entrance time (detailed recommendations on the delineation of the longest flow 

path are given by Michailidi et al., 2018). Nevertheless, the entrance time is by definition 

estimated assuming overland flow conditions, thus employing eq. (5.16) with the use of a 

representative Ὧ value for the upstream sub-basin, i.e. 

ὸ
ὒ

ὠ

ὒ

Ὧ ὐ
Ⱦ

 (5.16) 

where ὒ and ὐ are the flow length and average slope of the most upstream sub-basin. 

For given times ὸ and ὸ, their difference ὸ represents the total travel time across the longest 

river course, i.e. from the outlet of the most upstream sub-basin to the overall outlet, i.e.  

ὸ ὸ ὸ (5.17) 

Given that the flow path is constituted by a set of N channels, then ὸ is equal to the sum of 

individual travel times, i.e. 

ὸ ὸ ὸ Ễ ὸ (5.18) 

Under steady uniform flow conditions, we get: 

ὸ
ὒ

ὠ

ὒ

ὠ
Ễ
ὒ

ὠ
 (5.19) 

where ὒ and ὠ the length and velocity of each individual segment i. 

By substituting the approximate formula for channel velocity we get: 

ὸ ὧ
ὐ
Ⱦ

ὲὒ

ὐ
Ⱦ

ὲὒ
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ὐ
Ⱦ

ὲὒ
 (5.20) 
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In the above procedure, the sole unknown quantity is the lumped parameter c (proxy of the 

hydraulic radius term), which is estimated by:  

ὧ
ὲὒ

ὐ
Ⱦ

ὲὒ

ὐ
Ⱦ

Ễ
ὲὒ

ὐ
Ⱦ
 ὸ ὸ  (5.21) 

In this respect, the hydraulic radius parameter depends on geometrical (length, slope) and 

hydraulic (roughness) properties of the main watercourse and the upstream sub-basin, which 

are constants, as well as the time of concentration of the basin, ὸ, which is handled as a varying 

quantity depending on runoff intensity (see next section). 

After determining parameter c, we can easily assign velocity values to any element of the river 

network, either belonging to the main water course or not. Actually, for given length, slope and 

Manningôs roughness coefficient, the travel time along each segment i is given by:  

ὸ
ὒ

ὠ

ὲ ὒ

ὧ ὐ
Ⱦ

 (5.22) 

Key advantage, and at the same time substantial improvement, of the proposed methodology 

against running literature approaches is the assignment of different velocity values across the 

channel segments, which is consistent with the fundamental hydraulic theory. As this theory 

implies, the channel velocity is proportional to the square root of the channel slope and inversely 

proportional to the roughness coefficient. Moreover, the velocity obviously depends on flow, 

and in our modelling framework this dependence is explicitly accounted for through the concept 

of the varying time of concentration. As mentioned before, the estimation of ὸ is based on an 

original kinematic method that has been recently introduced by Michailidi et al. (2018), as 

explained hereafter. 

5.4.6 The varying time of concentration and its implementation 

From the origins of hydrology, the time of concentration, tc, has been generally handled as a 

constant quantity. For, most of the traditional empirical formulas (e.g. Giandotti, Kirpich, SCS) 

associate this time with lumped geomorphological characteristics of the catchment (e.g. area, 

slope, river length), thus ignoring the obvious dependence of the travel time on runoff, which 

is generated over the catchment and is next propagated along the river network. The evident 

impact of this clear paradox error is the underestimation of flood flows, particularly for intense 

flood events that produce significant surface runoff, thus resulting in significantly increased 

flow velocities and, consequently, greatly decreased travel times against usual events. It is 

remarked that a flow-dependent time of concentration is a significant facet of nonlinearity 

within rainfall-runoff transformation since the two quantities are interrelated (i.e. the flow 

depends on time and vice versa; cf. Efstratiadis et al., 2014b). 

Both theoretical proof and empirical evidence imply that tc exhibits significant variability 

against flow, thus making its definition and estimation a hydrological paradox (Grimaldi et al., 

2012). On the other hand, in the literature are found quite many approaches for associating the 

time of concentration with runoff (or rainfall). In fact, early attempts appear even from the 40ôs 

(Izzard and Hicks, 1946), while several empirical relationships have been employed in practice, 

a summary of which is given by Michailidi et al. (2018). However, most of them are applicable 

for specific engineering purposes (e.g., small urban catchments) or they are site-specific. 

Nowadays, the large expansion of GIS tools also enabled the employment of flow velocity 

approaches at a grid scale, thus providing ñphysicallyò sound approaches that provide cell by 

cell estimations of velocities and travel times, for given runoff. However, such approaches are 
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subject to several complexities and they are generally very sensitive against scaling 

assumptions.  

In order to provide a generic and easily applicable methodology, Michailidi et al. (2018) 

proposed a kinematic approach under the assumptions of the rational method, to provide a GIS-

based procedure for estimating the travel time across a catchmentôs longest flow path, as 

function of a given runoff intensity, which is considered uniformly distributed over the entire 

basin. We remark that a preliminary development of this method, applied to the river basin of 

Nedontas (study area of this thesis, also), was made by Antoniadi (2016). The method was 

tested in 30 basins from Italy, Greece and Cyprus, with different with respect to the basin shape, 

extent (i.e., the sample contained areas ranging from 14 to 1813 km2) and land cover 

characteristics, as well as river network geometry. 

Based on the outcomes of the analytical methodology, Michailidi et al. (2018) fitted power-

type formulas associating the time of concentration (in hours) as function of the runoff intensity, 

ie (mm/h), produced over the basin, i.e. 

◄Ἣ ◄ ░Ἥ
♫ (5.23) 

where t0 (h) is the so-called unit time of concentration, i.e. the travel time across the longest 

flow path under runoff intensity equal to 1.0 mm/h, and ɓ is a shape parameter. We remark that 

the theoretical upper bound of ɓ is 0.40, which refers to shallow flow conditions. On the basis 

of these results, Michailidi et al. (2018) also provided regional relationships, expressing the 

parameters t0 and ɓ as functions of lumped catchment properties, i.e. basin area, slope and 

length of main water course, and average channel roughness and width. 

Latter, Michailidi (2018) also showed that eq. (5.23) can be easily implemented within event-

based flood modelling, by means of a dynamic unit hydrograph, the shape of which is adjusted 

at each time step, accounting for the effective rainfall, as estimated by the SCS-CN method. 

Preliminary outcomes of this novel approach have been reported by Michailidi et al. (2017). 

In our context, the implementation of the varying time of concentration (which is essential for 

estimating the hydraulic radius parameter, through eq. 5.21) is made in a more abstract manner, 

since the runoff routing is made analytically (cell-by-cell) and not via the unit hydrograph, 

which is a lumped conceptual model. Specifically, after determining the parameters t0 and ɓ, 

we assign a representative value of ie. For convenience, we can directly employ the average 

intensity of the actual flood runoff (provided that the observed hydrograph is available). 

Alternatively, in case of missing flood data, we may consider a reasonable portion of the 

average rainfall intensity over the basin. 

5.5 Enhanced model version for subsurface flow simulation 

5.5.1 Rationale 

By construction, the SCS-CN method only provides estimations of the surface (overland) 

runoff, by separating the effective rainfall from all rest hydrological deficits. However, it is 

widely accepted, even since the early 1960ôs (Hewlett, 1961; Betson, 1964; Hewlett and 

Hibbert, 1967), that particularly in many areas worldwide, where the infiltration capacity of 

soils is generally high in comparison with usual rainfall intensities (e.g. forested basins), the 

dominating component of a flood hydrograph is not the surface runoff one but the so-called 

interflow, also referred to as throughflow or subsurface stormflow. All these and similar terms 

are used to characterize the water draining from the soil either as unsaturated flow or, more 
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commonly, as shallow perched flow above the main groundwater level (Ward and Robinson, 

1990, p. 200). 

Based on real-world flood simulations with the standard SCS-CN procedure, Efstratiadis et al. 

(2014b) discussed the key shortcomings of this method, concluding that the most important one 

is its inability to produce interflow, because it does not include strictly a soil moisture balance. 

In fact, interflow is a rather smooth and slow flux (in contrast to overland flow, which generally 

follows the pattern of rainfall), and the dominant component of the recession process (i.e., the 

falling limb of the hydrograph). We note that this falling limb can be well represented as outflow 

from a linear reservoir (cf. Risva et al., 2018). 

Common experience suggests that in order to provide a physically ï consistent formulation of 

the SCS-CN method, a radically different conceptualization is needed, to account for the soil 

moisture balance and the production of interflow during the time period of simulation. As will 

show herein, this was easily done, by introducing a soil moisture accounting component to the 

overall modelling procedure, and considering two additional fluxes, i.e. interflow and deep 

percolation, both being proportional to soil moisture storage. 

For convenience, we first describe the lumped configuration of the enhanced, CN-based water 

balance model (in which the entire basin is represented as a single cell), and next explain its 

implementation within the distributed simulation scheme. 

5.5.2 Lumped configuration 

Key assumption of the water balance model is the treatment of maximum potential retention as 

varying quantity during the simulation period. This quantity, symbolized St, denotes the empty 

space of a conceptual tank of capacity K, employing the soil moisture accounting. In fact, as 

made in all common bucket-type conceptual hydrological models, this tank represents the 

unsaturated zone, which transforms the infiltrated rainfall into actual through the soil (upward 

vertical flux), interflow (horizontal flux) and percolation to deeper zones (downward vertical 

flux). 

Due to the small time horizon of simulation, evapotranspiration processes are omitted (also 

because during a storm event the potential evapotranspiration is negligible), thus the water 

balance equation reads: 

ὡ ὡ Ὅ ὣ Ὃ (5.24) 

where Wt is the soil moisture storage at time step t, and It is the infiltration, Yt is the runoff 

produced through the soil (interflow), and Gt is the amount of water moving to deeper zones 

(i.e., the groundwater), and will be next transformed to baseflow and/or underground losses. 

Nevertheless, in our approach we assume that this transformation is very slow, thus allowing 

omitting the contribution of baseflow to the hydrograph, during the relatively short period of 

simulation. 

In order to run the water balance model, it is essential determining the soil moisture storage at 

the beginning of simulation, i.e. W0. By adding this quantity to the maximum potential retention 

for specific antecedent soil moisture conditions, symbolized S0, we get the quantity: 

ὑ ὡ Ὓ (5.25) 

which represents the storage capacity of the soil moisture accounting tank, which is by 

definition a constant threshold parameter. Under this premise, at the beginning of each time 

step, we can update the value of maximum potential retention, by substituting from the known 

capacity K the soil moisture storage so far, i.e.  
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Ὓ ὑ ὡ  (5.26) 

The above assumption introduces a key difference with respect to the standard SCS-CN 

procedure, which handles the maximum potential retention as a constant during the evolution 

of flood event. In our approach, which is physically more consistent, the value of S changes, as 

additional fluxes are accounted for. In particular, S decreases as the inflow (i.e. infiltration) rate 

exceeds the outflow rate due to interflow and percolation, thus leaving less free space in the 

soil moisture tank. On the other hand, when rainfall stops, S is systematically increasing, since 

the tank is gradually getting empty. The concept of dynamically changing maximum potential 

retention introduces further nonlinearity to the rainfall-runoff transformation, and allows better 

describing the rising and falling limbs of the flood hydrograph. 

Taking advantage of the governing equation of SCS-CN, we run the simulation with varying 

St, to estimate the surface runoff (effective rainfall), the initial abstractions (i.e. the amount of 

rainfall that is intercepted in the ground, without producing either runoff or infiltration) and the 

hydrological deficits, which consist the infiltration term of the water balance equation. 

Interflow and percolation are considered as fractions of the soil moisture storage, i.e.: 

ὣ ‖ ὡ  (5.27) 

Ὃ ‘ ὡ (5.28) 

where ‖ and ɛ are recession parameters. 

As the rainfall-runoff transformation is implemented on a lumped basis, we also introduce a 

routing component to propagate the surface runoff to the basin outlet. This is implemented 

through a linear reservoir approach that implements of a lag-and-route scheme, formulated as: 

ὗ •   (5.29) 

where Xt is the reservoir storage at time step t, and ű is a recession parameter. The reservoir 

storage is updated at the end of each time step as follows: 

ὢ   Ὄ  ὗ (5.30) 

where Ὄ  is the effective rainfall produced at time step t, via the  SCS-CN formula.  

The total runoff is the sum of (routed) surface runoff and interflow. Both quantities arrive at the 

basin outlet with different hysteresis, expressed via time lag parameters ŭ, and Ű, i.e. 

Ὑ ὣ ὗ  (5.31) 

Eventually, the above model contains five parameters, i.e. 

¶ the initial abstraction ratio, ɚ, representing the upper threshold for abstraction losses as 

fraction of maximum potential retention; 

¶ the AMC coefficient, which is next used to adjust the reference CN to any antecedent 

soil moisture conditions; 

¶ the recession parameter, ə, controlling the generation of interflow; 

¶ the recession parameter, ɛ, controlling the generation of percolation; 

¶ the recession parameter ű, controlling the routing process; 

¶ the lag time parameters, Ű and ŭ. 
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The initial conditions of the model are expressed through two terms: 

¶ the adjusted maximum potential retention, S0, at the beginning of simulation. 

¶ the soil moisture storage, W0, at the beginning of simulation. 

Overall input for employing the model is the reference runoff curve number, CN, which 

corresponds to 20% initial abstraction ratio and AMC type II. This allows for estimating the 

associated reference maximum potential retention, which is next adjusted to the given AMC 

and the given initial abstraction ratio, thus providing the essential initial condition, S0.  

5.5.3 Implementation within distributed simulations 

Theoretically, in order to implement the aforementioned modelling approach in a distributed 

simulation context, it would be necessary to introduce numerous of additional parameters, to 

represent the interflow and percolation processes at each individual cell. This would result to a 

tremendously complex scheme that would be very difficult, if not impossible, to calibrate. 

Furthermore, the propagation of interflow through the soil would be subject to substantial 

uncertainty since, in contrast to surface runoff, the flow paths across the unsaturated zone are 

unknown. 

For this reason, we finally developed a much simpler simulation scheme, by combining the 

enhanced SCS-CN approach for estimating the production of surface runoff and infiltration on 

a distributed basis, with a lumped approach for employing the soil moisture accounting in the 

unsaturated zone. In this vein, we added a lumped tank component to receive the distributed 

infiltration and transform it to interflow, percolation and change of soil moisture storage. We 

remark that key difference of the enhanced SCS-CN approach is the concept of the varying 

maximum potential retention within eq. (5.26). 

Under these assumptions, the enhanced distributed model contains six lumped unknown 

quantities, namely: 

¶ the initial abstraction ratio, ɚ; 

¶ the AMC coefficient; 

¶ the recession parameter, ə, controlling the generation of interflow; 

¶ the recession parameter, ɛ, controlling the generation of percolation; 

¶ the lag time parameter, ŭ, expressing the hysteresis of interflow; 

¶ the initial soil moisture storage, W0. 

In fact, the AMC coefficient and the initial soil moisture storage are associated with the soil 

state at the beginning of simulation (hence they are not parameters but initial conditions), thus 

the sole parameters are the dimensionless quantities ɚ, ə and ɛ, and the time lag ŭ. 
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6 Model calibration  

6.1 A general note on calibration of rainfall-runoff models 

Once one or more models have been chosen for consideration in a project, it is necessary to 

address the problem of parameter calibration. It is not, in general, possible to estimate the 

parameters of models by either measurement or prior estimation. Studies that have attempted 

to do so have generally found that, even using an intensive series of measurements of parameter 

values, the results have not been entirely satisfactory (Beven et al., 1984; Refsgaard and 

Knudsen, 1996; Loague and Kyriakidis, 1997). Prior estimation of feasible ranges of parameters 

also often results in ranges of predictions that are wide and may still not encompass the 

measured responses all of the time (Parkin et al., 1996; Bathurst et al., 2004). 

There are two major reasons for the difficulties in calibration stage of a model. The first is that 

the scale of the measurement techniques available is generally much less than the scale at which 

parameter values are required. In general, however, obtaining the information required to use 

such a theory at the hillslope or catchment scale would be very time consuming and expensive 

and would result in a large number of holes in the hillslope. Thus, it may be necessary to accept 

that the small scale values that it is possible to measure and the effective values required at the 

model element scale are different quantities. The effective parameter values for a particular 

model structure still need to be calibrated in some way. It is also often the case that the time 

and space scales of model-predicted variables may be different from the scale at which variables 

of the same name can be measured (for example, soil water content). In this case, the variables 

used in calibration may also be incommensurate. 

A common approach in calibration studies is the use of an optimization technique, so as to 

compare the results of repeated simulations with the available observations of the catchment 

response. The parameter values are adjusted between runs of the model, either manually by the 

modeler or by some computerized optimization algorithm until some ñbest fitò parameter set 

has been found. There have been many studies of optimization algorithms and measures of 

goodness of fit or objective functions in hydrological modelling. 

The aim is to find the peak in the response surface in the parameter space defined by one or 

more objective functions. Figure 6.1 illustrates an example of the response surface for 

TOPMODEL. The two basal axes are two different parameter values, varied between specified 

maximum and minimum values. More specifically, the vertical axis is the value of an objective 

function, based on the sum of squared differences between observed and predicted discharges, 

that has the value 1 for a perfect fit. The visualization of a N ï dimenitsional parameter 

hyperspace it is of course a more difficult task. 
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Figure 6.1: Response surface for two TOPMODEL parameters in an application to modelling the stream 

discharge of the small Slapton Wood catchment in Devon, UK; the objective function is the Nash ï Sutcliffe 

efficiency that has a value of 1 for a perfect fit of the observed discharges (K.J.Beven, 2006). 

Such surfaces can often be very complex and much of the research on optimisation algorithms 

has been concerned with finding algorithms that are robust with respect to the complexity of 

the surface in an N-dimensional space and find the global optimum set of parameter values. 

The complexity of the surface apart from the number of parameters, might also depend on the 

nature of the model equations, especially if there are thresholds involved, and the correct 

numerical integration of the equations in time (Kavetski and Clark, 2010).  

However, for most hydrological modelling problems, the optimization problem is ill-posed in 

that if the optimisation is based on the comparison of observed and simulated discharges alone, 

there may not be enough information in the data to support the robust optimization of the 

parameter values (K.J Beven, 2006). Experience suggests that even a simple model with only 

four or five parameter values to be estimated may require at least 15 to 20 hydrographs for a 

reasonably robust calibration and, if there is strong seasonal variability in the storm responses, 

a longer period still (see, for example, Kirkby, 1975; Gupta and Sorooshian, 1985; Hornberger 

et al., 1985; Yapo et al., 1996). For more complex parameter sets, much more data and different 

types of data may be required for a robust optimization unless many of the parameters are fixed 

beforehand. 

6.2 Differential evolution 

6.2.1 Theoretical context 

Optimization is the attempt to maximize a systemôs desirable properties, while minimizing its 

undesirable characteristics. However, what these properties are and how effectively they can be 

improved depends on the problem. In order to set an optimization problem, it is essential to 

define the objectives, the parameters and the constraints of the problem. An equation to be 

optimized given certain constraints and with variables that need to be minimized or maximized 

using nonlinear programming techniques is the objective function. For this study Differential 

Evolution Algorithm (DE) is selected.  
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Population Structure 

It is the most versatile implementation maintains a pair of vector populations, both of which 

contain Np D-dimensional vectors of real-valued parameters. The current population, 

symbolized by Px, is composed of those vectors, xi,g, that have already been found to be 

acceptable either as initial points, or by comparison with other vectors: 

ὖȟ ὼȟ ȟὭ πȟρȟȣȟὔ ρȟὫ πȟρȟȣὫ  (6.1) 

ὼȟ ὼȟȟ ȟὮ πȟρȟȣȟὈ ρ (6.1) 

The index, g indicates the generation to which a vector belongs. Each vector is assigned a 

population index, i. Once initialized, DE starts to mutate, chosen vectors to produce an 

intermediary population, Pv,g of Np mutant vectors, vi,g: 

ὖȟ ὺȟ ȟὭ πȟρȟȣὔ ρȟὫ πȟρȟȣȟὫ  (6.3) 

όȟ όȟȟ ȟὮ πȟρȟȣȟὈ ρ (6.4) 

Each vector in the current population is then recombined with a mutant to produce a trial 

population, Pu, of Np trial vectors, ui,g: 

ὖȟ όȟ ȟὭ πȟρȟȣȟὔ ρȟὫ πȟρȟȣȟὫ  (6.5) 

όȟ όȟȟ ȟὮ πȟρȟȣȟὈ ρ (6.6) 

Initialization  

It is essential, before the population is initialized, that both upper and lower bounds for each 

parameter must be specified. These 2D values can be collected into two, D-dimensional 

initialization vectors, bL and bU, for which subscripts L and U indicate the lower and upper 

bounds, respectively. Once initialization bounds have been specified, a random number 

generator assigns each parameter of every vector a value from within the prescribed range. For 

example, the initial value (g = 0) of the j th parameter of the i th vector is: 

ὼȟȟ ὶὥὲὨπȟρ ὦȟ ὦȟ ὦȟ (6.7) 

The random number generator, randj(0,1), returns a uniformly distributed random number from 

within the range [0,1), i.e., 0 Ò randj(0,1) < 1. The subscript, j, indicates that a new random 

value is generated for each parameter. Even if a variable is discrete or integral, it should be 

initialized with a real value since DE internally treats all variables as floating-point values 

regardless of their type. 

Mutation  

Once initialized, DE mutates and recombines the population to produce a population of Np trial 

vectors. In particular, differential mutation adds a scaled, randomly sampled, vector difference 

to a third vector. Equation (6.8) shows how to combine three different, randomly chosen vectors 

to create a mutant vector, vi,g: 

ὺȟ ὼ ȟ Ὂὼ ȟ ὼ ȟ  (6.8) 
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The scale factor, F  ɴ (0,1+), is a positive real number that controls the rate at which the 

population evolves. While there is no upper limit on F, effective values are seldom greater than 

1.0. The base vector index, r0, can be determined in a variety of ways, but for now it is assumed 

to be a randomly chosen vector index that is different from the target vector index, i. Except for 

being distinct from each other and from both the base and target vector indices, the difference 

vector indices, r1 and r2, are also randomly selected once per mutant. Figure 6.2 illustrates how 

to construct the mutant, vi,g, in a two-dimensional parameter space. 

 

Figure 6.2: Differential mutation: the weighted differential, is added to the base vector,  to produce a 

mutant. 

Crossover 

DE employs uniform crossover. Sometimes referred to as discrete recombination, (dual) 

crossover builds trial vectors out of parameter values that have been copied from two different 

vectors. In particular, DE crosses each vector with a mutant vector: 

 

όȟ όȟȟ
ὺȟȟ ὭὪ ὶὥὲὨπȟρ ὅὶ έὶ Ὦ Ὦ

ὼȟȟ έὸὬὩὶύὭίὩ 
 

(6.9) 

 

The crossover probability, Cr  ɴ [0,1], is a user-defined value that controls the fraction of 

parameter values that are copied from the mutant. To determine which source contributes a 

given parameter, uniform crossover compares Cr to the output of a uniform random number 

generator, randj(0,1). If the random number is less than or equal to Cr, the trial parameter is 

inherited from the mutant, vi,g, otherwise, the parameter is copied from the vector, xi,g. In 

addition, the trial parameter with randomly chosen index, jrand, is taken from the mutant to 

ensure that the trial vector does not duplicate xi,g. Because of this additional demand, Cr only 

approximates the true probability, pCr, that a trial parameter will be inherited from the mutant. 

Figure 6.3 plots the possible trial vectors that can result from uniformly crossing a mutant 

vector, vi,g, with the vector xi,g. 
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Figure 6.3: The possible additional trial vectors uǋi,g , uǌi,g when xi,g and vi,g are uniformly crossed. 

Selection 

If the trial vector, ui,g, has an equal or lower objective function value than that of its target 

vector, xi,g, it replaces the target vector in the next generation; otherwise, the target retains its 

place in the population for at least one more generation (6.10). By comparing each trial vector 

with the target vector from which it inherits parameters, DE more tightly integrates re- 

combination and selection than do other EAs: 

ὼȟ
όȟ           ὭὪ  Ὢόȟ Ὢὼȟ
ὼȟ                            έὸὬὩὶύὭίὩ 

 
(6.10) 

Once the new population is installed, the process of mutation, recombination and selection is 

repeated until the optimum is located, or a pre- specified termination criterion is satisfied, e.g., 

the number of generations reaches a preset maximum, gmax. 

DE of scipy library, finds the global minimum of a multivariate function. Differential Evolution 

is stochastic in nature (does not use gradient methods) to find the minimum, and can search 

large areas of candidate space, but often requires larger numbers of function evaluations than 

conventional gradient based techniques. 

There are several strategies for creating trial candidates, which suit some problems more than 

others. The óbest1binô strategy is a good starting point for many systems. In this strategy two 

members of the population are randomly chosen. Their difference is used to mutate the best 

member (the best in best1bin), b0, so far: 

ὦ ὦ άόὸὥὸὭέὲᶻὴέὴόὰὥὸὭέὲὶὥὲὨπ ὴέὴόὰὥὸὭέὲὶὥὲὨρ  (6.11) 

A trial vector is then constructed. Starting with a randomly chosen i th parameter the trial is 

sequentially filled (in modulo) with parameters from bô or the original candidate. The choice of 

whether to use ὦᴂ, or the original candidate is made with a binomial distribution (the óbinô in 
óbest1binô) - a random number in [0, 1) is generated. If this number is less than the 

recombination constant then the parameter is loaded from bô, otherwise it is loaded from the 
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original candidate. The final parameter is always loaded from ὦ. Once the trial candidate is 

built its fitness is assessed. If the trial is better than the original candidate, then it takes its place. 

If it is also better than the best overall candidate, it also replaces that. To improve your chances 

of finding a global minimum use higher population size values, with higher mutation and 

(dithering), but lower recombination values. This has the effect of widening the search radius 

but slowing convergence. 

6.2.2 Implementation of the differential evolution algorirthm  

In order to apply the differential evolution algorithm, the sci.py library has been used. The 

scipy.optimize.differential_evolution uses the parameters of the Table below: 

Table 6.1: Differential evolution parameters 

Parameters  Description  Parameters  Description  

Func The objective function to be 

minimized. In the 

form  f(x, *args), where x is the 

argument in the form of a 1 -D 

array and args is a tuple of any 

additional fixed parameters 

needed to completely specify the 

function.  

Mutation  Ranges between [0, 2]. 

Increasing the mutation 

constant increases the search 

radius, but will slow down 

convergence 

Bounds  Boundsfor variables. 

(min, max) pairs for each 

element in  x, defining the lower 

and upper bounds for the 

optimizing argument of  func. 

recombination   The recombination constant 

should be in the range [0, 1]. 

Increasing this value allows a 

larger number of mutants to 

progress into the next 

generation, but at the risk of 

population stability  

Args  Any additional fixed parameters 

needed to completely specify the 

objective function.  

Seed seed for repeatable 

minimizations  

strategy  The differential evolution 

strategy to use. For example: 

řbest1binŚ, Śbest1expŚ,Śrand1expŚ. 

disp  Display status messages 

Maxiter  The maximum number of times 

the entire population is evolved. 

The maximum number of 

function evaluations 

is: maxiter * popsize* len(x) 

Callback  A function to follow the 

progress of the minimization  
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popsize  A multiplier for setting the total 

population size. The population 

has popsize * len(x) individuals. 

Polish  If True (default), polishes the 

best population member at the 

end, which can improve  the 

minimization slightly  

tol  the solving process terminates 

when: convergence = 

mean(pop) * tol / stdev(pop) > 

1 

init  Specify how the population 

initialization is performed  

  

Res The optimization result 

represented as 

an OptimizeResult object. 

6.3 Performance Measures 
A model requires a quantitative measure of performance or goodness of fit. In a hydrological 

model it is essential: 

1. To predict the hydrograph peaks correctly (at least to within the magnitude of errors 

associated with the observations), 

2. To predict the timing of the hydrograph peaks correctly, 

3. To represent the form of the recession curve so as to set up the initial conditions prior 

to the next event. 

6.3.1 Nash Sutcliffe Efficiency metric 

A widely used goodness of fit measure based on the error variance is the modeling efficiency 

of Nash Sutcliffe (1970) defined as: 

Ὁ ρ
 „ 
„

 
(6.12) 

 

 

Where ů0
2 is the variance of the observations and ůŮ

2 is the error variance, defined as: 

„
ρ

  ρ
ώ ώ  

(6.13) 

 

 

Nash Sutcliffe efficiency metric (NSE) has the value of 1 for the perfect fit when is „ π; it 
has the value of 0 when is „  „ , implying that the model g indicates that the model 

predictions are as accurate as the mean of the observed data. Negative values indicate that the 

model is performing worse than a óno ï knowledgeô model, as the observed mean is a better 

predictor than the model. In other words, he residual variance (described by the numerator in 

eq. (6.13)), is larger than the data variance (described by the denominator). 

6.3.2 Percent error in volume metric 

The Percent Error in Volume (PEV) metric is defined as the percentage error of the total 

volume of the hydrograph, as the following equation is shown: 

ὖὉὠρππȿ
ὠ ὠ

ὠ
ȿ (6.14) 

 

 

where ὠ is the total volume of the observed hydrograph and ὠ  the total volume of the 

simulated hydrograph.  

https://docs.scipy.org/doc/scipy-0.15.1/reference/generated/scipy.optimize.OptimizeResult.html%22%20%5Cl%20%22scipy.optimize.OptimizeResult%22%20%5Co%20%22scipy.optimize.OptimizeResult
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6.3.3 Percent error in peak flow 

The Percent Error in Peak Flow (PEPF) is defined as the percentage peak error, without any 

relative temporal correlation between the observed and the simulated peak: 

ὖὉὙὊρππȿ
ὗ ὗ

ὗ
ȿ (6.15) 

 

 

6.3.4 Efficiency metric ȹTPF 

This index is the absolute time difference, expressed in minutes (min), between the observed 

and the simulated peak. 

ῳὝ ȿὝὴὩὥὯ ὝὴὩὥὯ ȿ (6.15) 
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7 Software implementation 

In this chapter the model implementation and the procedure for creating a stand ï alone program 

is discussed. Initially, the program is divided into two individual steps. A user interface class 

and the model implementation. The first one is responsible for the data handling, including a 

user interactive interface, whereas the latter one includes all the methods for data analysis. 

It is worth noting, that two models have been developed with distinct purposes: 

Á Surface flow model, hereafter referred to as ñsurface modelò; 

Á Complete hydrograph model, also accounting for subsurface flow (interflow), hereafter 

referred to as ñcomplete modelò. 

All calculations are made in grid form and specifically raster files are used. Additionally some 

common GIS procedures that are available are extracted either by GRASS or by QGIS as part 

of preprocessing (these include the creation of the flow direction raster using a D8 scheme and 

the formulation of a stream network using the common hydrology toolboxes from these GIS 

tools). The various methods that are used in the two different models are thoroughly discussed 

in this chapter. These is also a plethora of secondary methods and classes which are not 

described here, in order to keep this chapter at a manageable size, enhance read-ability and 

retain the focus on the hydrological aspect of the thesis. Most of these secondary code snippets 

refer to packagesô/librariesô actions, data handling within the software (like open file dialogs, 

combo-boxes, user-action buttons etc.) and visualization tools. The performance metricsô 

computation methods (ὔὛὉ,ὖὉὠ,ὖὉὖὊ, ῳ  ) of section 6.3.1-4 are also skipped, as they are 

trivial in implementation and self-explanatory. We remark however, that these are 

implemented as methods of a Python class named Metrics. 

7.1 Processing Functions 

In order to make the program modular and easily extensible, we created a separated Python 

class that contains all the necessary methods for the model, denoted as processingFuncs.py. 

The most essential of them are analyzed in the following sections. 

7.1.1 Flow accumulation 

The first step is the creation of the flow accumulation grid. The flow accumulation method 

calculates the accumulated flow as the accumulated weight of all cells flowing into each 

downslope cell in the output raster. The value of cells in the output raster is the number of cells 

that flow into each cell. It is known, that cells with a high flow accumulation are areas of 

concentrated flow and may be used to identify stream channels. Cells with a flow accumulation 

of 0 are local topographic highs and may be used to identify ridges. 

In this method the sole input parameter is the flow direction grid that is been imported from a 

raster data, computed in QGIS from the available DEM. In the following code snippet, the 

method is described. This method employs JIT (see 4.5.5) and runs in parallel mode (i.e. travel 

times from multiple cells are con-currently computed) to cut-down execution time. 

@jit(parallel= True ,  nopython= False ,  nogil= True )  

def  flowaccumulation ( flowdir ):  

    nr =flowdir . shape [ 0]  

    nc =flowdir . shape [ 1]  

    shape =( nr , nc )  
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    accumulation =np . zeros ( shape )  

    for  i in  prange ( nr ):  

        for  j in  range ( nc ):  

            if  flowdir [ i , j ]== 0:  

               accumulation [ i , j ]= 0 

            else :  

                tempi =i  

                tempj =j                

                while  tempj != - 1 and  tempj != nc and  tempi != - 1 and  tempi != nr 

and  flowdir [ tempi , tempj ]!= 0:  

 

                    if  flowdir [ tempi , tempj ]== 1:  

                        movej =1 

                        movei =0 

                        

accumulation [ tempi , tempj ]= accumulation [ tempi , tempj ]+ 1 

                        if  flowdir [ tempi +movei , tempj +movej ]== 16 :  

                            break  

                    elif  flowdir [ tempi , tempj ]== 2:  

                        movej =1 

                        movei =1 

                        

accumulation [ tempi , tempj ]= accumulation [ tempi , tempj ]+ 1 

                        if  flowdir [ tempi +movei , tempj +movej ]== 32 :  

                            break  

                    elif  flowdir [ tempi , tempj ]== 4:  

                        movej =0 

                        movei =1 

                        

accumulation [ tempi , tempj ]= accumulation [ tempi , tempj ]+ 1 

                        if  flowdir [ tempi +movei , tempj +movej ]== 64 :  

                            break  

                    elif  flowdir [ tempi , tempj ]== 8:  

                        movej =- 1 

                        movei =1 

                        

accumulation [ tempi , tempj ]= accumulation [ tempi , tempj ]+ 1 

                        if  flowdir [ tempi +movei , tempj +movej ]== 128 :  

                            break  

                    elif  flowdir [ tempi , tempj ]== 16 :  

                        movej =- 1 

                        movei =0 

                        

accumulation [ tempi , tempj ]= accumulation [ tempi , tempj ]+ 1 

                        if  flowdir [ tempi +movei , tempj +movej ]== 1:  

                            break  

                    elif  flowdir [ tempi , tempj ]== 32 :  

                        movej =- 1 
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                        movei =- 1 

                        

accumulation [ tempi , tempj ]= accumulation [ tempi , tempj ]+ 1 

                        if  flowdir [ tempi +movei , tempj +movej ]== 2:  

                            break  

                    elif  flowdir [ tempi , tempj ]== 64 :  

                        movej =0 

                        movei =- 1 

                        

accumulation [ tempi , tempj ]= accumulation [ tempi , tempj ]+ 1 

                        if  flowdir [ tempi +movei , tempj +movej ]== 4:  

                            break  

                    elif  flowdir [ tempi , tempj ]== 128 :  

                        movej =1 

                        movei =- 1 

                        

accumulation [ tempi , te mpj ]= accumulation [ tempi , tempj ]+ 1 

                        if  flowdir [ tempi +movei , tempj +movej ]== 8:  

                            break  

                    tempi =tempi +movei  

                    tempj =tempj +movej                                 

    return  accumulation  

 

Table 7.1: Input ï output data of the flow accumulation method 

Input data  Output  

Flow direction raster   Flow accumulation  raster 

7.1.2 K raster creation  

The following method creates the array based on the matching with the land uses codes 

according to the Corine land cover. The input data is in xls form and a dictionary is created for 

convenience. The outcome is a raster map, where every cell has a unique k value. 

def  createkraster ( kdictionary , corinearray ):  

    import  xlrd  

    workbook =xlrd . open_workbook ( kdictionary )  

    sheet =workbook . sheet_by_index ( 0)     

    nr =corinearray . shape [ 0]  

    nc =corinearray . shape [ 1]  

    shape =( nr , nc )  

    karray =np . zeros ( shape )  

    data = [[ sheet . cell_value ( r ,  c )  for  c in  range ( sheet . ncols )]  for  r in  

range ( sheet . nrows )]     

    

    def  column ( matrix ,  i ):  

        return  [ row [ i ]  for  row in  matrix ]    

    corine_id =column ( data , 0)  
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    del  corine_id [ 0]  

    corine_id =[ int ( i )  for  i in  corine_id ]  

    k=column ( data , 1)  

    del  k [ 0]     

    d=dict ( zip ( corine_id ,  k ))   

    for  i in  range ( nr ):  

        for  j in  range ( nc ):  

            karray [ i , j ]= d. get ( corinearray [ i ][ j ], 0)             

    return  karray  

Table 7.2: Input ï output data of the K raster creation method 

Input data  Output  

K values dictionary from .xlsx file  

K raster 
Land cover values (CORINE) raster 

7.1.3 Slope raster file 

In this method, a function from the gdal geospatial library is used to calculate the slope of each 

cell in the examined area. The format is chosen to be percent, as the following code snippet 

indicates. 

def  slope ( dem):  

    slopedem =gdal . DEMProcessing ( 'slope.tif' ,  dem,  'slope' ,   

slopeFormat =" - p" )  

    slopearray =slopedem . ReadAsArray ()      

    return  slopearray  

Table 7.3: Input ï output data of the Slope raster creation method 

Input data   Output   

Digital Elevation Model  raster Slope (%) 

7.1.4 Overland Velocity Grid  

The next step, is the calculation of the overland velocity, based on the methodology discussed 

in the Chapter 5. 

def  velocityGrid ( slope , karray , flowaccumulation , threshold ):      

    slope [ slope ==0]= 0.001  

    slope [ slope <0]= 0 

    sqrt_slope =np . sqrt ( slope )  

    for  i in  range ( slope . shape [ 0]):  

        for  j in  range ( slope . shape [ 1]):  

            if  slope [ i , j ]> 0.04 :  

                slope [ i , j ]= 0.05247 +0.06363 * slope [ i , j ] - 0.182 * np . exp  

( - 62.38 * slope [ i , j ])  

    velocity =np . multiply ( karray ,  sqrt_slope )  

    return  velocity  

Considering the slope (see 7.1.3) and flow accumulation grid (see 7.1.1), the k values and a 

threshold, the overland velocity is calculated (Chapter 4.4). The threshold defines the head sub-
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basin in terms of area in pixels (e.g. for grid size of 25Ĭ25 m, and a threshold of 16000 cells, 

the minimum area of a defined basin is 10 km2). 

Table 7.4: Input ï output data of the Overland Velocity method 

Input data   Output   

Slope raster 

Overland Velocity  raster 
K values raster 

Flow accumulation  raster 

Threshold in pixels  

7.1.5 Channel Velocity method 

This method calculates the velocity in the stream network considering the observed discharge, 

the area of interest, the concentration time parameters ὸ, ὸ and ‍, explained in detail within 

sections 5.4.5 and 5.4.6, as well as the time step of observations in seconds (e.g. for a 15-minute 

interval, the input is 900) and the start and finish time of the main hydrograph limbs to define 

the average runoff intensity (see section 5.4.6). Of course, the stream network object (defined 

from the streams class, see 7.1.10) is the key element in the calculation of the channel velocity, 

as this objects incorporates as attributes all the information needed (segment slope, Manningôs 

coefficient, which segments are along the longest path etc.). 

def  Vchannel ( Qobs, A, b, tA , t0 , streams , streamr , Dt , start , end ):  

    T=( end - start )  

    V=np . zeros ( shape =T)  

    for  i in  range ( 1, T):  

        V[ i ]=(( Qobs[ i ]+ Qobs[ i - 1])/ 2)* Dt  

    Vtotal =np . sum( V)/ A/ 1000  

    ieobs = Vtotal /( T/ 4)  

    tc =t0 *( ieobs **( - b))  

    tR_h =tc - tA  

    tR =tR_h * 3600  

    L=streams . LENGTH[ streams . mainStreamLinks - 1]  

    sqrtJ =streams . SLOPE[ streams . mainStreamLinks - 1]**( 0.5 )  

    n=streams . MANNING[ streams . mainStreamLinks - 1]  

    b=streams . RiverB [ streams . mainStreamLinks - 1]  

    c=np . sum(( L* n)/( sqrtJ * b** 0.5 ))/ tR  

    Vriver =( c* streams . SLOPE**( 0.5 )* streams . RiverB )/( streams . MANNING)  

    return  Vriver  

Table 7.5: Input ï output data of the Channel Velocity method 

Input data   Output   

Observed discharge timeseries 

Channel Velocity Area in km 2 

b parameter  
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t0 parameter  

tA parameter  

Stream object   

Time base 

Start of hydrograph  limb  

End of hydrograph  limb  

7.1.6 Velocity Stack Method 

The Velocity Stack method is essential for assigning cell velocities. This method overlays the 

channel velocity raster on top of the overland velocity raster, so as the overland cells that are 

also superimposed on the channel network are assigned only channel velocities. The outcome 

is the final velocity grid, used in the calculations travel time per cell to the basin outlet, which 

are next used to formulate the isochrones.   

def  VelocityStack ( Ovelocity , Cvelocity , streamr ):  

    Tveloci ty =np . zeros_like ( Ovelocity )  

    for  i in  range ( Ovelocity . shape [ 0]):  

        for  j in  range ( Ovelocity . shape [ 1]):  

            Tvelocity [ i , j ]= Ovelocity [ i , j ]  

    for  k in  range ( len ( Cvelocity )):  

        Tvelocity [ np . where ( streamr ==k+1)]= Cvelocity [ k ]  

    return  Tvelocity  

Table 7.6: Input ï output data of the Velocity Stack method 

Input data   Output   

Overland velocity raster  

Final Velocity  Channel velocity array  

Streams represented as raster  

 

7.1.7 Flow time  

Flow time method calculates travel time of each cell to the outlet of the basin. In this study the 

isochronous curves are used as described in the Chapter 5.4.2. The parameters needed are the 

flow direction grid, the final velocity grid, the cell size in meters and the time step in seconds. 

This method employs JIT and runs in parallel mode (i.e. travel times from multiple cells are 

con-currently computed) to cut-down execution time. 

@jit (( numba. uint8 [:,:], numba. float64 [:,:], numba. float64 , numba. float64 ), pa

rallel =True ,  nopython =False ,  nogil =True )  

def  flowtime ( flowdir ,  velocity ,  cellsize ,  Dt ):  

    lx =cellsize  

    lxy =( 2* cellsize ** 2)** 0.5  

    nr =flowdir . shape [ 0]  
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    nc =flowdir . shape [ 1]  

    shape =( nr , nc )  

    accumtime =np . zeros ( shape )  

    for  i in  prange ( nr ):  

        fo r  j in  range ( nc ):  

            if  flowdir [ i , j ]== 0:  

                accumtime [ i , j ]= 0 

            else :  

                timeflow =0 

                tempi =i  

                tempj =j  

                 

                while  tempj != - 1 and  tempj != nc and  tempi != - 1 and  tempi != nr 

and  flowdir [ tempi , tempj ]!= 0:  

                    if  flowdir [ tempi , tempj ]== 1:  

                        movej =1 

                        movei =0 

                        x=lx  

                        if  flowdir [ tempi +movei , tempj +movej ]== 16 :  

                            timeflow =0 

                            break  

                    elif  flowdir [ tempi , tempj ]== 2:  

                        movej =1 

                        movei =1 

                        x=lxy  

                        if  flowdir [ tempi +movei , te mpj +movej ]== 32 :  

                            timeflow =0 

                            break  

                    elif  flowdir [ tempi , tempj ]== 4:  

                        movej =0 

                        movei =1 

                        x=lx  

                        if  flowdir [ tempi +movei , tempj +movej ]== 64 :  

                            timeflow =0 

                            break  

                    elif  flowdir [ tempi , tempj ]== 8:  

                        movej =- 1 

                        movei =1 

                        x=l xy  

                        if  flowdir [ tempi +movei , tempj +movej ]== 128 :  

                            timeflow =0 

                            break  

                    elif  flowdir [ tempi , tempj ]== 16 :  

                        movej =- 1 

                        movei =0 

                        x=lx  

                    elif  flowdir [ tempi , tempj ]== 32 :  

                        movej =- 1 



68 

                        movei =- 1 

                        x=lxy  

                    elif  flowdir [ tempi , tempj ]== 64 :  

                        movej =0 

                        movei =- 1 

                        x=lx  

                    elif  flowdir [ tempi , tempj ]== 128 :  

                        movej =1 

                        movei =- 1 

                        x=lxy  

                    timeflow =timeflow +( x / velocity [ tempi , tempj ])  

                     

                    tempi =tempi +movei  

                    tempj =tempj +movej  

                     

                accumtime [ i , j ]= timeflow /( Dt )  #hours  

    return  accumtime  

Table 7.7: Input ï output data of the Flow time method 

Input data   Output   

Flow direction grid  

Flow Time raster (values in 

timesteps) 

Total velocity  

Cell size 

Flow direction grid  

tA 

Time base 

7.1.8 Isochrones creation 

This simple method classifies the flow time raster into classes of 1 timestep, in order to create 

the isochrones areas. The cell value of the resulting raster refers to the isochronesô area by 

index. 

def  classifytimes ( flowTIME ):  

    classtime =flowTIME // 1 

    return  classtime  

Table 7.8: Input ï output data of the Flow time method 

Input data   Output   

Flow Time raster  Isochrone areas index raster  

7.1.9 Inverse Distance Weighting (IDW)  

This method uses the Inverse Distance Weighting (IDW) algorithm. This deterministic method 

for multivariate interpolation is used for the scattered rain gauges, so as to interpolate the 
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rainfall across the area. In this algorithm the assigned values to the unknown points of the area 

(in a grid base) are calculated with a weighted average of the values available at the known 

points. In a discrete assignment of the unknown function in a study region, the expected result 

is: 

όὼȡὼO ᴙȟὼ‭ὈṒᴙ  (7.1) 

where D is the study region, and the set of N  data points can be described as a list of tuples: 

ὼȟό ȟὼȟό ȟȣȟὼȟό  (7.2) 

The function aims to be "smooth" (continuous and differentiable), exact όὼ ό  and to 

meet the user's intuitive expectations about the phenomenon under investigation. Furthermore, 

the function is suitable for a computer application at a reasonable cost. 

IDW is considered to be a very flexible spatial interpolation method, as the interpolation could 

be set in various ways. 

Interpolated points are estimated based on their distance from known cell values. Points that 

are closer to known values will be more influenced than points that are farther away. A power 

of 1 smooths out the interpolated surface. A power of 2 increases the overall influence it has 

from the known values. It is worth noting that peaks and values are more localized and are not 

averaged out as much as with a power parameter of 1. The formula to calculate the value is: 

ᾀ

В
ᾀ

Ὠ

В
ρ

Ὠ

 (7.3) 

The following figures illustrate some examples of the application of IDW algorithm. 

 

Figure 7.1: An example of the application of IDW (Source: gisgeography.com). 

https://en.wikipedia.org/wiki/Tuple
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Figure 7.2: Example of IDW using power 1 (Source: gisgeography.com). 

 

Figure 7.3: Example of IDW using power 2 (Source: gisgeography.com). 

In the following code snippet, the implementation of the above interpolation is presented. The 

input parameters are the coordinates of the rain gauges, the size of the basin in terms of grid 

size and the cell size which defines the resolution of the raster Digital Elevation Model (DEM). 

In addition, the power parameter (suggested as 2.0) and the coordinates of the upper left corner 

of the raster are required. As a result, the distribution of the rainfall across the area is calculated.  

def  idw ( stationX ,  stationY ,  rain ,  gridsiz e,  xymin ,  power ,  cellsize ):  

    """ Calculates the idw of any number of stations for a rainfall timestep  

        xystation: tuple with tuples (x,y) for stations  

        rain: element with rainfall data of each station  

        gridsize : tuple with dimensio ns [in cells] of raster  

        power : the p of idw  

        xymin : the upper left corner of raster in [m]  

        cellsize : cell size in [m]  

    """  

    # get coordinates from tuple xymin  

    xmin = xymin [ 0]  

    ymin = xymin [ 1]  

    # create the mesh  

    x = np . arange ( 0,  gridsize [ 1],  1)  

    y = np . arange ( gridsize [ 0] - 1,  - 1,  - 1)  

    xx ,  yy = np . meshgrid ( x ,  y ,  sparse =False )  

    # preallocate the distance 3D matrix  

    weight =  np . zeros ( shape =[ gridsize [ 0],  gridsize [ 1],  len ( stationY )])  
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    wu=np . zeros_like ( weight )  

    #nonzeroindex = np.zeros_like(distance)  

    # loop for every station  

    for  s in  range ( len ( stationX )):  

        #stationXY = xystation[s]  

        xstationtemp = stationX [ s ]  

        ystationtemp = stationY [ s ]  

        coorxx =xx *  cellsize + xmin + cellsize /  2 

        cooryy =yy *  cellsize + ymin + cellsize /  2 

        distance = np . sqrt (( coorxx  -  xstationtemp )** 2 + ( cooryy -

ystationtemp )** 2)       

        checkifzero = np . nonzero ( distance == 0)  

        if  not  all ( checkifzero ):  #check if it is not empt y 

            weight [:,:, s ]  = 1/ distance ** power  

            wu[:,:, s ]  = weight [:,:, s ]* rain [ s ]  

        else :     

            g = distance . flatten ( 'F' )  # vectorize  

            indexzero = np . nonzero ( g == 0)        

            weightvector =np . concatenate (( 1/ g[ : int ( indexzero [ 0])]**  

power , np . array ([ 1]),  1/ g[ int ( indexzero [ 0])+ 1:]** power ))  

            weight [:,:, s ]= weightvector . reshape ( gridsize [ 0],  

gridsize [ 1], order ='F' ). copy ()     

            wuv=np . concatenate ((( 1/ g[: int ( indexzero [ 0])]** power )*  

rain [ s ], np . array ([ r ain [ s ]]),( 1/ g[ int ( indexzero [ 0])+ 1:]** power )* rain [ s ]))  

            

wu[:,:, s ] =wuv. reshape ( gridsize [ 0], gridsize [ 1], order ='F' ). copy ()   

    idwrain =wu. sum( axis =2)/ weight . sum( axis =2)     

    return  idwrain  

Table 7.9: Inputs ï outputs of the IDW method. 

Input data   Output  data  

X, Y of the stations  in tuple format  

 

3D Matrix  of spatial distribution of 

rainfall  event : XY axes cell 

coordinates , Z axis time, cell value 

equals rainfall intensity  

Rainfall timeseries 

Dimensions of the raster fie  in pixels  

Power parameter  

Xmin, Ymin values in m (from the coordinate system  

Cell size 

7.1.10 Streamdata class 

The streams class is used to instantiate a stream network object with its attributes as read by a 

shapefile.  

class  streamdata ( object ):  

    def  __init__ ( self , datastream):  
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        self .ID  = np.array(datastream["ARCID"])  

        self .SLOPE =  np.array(datastream["SLOPE"])  

        self .LENGTH=np.array(datastream[" Length "])  

        self .mainStreamLinks=np.array(datastream["M ainLink s"])  

        self .MANNING=np.array(datastream["Manning"])  

        self . WIDTH=np.array(datastream[" Width "])  

# Instantiate  example  where datastream  variable  holds a reference to a 

streams shapefile (.shp) :  streams=streamdata(datastream)   

7.1.11 CN adjustment to AMC parameter 

CN is adjusted according to antecedent soil moisture conditions (refer to section 5.3.5). Inputs 

are the CN raster (created through GIS operations according to 5.3.4). The output is the CN 

raster of the specific event. This method also employs JIT and runs in parallel. 

@jit((numba.float64, numba.float64[:,:]),parallel= True ,  nopython= False ,  

nogil= True )  

def  cnadjustment ( AMC, cnarray ):  

    cnadj =cnarray  

    if  AMC < 0.5 :  

        for  i in  prange ( cnarray . shape [ 0]):  

            for  j in  range ( cn array . shape [ 1]):  

                temp =4.2 * cnarray [ i , j ]/( 10- 0.058 * cnarray [ i , j ])  

                cnadj [ i , j ]= cnarray [ i , j ] - ( cnarray [ i , j ] - temp )/ 0.4 *( 0.5 - AMC)  

    if  AMC > 0.5 :  

        for  i in  prange ( cnarray . shape [ 0]):  

            for  j in  range ( cnarray . shape [ 1]):  

                temp =23* cnarray [ i , j ]/( 10+0.13 * cnarray [ i , j ])  

                cnadj [ i , j ]= cnarray [ i , j ]+( temp - cnarray [ i , j ])/ 0.4 *( AMC -

0.5 )  

    return  cnadj  

Table 7.10: Inputs ï outputs of the CN adjustment method 

Input data   Output  data  

CN raster 
Adjusted CN raster  

AMC parameter  

7.1.12 Effective rainfall computation method 

In order to compute the effective rainfall in every time step of the event and in every cell, inputs 

required are: the initial abstraction parameter ‗ (here as ñaò, because the Greek letter is not 

supported as a Python variable name), the adjusted by ὃὓὅ coefficient CN raster in order to 

calculate Ὓ  (as explained in eq. (5.9) in section 5.3.7) and the spatially distributed rainfall 

raster. The method calculates Ὓ in every cell using eq. (5.10) and then forms the 3D matrix 

containing the effective rainfall for every cell & time step using eq. (5.1). 

@jit((numba.float64,numba.uint8[:,:],numba.float64[:,:]),parallel= True ,  

nopython= False ,  nogil= True )  

def  ie_rain ( a, cnarray , gridrain ):  

    S20=254 *(( 100 / cnarray ) - 1)  
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    S20[ S20<0]= 10000  

    h0=0.2 * S20 

    h=np . sum( gridrain , axis =2)  

    he=np . zeros_like ( h)  

    for  i in  prange ( h. shape [ 0]):  

        for  j in  range ( h. shape [ 1]):  

            if  h[ i , j ]> h0 [ i , j ]:  

                he [ i , j ]=( h[ i , j ] - h0 [ i , j ])** 2/( h[ i , j ] - h0 [ i , j ]+ S20[ i , j ])  

            else :  

                he [ i , j ]= 0 

    Sa=( 2* a* h+( 1- a)* he- np . sqrt ( he*( he*( 1- a)** 2+4* a* h)))/( 2* a** 2)  

    Sa[ Sa<0]= 0    

    h=np . cumsum( gridrain , axis =2)    

    he=np . zeros_like ( h)  

    h0=a* Sa  

    for  t in  prange ( h. shape [ 2]):  

        for  i in  range ( h0 . shape [ 0]):  

            for  j in  range ( h0 . shape [ 1]):  

                if  h[ i , j , t ]> h0 [ i , j ]:  

                    he [ i , j , t ]=(( h[ i , j , t ] - h0 [ i , j ])** 2)/( h[ i , j , t ] - h0 [ i , j ]+  

Sa[ i , j ])  

                else :  

                    he [ i , j , t ]= 0            

    ie =np . diff ( he , axis =2)  

    ie =np . concatenate (( he [:,:, 0: 1], ie ), axis =2)  

    return  ie  

Table 7.11: Inputs ï outputs of the effective rainfall computation method 

Input data   Output  data  

CN adjusted raster  
Effective rainfall 3D matrix (cell 

value: intensity, XY axes: 

coordinates, Z axis: time  

Initial abstraction ratio parameter ‗ 

Raster of spatial distribution of rainfall  

7.1.13 Volume of isochrones computation method 

This function computes cell runoff volume from each isochrone area and the respective cell 

effective rainfall for each time step. A matrix is created, so as to enable matrix algebra 

operations for hydrograph creation. 

@jit((numba.floa t64[:,:], numba.float64[:],numba.float64[:,:],numba.float6

4,  

numba.float64[:,:,:]),parallel= True ,  nopython= False ,  nogil= True )  

def  Vmat( V, time , classtime , cellsize , ie ):  

    E=( cellsize ** 2)  

    for  k in  prange ( ie . shape [ 2]):  

        for  j in  range ( int ( time . max() )):  

            temp2 =( classtime ==j +1)*( ie [:,:, k ])  
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            V[ j , k ]= np . sum( temp2 )* E 

    return  V 

Table 7.12: Inputs ï outputs of volume of isochrones computation method 

Input data   Output  data  

Pre-allocated volume matrix  

Volume from isochrones matrix  

Isochrones index raster  

Cell size value 

Effective rainfall 3D matrix  

7.1.14 Hydrograph computation method 

The hydrograph computation method employs the methodology described in section 5.4.2. to 

compute the hydrograph at the basin outlet. Units are m3/s. Inputs required are the augmented 

Volume matrix (by expanding the X,Y axis of the matrix to account for concentration time of 

the basin), the time step in seconds and a pre-allocated matrix to store the computed hydrograph. 

@jit((numba.float64[:], numba.uint8[:,:],numba.float64),parallel= False ,  

nopython= False ,  nogil= False )  

def  qcalc ( Q, V2, Dt ):  

    for   j in  range ( len ( Q)):  

        Q[ j ]= 0   

        check1 =np . min ([ j , V2. shape [ 0] - 1])  

        t =np . arange ( check1 +1)  

        check2 =np . min ([ j , V2. shape [ 1] - 1])  

        i =np . arange ( check2 , - 1, - 1)  

        for  x in  range ( len ( t )):  

            Q[ j ]= Q[ j ]+ V2[ t [ x ], i [ x ]]  

    Qsim=( Q* 10**( - 3)  )/ Dt  

    return  Qsim 

Table 7.13: Inputs ï outputs of volume of isochrones computation method 

Input data   Output  data  

Pre-allocated runoff matrix  

Simulated runoff hydrograph  Volume from isochrones matrix  

Time step in seconds  

7.1.15 Surface Model method 

This method executes all related aforementioned methods in order to generate a simulated 

hydrograph by employing the simpler surface hydrological model discussed in Chapter 5. 

def  model ( a, m, Tvelocity , gridrain , cellsize , flowdir ,  cnarray , Dt ):  

    flowTIME =flowtime ( flowdir ,  Tvelocity ,  cellsize , Dt )  

    classtime =classifytimes ( flowTIME )  
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    cn =cnadjustment ( m, np . float64 ( cnarray ))   #it was m*cnarray  

    ie =ie_rain ( a, cn , gridrain )  

    ie [ ie <0]= 0 

    time =np . unique ( classtime [ classtime >0])  

    V=np . zeros ( shape =( int ( time . max()), ie . shape [ 2]))  

    V=Vmat( V, time , classtime , cel lsize , ie )  

    Q=np . zeros ( shape =( V. shape [ 1]+ V. shape [ 0] - 1, 1))  

    ex1 =np . zeros ( shape =( Q. shape [ 0] - V. shape [ 0],  V. shape [ 1]))  

    ex2 =np . zeros ( shape =( Q. shape [ 0],  Q. shape [ 0] - V. shape [ 1]))  

    V1=np . concatenate (( V, ex1 ), axis =0)  

    V2=np . concatenate (( V1, ex2 ), axis =1)  

    Qsim=qcalc ( Q, V2, Dt )    

    return  Qsim 

7.1.16 Complete Model method 

This method executes the aforementioned methods to generate the enhanced model described 

in section 5.5.1 to 5.5.3. Some key changes to the surface method of section 7.1.15 are the water 

balance equations that are implemented within the effective rainfall computation so the simpler 

effective rainfall method is not called in execution. There is also the assumption that if interflow 

is not zero at the beginning of the simulation, then all previous values before the first time step 

are equal to the first interflow value (e.g. if  lag parameter ‏ is equal to 10, interflow values at 

steps ὸ ρȡ ὸ ρπ are all equal to interflow at step ὸ. 

def  modelComplete ( a, m, L, B, W0, lag , Tvelocity , gridrain , cellsize , flowdir ,   

cnarray , Dt , dem):  

    flowTIME =flowtime ( flowdir ,  Tvelocity ,  cellsize , Dt )  

    c lasstime =classifytimes ( flowTIME )  

    cn =cnadjustment ( m, np . float64 ( cnarray ))  

    S20=254 *(( 100 / cn ) - 1)  

    S20[ S20<0]= 10000  

    h0=0.2 * S20 

    h=np . sum( gridrain , axis =2)  

    he=np . zeros_like ( h)  

    for  i in  range ( h. shape [ 0]):  

        for  j in  range ( h. shape [ 1] ):  

            if  h[ i , j ]> h0 [ i , j ]:  

                he [ i , j ]=( h[ i , j ] - h0 [ i , j ])** 2/( h[ i , j ] - h0 [ i , j ]+ S20[ i , j ])  

            else :  

                he [ i , j ]= 0 

    Sa=( 2* a* h+( 1- a)* he- np . sqrt ( he*( he*( 1- a)** 2+4* a* h)))/( 2* a** 2)  

    Sa[ Sa<0]= 10000  

    h0=a* S20 

    time =np . unique ( classtime [ classtime >0])  

    interflow =np . zeros ([ int ( time . max())+ gridrain . shape [ 2], 1])  

    QinteflowM3S =np . zeros ([ int ( time . max())+ gridrain . shape [ 2], 1])          

    W=np . ones_like ( Tvelocity )* W0 

    K=Sa+W0        

    h=np . cumsum( gridrain , axis =2)  
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he=np . zeros ([ gridrain . shape [ 0], gridrain . shape [ 1], gridrain . shape [ 2]+ 1])  

    ie =np . zeros ([ gridrain . shape [ 0], gridrain . shape [ 1], gridrain . shape [ 2]])  

    interflow =np . zeros ([ gridrain . shape [ 0], gridrain . shape [ 1],  

gridrain . shape [ 2]+ int ( time . max())])  

    percolation =np . zeros ([ gridrain . shape [ 0], gridrain . shape [ 1],  

gridrain . shape [ 2]])  

    for  t in  range ( 1, ie . shape [ 2]+ 1):  

        df =h[:,:, t - 1] - h0 

        df [ df <0]= 0 

        he [:,:, t ]=( df ** 2)/( df +Sa)*( dem>0). astype ( float )  

        he [ he<0]= 0 

        ie [:,:, t - 1]= he [:,:, t ] - he [:,:, t - 1]  

        ie [ ie <0]= 0 

        infiltration =gridrain [:,:, t - 1] - ie [:,:, t - 1]  

        W=W+infiltration  

        interflow [:,:, t - 1]= W* L 

        interflow [ interflow <0]= 0 

        W=W- interflow [:,:, t - 1]  

        percolation [:,:, t - 1]= W* B 

        W=W- percolation [:,:, t - 1]  

        Sa=K- W 

    V=np . zeros ( shape =( int ( time . max()), ie . shape [ 2]))  

    V=Vmat( V, time , classtime , cellsize , ie )  

    Q=np . zeros ( shape =( V. shape [ 1]+ V. shape [ 0] - 1, 1))  

    ex1 =np . zeros ( shape =( Q. shape [ 0] - V. shape [ 0],  V. shape [ 1]))  

    ex2 =np . zeros ( shape =( Q. sh ape [ 0],  Q. shape [ 0] - V. shape [ 1]))  

    V1=np . concatenate (( V, ex1 ), axis =0)  

    V2=np . concatenate (( V1, ex2 ), axis =1)  

    Qsim=qcalc ( Q, V2, Dt )  

    for  t in  range ( ie . shape [ 2], ie . shape [ 2]+ int ( time . max())):  

        interflow [:,:, t ]= W* L 

        W=W- interflow [:,:, t ]  

        W=W*( 1- B)          

    # transform interflow to m3/s                   

    for  t in  range ( interflow . shape [ 2]):  

        

QinteflowM3S [ t ]=((( np . sum( interflow [:,:, t ]*( dem>0). astype ( float ))*  

cellsize ** 2)/ 1000 )/ Dt )          

    # add lag  

    qz =np . zeros ([ lag , 1])  

    qlag =np . ones ([ lag , 1])* QinteflowM3S [ 0]  

    Qsim=np . concatenate (( Qsim, qz ), axis =0)  

    QinteflowM3S =np . concatenate (( qlag , QinteflowM3S [ 0: - 1]), axis =0)  

    Qtot =Qsim+QinteflowM3S  

    Q=np . hstack (( Qsim, QinteflowM3S , Qtot ))  

    return  Q 
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7.2 Optimization methods 

The following methods are called within optimization procedures. ὔὛὉ is the default metric 

used for the optimization of model parameters. 

¶ Surface model differential evolution call with parameter bounds and arguments, where 

ὼ is the optimized parameter values: 

bounds=[(0.0001, 0.50),(0.01, 1)]  

args=(Qobs,Tvelocity,gridrain,cellsize,flowdir, cnarray,Dt,dem)  

results=differential_evolution(processingFuncs.optimFun2, bounds, args, 

strategy='best1bin', maxiter=20, popsize=20, tol=0.01, mutation=(0.5, 1), 

rec ombination=0.7, seed=None, callback=None, disp=True, polish=False, 

init='latinhypercube', atol=0)  

x=results.x  

¶ Surface modelôs objective function: 

def  optimFun ( x ,* args ):  

    Qobs=args [ 0]  

    Tvelocity =args [ 1]  

    gridrain =args [ 2]  

    cellsize =args [ 3]  

    f lowdir =args [ 4]  

    cnarray =args [ 5]  

    Dt =args [ 6]  

    a=x [ 0]  

    m=x [ 1]  

    Qsim=model ( a, m, Tvelocity , gridrain , cellsize , flowdir ,  cnarray , Dt )  

    Qobs=np . asarray ( Qobs)  

    NSE=Metrics . NSE( Qsim,  Qobs)  

    NSEnegative =- NSE 

    return  NSEnegative  

¶ Complete model differential evolution call with parameter bounds and arguments, 

where x is the optimized parameter values, note the rescaling of parameters in the 

objective function: 

bounds=[(0.1, 1),(0.01, 0.3),(0,1),(0,1),(0,1),(0,1)]  

args=(Qobs,Tvelocity,gridrain,ce llsize,flowdir, cnarray,Dt,dem)  

results=differential_evolution(processingFuncs.optimFunComplete, bounds, 

args, strategy='best1bin', maxiter=15, popsize=6, tol=0.01, mutation=(0.5, 

1), recombination=0.7, seed=None, callback=None, disp=True, polish=True, 

ini t='latinhypercube', atol=0)  

x=results .x  

¶ Complete modelôs objective function: 

def  optimFunComplete ( x ,* args ):  

    Qobs=args [ 0]  
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    Tvelocity =args [ 1]  

    gridrain =args [ 2]  

    cellsize =args [ 3]  

    flowdir =args [ 4]  

    cnarray =args [ 5]  

    Dt =args [ 6]  

    dem=arg s [ 7]  

    a=0.5 * x [ 0]  

    m=x [ 1]  

    L=x [ 2]* 0.1  

    B=x [ 3]* 0.1  

    W0=x [ 4]* 50 

    lag =int ( x [ 5]* 200)  

    

Qsim3=modelComplete ( a, m, L, B, W0, lag , Tvelocity , gridrain , cellsize , flowdir ,  

cnarray , Dt , dem)  

    Qsim=Qsim3 [:, 2]  

    NSE= Metrics . NSE( Qsim,  Qobs)  

    NSEnegati ve =- NSE 

    return  NSEnegative  

7.3 Software application 

The developed software application is presented within this section. The application is 

responsible for data handling, visualization and the execution of the models described in 

Chapter 5. The GUI application is mainly visually designed using Qt Designer (part of Qt 

Framework). Then, the designer file (.ui) is imported into the python script using the PyQt 

bindings.   

The requirement for this software application is Python 3.6 or latest version and the Anaconda 

distribution to handle all necessary packages. It operates in every major operating system 

(Windows, MacOS, all Linux distributions). 
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Figure 7.4: Overview of the applicationôs main window. 

As seen in Figure 7.4, the top left area of the window is the data input wizard, with visual and 

text guidance to import all necessary files. These include: 

Á Digital Elevation Model (.tiff) 

Á Flow Direction raster file (.tiff) 

Á Rainfall data (.xlsx) 

Á Gauges points (.shp) 

Á Curve Number raster file (.tiff) 

Á Corine land cover raster file (.tiff) 

Á The k values per Corine category (.xlsx) 

Á Stream length and Manning values (.shp) 

Á Stream raster file (.tiff) 

Á Observed flow (.xlsx) 

When the user clicks in a data input (for example the DEM) a pop ï up window opens makes it 

available to load only the files with the same form (e.g. only .tiffs in this case). In addition, 

above every data input at the main window a help info provides the necessary information for 

every action. There are also buttons on the right side of the wizard to visualize these inputs, at 

the windowôs graphics view widget. The command line widget displays important information 

about user actions. Examples are given in the following figures. 
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Figure 7.5: Example of DEM import.  
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Figure 7.6: Example of CN raster import. 
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Figure 7.7: Example of observed hydrograph import.  
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Figure 7.8: Example of stationsô shapefile import visualized on top of the basin footprint. 
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Figure 7.9: Example of the streams network shapefile import, visualized on top of the basin footprint. 

Under the import wizard section there are actions available to the user for data processing. 

These include the IDW rainfall spatial allocation to cells, the computation of cell slope, flow 

accumulation and relevant velocities and visualization of the basins isochrones areas. There are 

input widgets (comboboxes) that enable the user-defined input of the respective parameters for 

the actions (e.g. the parameters for time of concentration estimation, sub-basin area threshold 

etc.). Examples of interaction are given in the following figures. 
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Figure 7.10: Example of flow accumulation computation. 
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Figure 7.11: Example of calculation the final cell velocity values. 

On the top right side of the window are the user defined inputs of parameters used for the 

simulation of an event supplying either the parameters for the surface model, or adding the 

parameter values needed for the complete model. The user is also able to run an optimization 

for either model and the parameter values will populate the input widgets at the end of the 

optimization. The generate report button saves results of optimization (parameter values, 

simulated hydrograph and metrics) in a text file. An example of visualization is given in Figure 

7.12. 
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Figure 7.12: Example of simulation results. 
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8 Study area and data 

The scope of this study is the development and documentation of a fully distributed model for 

event-based hydrological modelling that could be used as a stand ï alone application. 

Hence, the proposed scheme is not established upon a specific study basin, but is rather a 

general framework aimed for being easily implemented in different size basins. However, a 

study area is selected, in order to analyse and report the functionality and the results of the 

proposed model. In this chapter, we present the study basin as well and the available data. 

8.1 Nedontas river  basin 

Nedontas river is located in the region of Western Peloponnese, Greece and belongs to the 

Water Department of Western Peloponnese (GR01). A general overview of the area is given in 

Figure 8.1. Nedontas passes through the city of Kalamata, in the prefecture of Messenia. The 

special feature of this site is a deep narrow gorge, with a length of 9 km, lying between Chani 

Lagou and the military shooting area, north of Kalamata. Nedontas river springs from the 

western slopes of Taygetos, and flows into the Messenian gulf, west of the harbor of Kalamata, 

with a total length of 26 km. In the area exists a network of meteorological and hydrometric 

stations. The cross section of the basin was selected upstream of the urban area, and in particular 

at the Nedontas hydrometric station, at the Bakasôs Quarry, where the cross section is upgraded 

downstream.  

This watershed is suitable for our study, as there donôt exist structures that could affect its 

hydrological regime (e.g. dams, deflections, reservoirs). Due to the karstification, a high 

percentage of runoff water in the Nedontas riverbed infiltrates through the limestone, thus 

contributing to the enrichment of the groundwater and maintaining the relatively low runoff 

towards the river mouth. The geomorphological development of the Nedontas gorge is due to 

extensive erosion which occurred during the post alpine elevation of the area; erosion was 

promoted across large NE-SW striking faults. 

A further factor contributing to the choice of this particular case study, is the characteristics of 

the overland flow, which is the main component of discharge. It occurs through the well-formed 

hydrographic network with relatively straight sections at least at the locations of the existing 

hydrometric stations. The meteorological data collected from a station near the airport (6 km 

west of Kalamata) provide information on the area's water potential.  

In the south of Prefecture of Messinia (Finikounda ï Methoni), the rainfall is in average 600 

mm, 1500 mm in the mountainous areas and 800-1200 mm in central, northern plain and semi 

- mountainous areas. 
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Figure 8.1: Satellite imagery of the general area around Nedontas river, as seen in Google Earth Pro. 

8.2 Processing of the Geospatial Information 

The available geospatial data used for the examined catchment area are altitude information, 

land use cover, geological structures as well as the locations of the metric stations. Figure 8.2 

shows the Digital Elevation Model (DEM) with a spatial resolution of 25 m per pixel. Total 

basin area is equal to 119.3 km2. As it can be observed from the altitude histogram (Figure 8.3) 

of the examined data, the minimum altitude value is approximately 93 m and the maximum 1 

715 m. 

In Nedontas basin the slopes are generally steep, as 75% of the cells have slope greater than 

18%. In the northern areas in particular, slope exceeds 100% (Figure 8.4). 
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Figure 8.2: DEM of the basin under study. 

 

Figure 8.3: Altitude histogram of the basin. 
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Figure 8.4: Slope classification. 

8.2.1 Hydrographic network  

The hydrographic network consists of the main branch of Nedontas and three major tributaries, 

i.e. Nedousa, Alagonia and Karveliotis. The first to form the upper reaches of the examined 

river, while the third runs across the southwest part of the basin. Figure 8.5 illustrates the 

hydrographic network of the basin. The main water body of the area collects the smaller streams 

and creeks from the upstreams and reaches the outlet of the basin, which is located in the 

Messenian Gulf. Antoniadi (2016) estimated the unit time of concentration, ὸ, equal to 3.1 

hours and shape parameter, ‍ equal to 0.193. 
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Figure 8.5: Hydrological network in Nedontas basin. 

8.2.2 Land use 

The digital land use model derived from Corine Land Cover 2012. Figure 8.6 depicts the land 

uses for the studied basin. It is obvious that the main land use is broad ï leaved forest and 

coniferous forest. 

 

Figure 8.6: Corine Land Cover Classification. 

8.2.3 Geological background 

As seen in Figure 8.7, most of the central part of the basin is comprised of the Tripolis Zone 

which is karstified. The east side of the basin is comprised of quartz geological formations.  
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Figure 8.7: Geological background of Nedontas basin. 

8.2.4 Permeability 

The classification of the soils infiltration rate according to SCS is high (Class A), medium to 

low (categories B and C) and at a very low rate (Category D). Due to the small size of categories 

B and C, they were consolidated. The following figure depicts the water permeability. 

 

Figure 8.8: Permeability map of Nedontas basin. 

8.2.5 Estimation of CN values for AMC II conditio ns 

CN values for AMC II conditions  are calculated according to the methodology described in 

5.3.4 and are presented in Figure 8.9. The mean value of CN is 62.35. 
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Figure 8.9: CN values for AMC II conditions. 

8.2.6 Flow direction and flow accumulation 

In Figure 8.10 the flow direction map is presented. In Figure 8.11 the flow accumulation of the 

examined catchment is illustrated, with a threshold of sub-basins equal to 2.5 km2. 

 

Figure 8.10: Flow direction raster. 
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Figure 8.11: Flow accumulation with threshold of 2.5 km2
. 

8.2.7 Analysis of the stream network 

Using a sub-basin threshold of 2.5 km2 and the common GIS hydrology tools the water network 

of Figure 8.12 emerges. Streams are named by ID values. The attributes slope,length and 

Manning coefficient are presented in Table 8.1. Manning coefficients are estimated 

macroscopically by means of satellite imagery interpretation.  

Table 8.1: Stream network attributes 

ID  Length (m)  Slope % Manning coeff.  

1 1483.31 0.135589 0.07 

2 1889.64 0.119282 0.07 

3 4150.66 0.068437 0.05 

4 2316.43 0.110869 0.07 

5 396.309 0.193031 0.07 

6 523.51 0.166129 0.07 

7 1704.03 0.024108 0.03 

8 1342.08 0.060317 0.05 

9 2094.73 0.057592 0.07 

10 448.144 0.0459 0.05 

11 87.5 0.052914 0.07 

12 1342.92 0.076423 0.05 
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13 1251.79 0.081723 0.07 

14 106.066 0.09 0.07 

15 612.5 0.097796 0.07 

16 3059.25 0.025264 0.03 

17 3821.84 0.149473 0.07 

18 995.376 0.068587 0.03 

19 2156.43 0.092162 0.07 

20 1443.49 0.273469 0.07 

21 1532.63 0.016188 0.03 

22 7664.86 0.054223 0.07 

23 2616.26 0.040413 0.03 

24 1488.46 0.068998 0.07 

25 870.789 0.162783 0.07 

26 216.001 0.021713 0.03 

27 2756.11 0.127992 0.07 

 

 

 

Figure 8.12: Streams by ID. 


























































